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ABSTRACT

Chronic wasting disease (CWD) is a fatal disease of cervid species that continues to spread across North
America and now in Europe. It poses a threat to cervid populations and the local ecological and economic
communities that depend on them. Although empirical studies have shown that host home range overlap
and male dispersal are important in the spread of disease, there are few mechanistic models explicitly
considering those factors. We built a spatio-temporal, differential equation model for CWD spreading
with restricted movement of hosts within home ranges. The model incorporates both direct and environ-
mental transmission within and between groups as well as male dispersal. We compared the relative
influence of host density, sex ratio, home range size, and male dispersal distance on the spreading speed
using sensitivity analysis. We also assessed the effect of landscape heterogeneity, quantified as edge den-
sity, on the spreading speed of CWD because it jointly alters the host density and home range size. Our
model binds the theoretical study of CWD spreading speed together with empirical studies on deer home

ranges and sets a base for models in 2D space to evaluate management and control strategies.

© 2022 Published by Elsevier Ltd.

1. Introduction

Chronic wasting disease (CWD) is a prion-based transmissible
spongiform encephalopath in deer species (cervids) that leads to
a 100% mortality (EFSA BIOHAZ Panel, 2017). The disease is spread
from individual to individual (direct transmission) but also
through the environment (indirect transmission) due to the persis-
tence of excreted prions from saliva, blood, urine, and carcass of
infected hosts (Williams et al., 2002; Williams, 2005; Mathiason
et al., 2006). The latent period of CWD is one to two years, but even
during this period, animals can be contagious and shed prions into
the environment. Populations are expected to decline by 10-21%
when prevalence exceeds 30% in deer species (Odocoileus spp.)
(Edmunds et al., 2016; DeVivo et al., 2017) and elk (Cervus spp.)
population starts to decline with a prevalence of 13% (Monello
et al., 2014). Widespread loss of cervid populations will result in
economic loss to local communities from diminished hunting and
tourism, and could result in major ecological changes influencing
the conservation of biodiversity (Rivera et al., 2019; Escobar
et al., 2020). Because no vaccine is available, management options
for controlling the spread of CWD remain limited with most
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focused on non-selective harvesting targeting males, or removals
of individuals associated with locations of known CWD-infected
individuals (Uehlinger et al., 2016; Mysterud and Rolandsen,
2018; Rivera et al., 2019). The disease continues to spread and is
now reported in free-ranging cervids in 28 states in the USA and
three Canadian provinces (USGS, updated March, 2022), as well
as in isolated areas in Norway, Sweden and Finland. Understanding
which factors play a key role in the speed at which CWD spreads is
important in directing current and future management strategies
to control or contain the disease.

Previous approaches to model the spread of CWD have ranged
from statistical models based on regression and spatial clustering
analyses to models with detailed mechanisms of disease transmis-
sion. Spatially explicit, statistical models estimate risk based on
associated factors such as host type and landscape features
(O’Hara Ruiz et al., 2013; Robinson et al., 2013), and provide valu-
able information to direct surveillance and management (Nobert
et al., 2016), but typically do not lend themselves to making pre-
dictions over time. For this reason, mechanistic models that
include the mechanisms of disease transmission over changing
conditions, are particularly powerful in the prediction of CWD
spread (Michael, 2001; Garlick et al., 2014; Hefley et al., 2017).
Mechanistic models include individual-based models and mathe-
matical/epidemiological models. Individual-based models can pro-
vide more mechanistic realism, such as social grouping dynamics,
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with the flexibility to deal with landscape heterogeneity, spatial
structure, and adaptation (Hammond, 2015), but have high data
and computational requirements (Hammond, 2015; Michael,
2001; Belsare et al., 2020). Epidemiological models that include
population-level dynamics and disease transmission are useful to
assess direct hypotheses about key factors influencing the rate of
disease spread, and may uncover the possible critical factors in
the transmission routes at scales ranging from local to regional
(Potapov et al., 2012; Potapov et al., 2013; Potapov et al., 2016).
For example, Garlick et al. (2014) introduced an averaging method
to efficiently estimate CWD spreading speed in a state scale, based
on population size and ecological diffusion of deer in heteroge-
neous landscapes. Hefley et al. (2017) incorporated the ecological
diffusion into a Bayesian framework to address disease spread,
and found that incorporating a more mechanistic framework into
statistical model outperformed regression and machine learning
approaches. However, these models ignored the fact that a good
portion of deer live in groups, which leads to a higher contact rate
among members of the same group than the contact rate of a pair
of deer from different groups (Merrill et al., 2011).

We use an alternative mechanistic framework that is based on
overlapping home ranges to assess the importance of factors influ-
encing CWD spreading speed. A model using home range on lat-
tices to address ecological processes was first introduced in 1971
by Holgate (1971), and extended to continuous space by Lewis
et al. (1997) and Moorcroft (1997). Since then, mechanistic home
range models have been widely used to study animal movement
and pattern formation of territories (Lewis and Murray, 1993;
Moorcroft et al., 1999; Briscoe et al., 2002; Hamelin and Lewis,
2010; Auger-Méthé et al., 2016). To our knowledge, Reluga et al.
(2006) first introduced the approach to addressing theoretical dis-
ease spread. We adopt Reluga et al. (2006)’s restricted-movement
model into the CWD spreading model, incorporating both direct
and environmental transmission within a group and between
groups as well as male dispersal.

Landscape heterogeneity has been shown to affect deer move-
ment and their home ranges at multiple scales (Adams et al.,
2020; Kie et al., 2002), which affects the encounter rate, and hence,
the spread of CWD, but very few models for CWD have incorpo-
rated home-range structure. Our work builds a bridge between
the empirical studies and mechanistic home-range models that
can be used to examine the relationships between landscape
heterogeneity and disease spread. For example, deer are reported
to respond to woody-cover edge (i.e., the border between woody
cover and other vegetation types) in multiple ways. Edges are pre-
ferred vegetation because they provide a diversity of forages and
thermal cover in close proximity and protection from predation
(Massé et al., 2009; Altendorf et al., 2001; D. Freddy et al., 1985;
Cook et al., 2004). In landscape ecology, edges are the boundaries
between different vegetation types, and edge density equals the

direct
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edge length per unit area (e.g., km/km?; see Appendix J, also).
Higher edge density is correlated with smaller home ranges, and
also supports a larger deer density (Adams et al., 2020; Walter
et al,, 2018; Plante et al., 2004), both of which may be associated
with disease spread (Habib et al., 2011). Including the home range
structure and the effects of landscape features on home range sizes
offers an opportunity to make use of data from empirical studies
and provides a means of identifying areas with higher spread
potentials and evaluating management or control strategies for
CWD through manipulating edges.

In this paper, we present a CWD spread framework that is based
on a spatio-temporal system of coupled differential equations and
incorporates a home-range structure (Reluga et al., 2006;
Moorcroft et al., 2006) and dispersal across home ranges. In our
model, deer share space with the members of their group, so the
within-group space use influences within-group contact; deer
from different groups may have overlapping home ranges, which
determines the frequency of between-group contact. Infectious
hosts spread the disease by direct contact or by shedding the pri-
ons to the environment, which hosts are exposed to within over-
lapping home ranges. By incorporating these features, we are
able to project disease spread over relatively large spatial areas
through both direct contacts with an infected individual (within
a group or from another group) as well as exposure to prions
through the environment.

Below we first present model components to build a one-
dimensional framework (Fig. 1), followed by numerical simula-
tions of spreading speed under a specific arrangement of groups,
which inspires our derivation of a spreading speed formula for
the disease. We deduce the spreading speed of the disease from
the minimum possible traveling wave speed, based on a lineariza-
tion about the leading edge of the spreading disease. We then illus-
trate the relative influence of host density, sex ratio, home range
size, and male dispersal distance on the spreading speed using
local sensitivity analysis, first when factors are assumed indepen-
dent from each other; and second, when we simultaneously
change host density and home range size by altering edge density.
Finally, we describe an ongoing future work that extends this
model to 2D space , which can enhance our understanding of the
driving factors of CWD spread and assess various harvesting
strategies.

2. Model

We construct a model based on grouping individuals within
home ranges, with the dispersal of males between home ranges.
We include disease transmission within and between groups and
derive a system of coupled ordinary differential equations for the
disease spread.

environmental

S;(t) Z 11, (t) BjuNi, + S5 (t) Z Hy(t)¢ju N
% e

Fig. 1. An illustration of direct and environmental transmission between different components in the model. Male dispersal is not shown here.
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2.1. Grouping structure and home ranges

We structure the population such that deer live in groups and
that groups are distinguished as either male or female groups
(Mejia Salazar et al., 2017). If we assume that there are an equal
number of male groups and female groups, then it is possible to
determine the number of individuals in a group from the deer den-
sity and population sex ratio in a simulation. This approach is used
in simulations in Section 3. The number of deer in a group (i.e., the
group size) is assumed to remain unchanged over time, a simplifi-
cation reflecting the assumption of a stable population density.
Groups are located discretely in one-dimensional space. Individu-
als in each group have a spatially distributed symmetric home
range around a location, x; (see Fig. 2), which creates the possibility
of overlapping home ranges between groups. The probability dis-
tribution for spatial use by each individual in a group is given for
each group, and the location of one home range does not influence
another. Within home ranges, the probabilistic distribution in
space is the same for all individuals in a group. It is assumed to
result from two balancing processes: random motion and a direc-
ted motion towards a given location, i.e., the center of the home
range (see Section 2.2). The frequency of pairwise interaction
among individuals within the same group is then determined by
the probabilistic distribution arising from these processes. The
between-group pairwise interaction is determined by both the dis-
tance between the location of the home range centers and the
probabilistic distribution of individuals within a home range.

2.2. Home range based on a restricted movement model

Restricted movement within a home range. Suppose a group of
deer move around a center x;, and the distribution of deer space
use within a home range results from restricted movement, which
includes a random motion with diffusion coefficient D and a direc-
ted motion towards the center with speed c (Reluga et al., 2006;
Moorcroft et al.,, 2006). The steady state distribution of a deer
group is

u(x) = Nu(x), (1)
where N is the group size, and u(x) is the probabilistic distribution
of a deer in this group, with

u(x) = g exp(—blx —xj|), (2)

0.8
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Fig. 2. Distribution of groups over space when we assume the same number of
male and female groups. Red is for female group distribution, and blue for male.
Here, there are seven female groups and seven male groups. Male groups are
located around the same seven locations for female groups. The distance between
neighbouring groups is set to Ax =5 km, and the home ranges are determined by
by = 1km?yr—1, by = 1.4979km’yr-1.
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where the relative strength of directed motion is b=§ (see
Moorcroft et al., 2006, page 31).

When the relative strength of the directed motion b is
unknown, it can be related to the size of the home range. The
relationship between the parameter b and the radius of the
95% home range, r, comes from Eq. (2). We use the radius here
in 1D to mean the distance from the home range center to the
edge of 95% home range. A 95% home range corresponds to the
relation

r

095 = b exp(—b|x|)dx, (3)

—r

which gives us

2.3. Direct and environmental transmission within and between
groups

We assume that infectious hosts (I) spread the disease by direct
contact with susceptible hosts (S) or by shedding the prions to the
environment (H), which susceptible hosts (S) can pick up from
overlapping home ranges (see Table 1 for notations, and Fig. 1).

We also assume there are multiple groups, each with a different
home range location, so that group j is centered around home
range center x;. Based on the steady-state distribution, we derive
a model for both sexes without considering dispersal (see Appen-
dix A for derivations). We will consider male dispersal in the next
section. The proportions of susceptible S;(t) and infected I;(t) hosts
in group j, and the average group-j per-individual shedding
amount of prions H;(t) (that is, the total prion amount shed by a
size-N; group is H;N;) obey the following ordinary differential
equations (ODEs):

Table 1
Notations (s represents sex, f for female, m for male. In general cases for both sexes,
we omit the s superscript in the notations.)

Notation Description
F the number of female groups
M the number of male groups
Ng the group size of sex s
X; center of home range for group j
Ax distance between the centers of neighbouring groups
bs relative strength of directed motion compared with the random
motion of sex s
c1,C parameters determining the male dispersal
B the basic direct transmission rate
¢ the basic environmental transmission rate
o the rate at which prions are excreted
) the degrading rate of prions from environment
uj(x) the probability density of group j of sex s
Ny the number of individuals in group k of sex s
Sj(t) the proportion of susceptible individuals in group j of sex s
I]‘-(t) the proportion of infected individuals in group j of sex s
Hf(t) the amount of prions shed from group j of sex s
1)’]$k direct transmission rate from group k to group j of sex s
j}’ direct transmission rate from sex-y group ¢ to sex-x group j
¢;"3’ transmission rate from prions shed by sex-y group k to sex-x
group j
i transmission rate from prions shed by group k to group j for sex s
Hik the coefficient of pairwise encounter rate
ejk the rate of male dispersal from group k to group j
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510 = SO IHOBN: ~ SO T HO M 5)
k

d (O S OBy +5(0 3 Hel01Ne (6)
d :

g () = od;(€) — oHy(t), (7)
where

Bit =Bl (8)
P =P Lk, 9)
o= [ oz (10)

where we call g, the coefficient of pairwise direct effective trans-
mission, ¢; the coefficient of pairwise environmental effective
transmission, and g the pairwise encounter rate. Note that j = k
indicates transmission within a group, and j # k indicates transmis-
sion between groups.

2.4. Dynamics of male groups with dispersal

In addition to the random motion and directed motion of indi-
vidual group members within each home range, which is used to
derive the steady-state distribution in Eq. (2), the male distribution
among groups is modified via dispersal between groups. We use
N;(t) to denote the number of deer in group j, and use ej to denote
the rate at which males in group k disperse to group j. For M male
groups, the change of group size is given by

d M M

Nit)= > exNe— Y eyN;. (11)

qr Y
dt k=1,k#j k=1,k#j

The system can be written in the following matrix form,

N(t) = EN(t), (12)
where
_ o _
- Z €1 €12 €1m
k=1, k=1
M
€21 - €k2 €2 m
E= k};ﬁ (13)

MZ
- Z €xm

k=1,k=M

em1 em2

Note: Z',LE,G =0forj=1,2,...,M and ey > 0. The total num-
ber of males remains constant because

Zdtj =0, (14)

so S Nj(t) = 3", N;(0) = K, where K is the total number of males.

If we divide the equations by K, the system (11)-(12) corre-
sponds to a Continuous Time Markov Chain (CTMC) (see Appendix
G). Because males can disperse between each pair of male groups
and there are a finite number of groups, the system corresponds
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to an irreducible and finite CTMC, that is, a positive recurrent
CTMC. Therefore, there exists an equilibrium solution N* satisfying
EN" = 0 which is the limiting probability distribution (see Pishro-
Nik et al., 2016, Section 11.3.2). Thus

lim N;(t) = N;. (15)

t—-+o0 7

We assume the male distribution is at equilibrium and we drop
x in the following sections to simplify the notation. For the special
case when the dispersal is symmetric between groups, i.e., e, = ey;,
we can verify the existence of a uniform equilibrium by substitut-
ingN* = (& K K. K)into the system (12). That is, the number 0
is an eigenvalue of E with the corresponding eigenvector
(1,1,1,---,1). All other eigenvalues have negative real parts. This
can be proved by the direct application of the Gershgorin circle
theorem. That is to say, the spectral abscissa (i.e., the largest real
part of the eigenvalues) of E is zero. Furthermore, with the given
total number of males, the solution to EN = 0 is N*.

2.5. Full model in finite domain

Assuming there are M male groups and F female groups, we
combine the transmission model (see Fig. 1) and male dispersal
to obtain the full model as follows:

d

F
&5 =~ JOX (RO + Hi )N,
M
fsf()z( OB+ HI'(t) ¢§"“) (16)
q=1
d F
Z(Ii o+ HLO N,
=1
M
G )Z(l’”( o HI (¢ ¢jm) (17)
q=1
%ij.(r)f F(t) — oHL (1) (18)
F
;tsg’( ) == SO (KO8 + Hie)o5) )V,
k=1
M
- s;"(t)z(Ig"(t)ﬁ;"q + H;"(t)¢;;)N;"
q=1
+ Zepqs;”(t)N'; =S (ON) "eqp, (19)
q#p q#p
d -
dt” k 1{< +Hf )¢,,;{>N];
M
+57(0) Z( )5 + Hy (05, )Ny
q=1
+ Zepq q q - Ig(t)NgZeqpv (20)
q#p q#p
%H?() —al™(£) — SHI(), (21)

where superscripts f and m on variables denote the sex as described
in Table 1,
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j=1,2,---F, 22)
p=1,2,---.M, 23)
o =Bty (24)
g =0y (25)
l‘;[m =/R Uf(é)uq’"(i)dé (26)
By =By 27)
Pt =DMy (28)
ik :/Ru;"(é)ulf((é)dé, (29)
Bie =Bl (30)
Dj =DM, (31)
i = [ oupceae, (32)
s=f.m. (33)

with initial conditions:

S(0) =S K(0) = F o H[(0) =, for j =12, F, (34)

1,007
SI(0) = I, I7(0) = 7, HI'(0) = H'y, for p=1,2,--- .M. (35)
For the male dispersal rate ez, we assume an exponentially

decreasing rate function
€gp = €pg = C1 €XP(—C2AX|p — q}), (36)

where c; denotes the magnitude and c, denotes the drop off with
distance. Note that the rate of dispersing deer is the product of
the per capita dispersal rate and the number of deer. When per cap-
ita dispersal rates are the same in both directions, the sizes of two
deer groups can change if the groups begin with different sizes.
However, the sizes of the two groups remain the same if they start
with the same size, because they “exchange” the same number of
deer per time unit. Although denoted distinctly by N!', here we
assume the male groups are of the same size, which is later simpli-
fied to N,,. We present a more general model in Appendix H, where
we track the number of hosts in the group instead of their propor-
tions allowing the group sizes to be different.

2.6. Model in the infinite domain

In the infinite domain, the indices for j and p run from —oo to oo,
i.e., they are integers Z (see Eqs. (16)-(21)). For male groups, we
restrict ourselves to the case where the per capita dispersal rate
matrix E is symmetric and we assume that male group sizes are
at the uniform equilibrium in the infinite domain, N*. Similar to
the existence of a uniform equilibrium solution in the finite
domain, we substitute the uniform equilibrium solution in the infi-
nite domain into the version of the system (12) expanded into the
infinite domain. For a given group j, the movement to any other
group k balances out with the movement from that group k, so
the existence of the uniform equilibrium solution with respect to
male dispersal is guaranteed. The initial conditions are as follows:

S/(0) =S, £(0) = F ), H[(0) = H,,, for j € Z, (37)
S™(0) = Sy, I7'(0) = [T, HY'(0) = HYYy, for p € Z. (38)

2.7. Equilibrium

Here, we calculate equilibrium solutions for the spatially uni-
form problem (where each node is identical). On the finite domain,
when the male groups are of a constant size (i.e., Ny = Ny for
qg=1,2,---,M) and the dispersal matrix E is symmetric, we can
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obtain two equilibria by letting the right-hand side of Eqgs. (16)-
(21) be zero. The female group sizes do not have to be the same.
Note that, although looking complicated, the right-hand side of
equations for Sj(t) decreases with I; and Hj, the right-hand side
of equations for [;(t) increases with I} and Hj. We obtain the
disease-free trivial equilibrium as follows:

S =11 =0,H =0,forj=12, F (39)
S’ =1,I'=0,Hy =0,forp=1,2,---,M. (40)

The other trivial equilibrium with disease is:

3. Spreading speed

The spreading speed for our system is the speed at which ini-
tially localized infection data will spread spatially, asymptotically
in time. In other words, a moving reference frame traveling out-
wards from the initial infection at a speed faster than the spreading
speed will eventually see no infection, while a moving reference
frame traveling outwards from the initial infection at a speed
slower than the spreading speed will eventually encounter the
region of established infection. Spreading speed calculations nor-
mally require spatially homogeneous environmental conditions
for the disease to spread into (but see, for example, Garlick et al.
(2014)). Recall that, in sections 2.6 and 2.7, we required male
groups to be of the same size. In this section, we put more restric-
tions and choose a special spatial arrangement of groups: we
assume an equal number of female groups and male groups evenly
spaced, with the home range center of a female group as the home
range center of a male group and distance between the centers of
neighbouring groups is set to the same, denoted by Ax. Female
groups are of the same size Ny, and male groups are of the same
size N;,,. We choose such an arrangement as a reasonable example
for which we can consider the spreading speed of the disease into a
spatially homogeneous population.

We take two approaches to the spreading speed, one computa-
tional and the other theoretical. The computational approach
approximates the spreading speed in a finite domain using numer-
ical simulations where there are a finite number of groups. Then,
we turn to the case of the theoretical spreading speed, which is
applicable to an infinite spatial domain and with an infinite num-
ber of groups. The theoretical approach follows the classic theory
of spatial systems with linearly determined spreading speeds
(Lewis et al., 2016). It focuses on the rate of spread of the disease
at low disease prevalence found at the leading edge of the disease
invasion, and uses a linearization approach. The relationship
between the traveling wave speed c and wave steepness s, referred
to as a dispersion relation, is calculated for the linearized problem
and then the spreading speed is given as the minimum speed for
the traveling wave solution, minimized over all possible wave
steepnesses (Lewis et al., 2016). Although this approach is widely
used in theoretical biology (Kot et al., 1996; Lin et al., 2003;
Lewis et al., 2006; Lee et al., 2008; Maidana et al., 2008; Lewis
et al.,, 2018), our approach is informal in that, in this paper, we
do not prove rigorously that minimum traveling wave speed for
the linearized system yields the spreading speed for the nonlinear
system. We leave this for later work. We do, however, compare the
theoretical predictions to the numerical approximations over a
range of model parameter values.
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Fig. 3. The infected fraction of hosts in female and male groups (upper panel) and
environmental prions shed by females and males (lower panel). Different colors of
solid curves shows the status of infection at time 0.2479, 11.6804, 30.1797, 49.6260
and 75.0642 ordered from the middle to the sides, and black dashed curve near
them are for male groups at the corresponding time. Parameters are set to
p=0.0326yr ', ¢ =0.787mass 'yr!, Nm =2, Ny =4, b = 1km?yr1,
by = 1.4979km’yr!, ¢; =02, Ax=1km, a=0.111yr', § =2.55yr . Most of
the parameter values are chosen based on previous studies (see Table C.1), and
others are estimated.

Infected (1)
o
o

0 X . ’ ’
0 50 100 150 200 250 300 350 400 450
Space(km)
0.04
]
72
3 0.02
ay
0 : .
0 50 100 150 200 250 300 350 400 450

Space(km)

Fig. 4. The traveling wave of infected fraction of hosts in female and male groups
(upper panel) and environmental prions shed by females and males (lower panel) at
time 0.2759, 9.4582, 24.4005, 40.6578 and 57.3946. Red solid curves are for female
groups, and blue dashed curves for male. The infection is introduced to four male
groups and four female groups near the origin. Parameters are set to
B =0.0326yr 1, ¢ =0.787mass 'yr!, Nm =2, Ny =4, bm = 1km?yr-1,
by = 1.4979km’yr!, ¢, =02, Ax=1km, o=0.111yr!, §=255yr! (see
Table C.1).

3.1. Numerical simulations

First, we illustrate the spread of CWD that would be expected
via numerical simulations on a finite domain, where the spreading
speed is numerically approximated. Appendix E provides an exam-
ple of the numerical simulation of spreading speed.

In these simulations the 95% radius of the home range r is used
to determine the parameter b that is needed in the calculation of
the home range overlap via Egs. (2) and (10). For females we
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400 |

300 |

Space(km)
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04 ‘ - :
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Time
Fig. 5. The spatio-temporal spread of disease. Red triangles are for female groups,
and blue stars are for male groups. For example, a red triangle placed at (x,y) means
the infected fraction of the female group at location y reaches a threshold (in our
case, we set the threshold to 99.99% - other thresholds can be used but the
computation of speed will not change much) at time X. Points along the dashed line
are used to compute the spreading speed, which is the slope of the dashed line.
Here, the spreading speed is approximately 6.9635 km/yr. Parameters are set to
B =0.0326yr ', ¢ =0.787mass 'yr ', Nm =2, Ny =4, by = 1km?yr-1,
by = 1.4979km’yr!, ¢; =02, Ax=1km, o=0111yr"', §=255yr' (see
Table C.1).

choose a 95% radius of ry = 2, which gives by = 1.4979 via Eq. (4)
and for males we choose a 95% radius of r, =3, which gives
bm = 0.9986 via Eq. (4). by > b, means male groups have a larger
home range size (see Fig. 2). For a special case that CWD is intro-
duced to the origin where both the female group and the male
group located near the origin are infected, CWD spreads out to
other places around the origin in a wave-like pattern (see Fig. 3).

To make it easier to obtain an approximation of the spreading
speed numerically, we look at the case where the disease starts
from one the left side of the domain (near the origin point on the
left, see Fig. 4) where deer in four female groups and four male
groups near the origin are all infected. We use the simulated infec-
tion levels of each group and the time of infection to compute an
approximated spreading speed (Fig. 5). For each male and female
group, which we track separately, we record the time at which
the infection fraction of the group reaches 99.99%, relative to the
locations where each group centers around. We choose 99.99%
for convenience, but other thresholds will not change the outcome
because the shape approaches a traveling wave as time goes on.
Then, as there are both a female group and a male group for each
location and we track them separately, we decided to record the
time of the group that reaches the threshold later in time (in our
case, it is the male group most of the time). Finally, we use the mid-
dle section of the points to fit a straight line where the least square
slope of the line approximates spreading speed.

3.2. Deriving the spreading speed analytically

Because computations of the spreading speed with a large set of
parameters are time demanding, we also provide the analytical
approach as a means to obtain the spreading speed from traveling
wave, considering the system on the infinite domain. Then, we
rewrite the system as follows, using j, k as indices of females, and
p, q for males:
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950 =-50S (Fo)s, + Hug )N,
k=—c0
S S (IO + H O] )N 3)
q=—00
%ij (t) =S/ (t) i (KO8 + Hi©) g )N;
k=—o00
+5(6) i (Ig(r)ﬁfg" +HM0) j;”>Nm, (44)
g=—o0
%ij. (t) =a () — oH/(t), (45)
dspy=—s10 > (LB + Hoo N
k=—00
sy (17 (©) By + Hy (©)3 )N
q=—0o0
+> epeSy (ONm — Sy (E)Nm > _eqp., (46)
q=p q=p
d o0
T O =80 > (KO8 + HOs N,
k=—o0
G (17 (€185 + Hy (6)9 ) N
q=—0o0
+> el (HNm N> _eqp, (47)
d q#p q#p
g (6) =o' (6) = SH'(0), (48)
jez,pez, (49)
where
ﬁjf? _ﬁfm Ja> (50)

¢y =" ]Z% (51)
Wy = [ (52)

Bt ﬂ'"fupw (53)
ol =™ 1 (54)
il = [ upnferae, (55)
ﬁjk :ﬁsﬂ;kv (56)
b =01 (57)
o= [ wupcerae, (58)

s=f,m. (59)

Note that the Eqs. (43)-(48) are different from Eqs. (16)-(21).
The space is extended to infinity in this model, and the group sizes
of each sex are equal, Ny for females and N,, for males.

3.2.1. Pairwise host encounter rates

The pairwise host encounter rates (see Egs. (52), (55) and (58))
are essential for transmission. To obtain these rates from the inte-
grals, we first recall that the probability density of group j is
uj(x) = %’ exp(—bjlx —x;|). Then, we substitute the probability
expressions of u;(x) and u(x) into Egs. (52), (55), and (58). We
assume groups of the same sex have the same b value, so the pair-
wise encounter rate between two same-sex individuals from dif-
ferent groups j and k (Egs. (52) and (55)) is simplified into

m _b xj|)b) exp(~b

T y (1 + (|X}< — (‘Xk —Xj‘)). (60)
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For a female and a male from different groups j and k, the
encounter rate (Eq. (58)) is

= < (~by exp(—bi (xi — %)) + brexp(—b; (xc — x,))).

o)
1)

In the special case of (61), when these two individuals have the
same home range center, the encounter rate is simplified into

b;b
fimjmf ___ Zi%k 62
%o 2(bi+ by ©2
In Egs. (60)-(62), parameters b, b;, and b, take the value of by for
females and b,, for males. (See Appendix I for derivations of Egs.

(60)-(62).)

We can obtain the effect of changing the home range size by
using Eqs. (4) and (60)-(62), e.g., if the home range radius of female
groups is 3 km and group j and group k is 5 km apart, then by ~ 1,
which means the pairwise between-group contact rate is

,ujfk ~0.01 and the pairwise within-group contact rate is
'“1[1' = 0.25; if the home range radius of female groups is 2 km and
group j and group k is 5 km apart, then by ~ 1.5, which means
the pairwise between-group contact rate is yjfk ~ 0.002 and the

pairwise within-group contact rate is pcjfj =0.375.

3.2.2. Boundary conditions and initial conditions
The natural boundary conditions for the model on the infinite
domain are:

lim S/(t) = 0, lim F(t) = 1, lim H}(t) =, (63)
j~> o0 J——00 J—— ()

m : m _ : m _ g
Jim 57'(6) = 0, lim [7(6) = 1, lim Hy'(t) = <. (64)
11me (t)= 17111113@ ()= 07}Ln;H§ (t)=0, (65)
;Lngosm( )= 1. lim1(6) = 0, imHy'(£) = 0. (66)

We do not need the initial conditions to obtain the spreading
speed analytically, but, for completeness, we list them here as
follows:

§/(0) = 8. 1 (0) = £y, H/(0) = H] ,, forj € Z, (67)
SM(0) = Sy, I7'(0) = I7, HI(0) = H™,, forp € Z. (68)

3.2.3. Linearization
We linearize the system around the disease-free equilibrium by
substituting the following into the system:

S=1-S,I=1,H=H, (69)
and keep only linear terms. Note that there is a negative sign before

S, where S represents the lost fraction of the susceptible hosts due

to initial infection. For illustration only, a simplified ODE for S looks
like

=—(1-9)

dﬁ Z(’ﬂ + fw)N + Z(iﬁ + fﬂ/))N] (70)
k q

{ 18+ HY)N+ > (18+Ho)N

q

(71)
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For simplicity, we use S to denote S in the following (as well as
droping the tildes on I and H). As the original ODE for pairs of S and
I sum to a constant, we only keep the ODE of [in the following. So,
we obtain

Gh0 =3 ({0 + HOd )N+ S (08 + H 04 )N

k=—o00 q=-00
(72)
d
aH{ (t) = (t) — oH (1), (73)
d o0
G O= 5 (RO O N+ Y (I7O85+H (05 )N
k=—o0 q=—o0
+Zepqlz1(f)Nm Nmzeqw (74)
q#p q#p
d m m m
dth( ) =ady (t) — SHy'(t). (75)

3.2.4. Spatially homogeneous infection dynamics

For the disease to spread spatially when introduced locally we
require that CWD will grow when introduced into an uninfected pop-
ulation in a spatially homogeneous manner. The condition for infec-
tion growth is equivalent to the condition under which the trivial
equilibrium [0,0,0,0]" for the spatially homogeneous system is
unstable. That means the Jacobian matrix evaluated at the trivial
equilibrium should have at least one eigenvalue with a nonnegative
real part. Now we revisit our model in Egs. (72) and (75) and assume
homogeneous infection and prion levels, so that we obtain

%If < Z Bl +H (t) ki%) Ny

+< )3T HY S ,{;’)Nm, (76)
g=—00 g=—00
L (t) =l (t) — SH (t), (77)

dt

dpn

a" ( S+
n (Im(t) i B+ H™ (1)

kz (bpk )
§:¢$)Nm

— q——o0
+Im(t)NmZepq - (t)NmZeqm (78)
ap ap
%H"’( £) —al™(t) — SH™(¢). (79)

As we assume symmetric dispersal, i.e., e;, = ey, the dispersal
terms cancel in the I"(t) equation, leading to the following system:

dilf ( R;OﬁkarH kzgodk>1vf

+( Z o+ H"(t i j;">Nm, (80)

q=—00
4 py (t) =al (t) — 5H (1), (81)
dimey = <1f<r> YVARTIODS ¢>p,(>
k=—00 k=—
+ <Im<t> S BLH DY ¢;;11>Nm, (82)
g=—00 g=—00
d

" (©) =ad™ () = 3H™ (0). (83)
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We rewrite the system into the matrix form in the following:

F(b) F(t)
dVH@©) |y |HO 84
dt |t m(t)
H™(t) H"™(t)
where W = (wy) is
Nfémﬁ,fk Nféw#k quixﬁ]fgl qu;x m
“ = U U (85)
N B N X O N 3 B N 3
0 0 o -0

Note that wy, > 0 for j # k, i.e,, all the off-diagonal entries of W
are nonnegative, so W is a Metzler matrix (see, e.g., Ngoc, 2006).
Using the properties of the matrix exponential and Gronwall’s
Inequality (Gronwall, 1919), we show that the trivial equilibrium
is unstable in Appendix B.

3.2.5. Traveling wave ansatz

We consider traveling wave solutions to the linearized system
(72)-(75). Because the system is linear we write the traveling wave
solutions in the following form (exponentially decaying traveling
wave ansatz):

= K; exp(—s(jAx — ct)), (86)
H] = K, exp(—s(jAx — ct)), (87)
I} = K3 exp(—s(pAx — ct)), (88)
Hy' = Kqexp(—s(pAx — ct)), (89)

where the parameters K; (i = 1, 2, 3, 4) are constants, s determines
the shape of the traveling wave solutions and c determines the
speed. Our goal is to derive a dispersion relation between c and s
for this traveling wave problem (¢ = c(s)) and then to equate the
spreading speed with the minimum possible traveling wave speed
(mingc(s)).

We first substitute the above form of solutions into Egs. (72)-
(75), and obtain equations for constants K;:

csKy =Ny (ﬂf Ki+¢ 1<2)Lf (ﬁfmk3 + ¢fm1<4>Lfm 5), (90)

csKy =0k — 0K, (91)
esks = Ny (B"Ky + ™Kz )L (5) + Nu(B"Ks + ¢"Ko )Ly (5) @)
csKy =0K3 — 0Ky, (93)
where
L (s) =exp(sjAx) Y 1) exp(—skAx), (94)
k=—c
Lf"’ (s) =exp(sjAx) Z jg‘ exp(—sqAx), (95)
q=-—0o0
L7 (s) = exp(spAx) Z 15 exp(—skAx), (96)
k=—oc
Lg’ (s) =exp(spAx) Z ,u,’]; exp(—sqAx), (97)
g=—00

T3 (s) =exp(spAx) > "epq eXp(—SqAX) — > egp. (98)

qa#p q#p
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Eqgs. (94)-(98) can be simplified using the formula for a geomet-
ric series (see Appendix D). Thus, we obtain a system of the con-
stants K;

¢
K
A =0, 99
K3 ’ (99)
Ky
where A is
NBL(s) —cs Ni@'L(s)  Nuf™L"(s) NudL"(s)
& —0—CS 0 0
N (s)  Neg™LY(s)  ass Nmg™(s) |’
0 0 % —d—¢s

(100)

with as3 = N "L (s) + NJ, (8) — cs.

In order to make sure the traveling wave solutions are non-
trivial, a non-zero solution of K; needs to exist, which means
det(A) = 0 must hold. Then, the implicit relation between s and ¢
is obtained from det(A) = 0. Once we obtain an expression of c in
terms of s, the minimum value of c is the spreading speed.

3.2.6. Calculating the spreading speed mathematically
We revisit the matrix in Eq. (100), and rewrite it as

1 000
~ 0100
A=A—- 101
“lo o1 0| (1o1)
0 0 01
where A is the following matrix:
NHL(s)  Ng/L'(s)  Nwf™E™(5) Nmd/"L™(5)
o -0 0 0
NeBYL™(s) Ny™L™(s) NmB"L™(5) + NuJ"(5) Nmo™L"(5)
0 0 o -0
(102)
Then the problem of det(A(c,s)) = 0 can be turned into
det(?\(s) - csl) -0, (103)

where cs is the eigenvalue of the matrix A. In the meantime, Eq. (99)
is equivalent to

(K(s) - csI)K -0, (104)
or,
A(s)K = csK, (105)

so that cs is the eigenvalue ofﬁ, and the vector 1? = [I<1,I<2,I(3,K4]T
is the associated eigenvector.

Theorem 1. The matrix A in Eq. (102) has the following properties:

(i) there exists a positive real eigenvalue A that is associated with a
positive eigenvector ;

(ii) this eigenvalue /. is simple and is the spectral abscissa of A;
(iii) there are no other positive eigenvectors other than the vector 7
and its positive multiples.
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Proof. We rewrite (102) as
a1 G2 13 Oig
«a -6 0 O

a31 03y 033 d3g
0 0 o =9

7 (106)

where

an =N (s), (107)
an = N/ I (s), (108)
a3 = Ny MM (s), (109)
14 = Np™L™(s), (110)
asy = NeB™L™ (s), (111
aso = Npg™ L™ (s), (112)
as3 = N L™ () + NJ"(s), (113)
34 = Np™L™ (). (114)

Because all the a; values are positive and o, é > 0, we can use a
similar method used at the end of Section 3.2.4 (see Appendix B) to

prove that the spectral abscissa y(?\) is positive. Note that all the
off-diagonal entries of A are nonnegative, so A is a Metzler matrix

(see, e.g., Ngoc, 2006). We use the properties of Metzler matrix to
justify the rest of the proposition.

We first translate A to a nonnegative matrix by adding a
positive multiple of identity 5I. A simple calculation shows
~ 2 ~
(A +51) >0, and so A + 4l is a primitive matrix (Meyer et al.,

2000, (8.3.16)). By definition, a primitive matrix is nonnegative and
irreducible (Horn et al., 2012, Definition 8.5.0). By the Perron
Frobenius theorem for irreducible and nonnegative matrices (Horn
et al., 2012, Theorem 8.4.4), there exists a simple positive

eigenvalue for (7\ + 51) that is equal to the spectral radius
p(?\ + 51), and the associated left eigenvector and right eigenvec-

tor are both positive. Because A +dI is primitive, all other
eigenvalues have smaller modulus (Horn et al., 2012, Lemma
8.4.3). Therefore, we have

(E+51)D:p(2\+51)a, (115)
that is,
ﬁD:(p(AJrOI)f(S)U (116)

Hence, the Metzler matrix A has a simple eigenvalue
y(?\) = p(;\ +<SI) — § (Hinrichsen et al., 1998). Because we have

subtracted delta from the spectral radius of A+l y(?\) may not
be the spectral radius of A. However, it yields the spectral abscissa
of A, y(?\). The associated eigenvector of A is the same as the eigen-
vector of A + 61, so the entries of the eigenvector associated with
1/(ﬁ) are positive. O

By now we have shown that the spectral abscissa of the matrix
A(s) exists and is a positive and simple eigenvalue, and its corre-

sponding eigenvector is positive. Hence, ¢ can be expressed in
terms of s following Eq. (105):

c(s) = %VF\(S)], (117)
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The spreading speed is expressed as the minimum value that
c(s) can attain:

min(57[A])

where Q = (0, min {by,, by, c;}). Although we can simplify the series

(118)

in A (see Appendix D), it is hard to obtain the analytical expression
of the spreading speed explicitly. Therefore, we minimize Eq. (118)
numerically to calculate the spreading speed.

3.2.7. Local sensitivity analysis

Many of the parameters have a positive effect on the spreading
speed, but their relative importance is not clear. In sensitivity anal-
ysis (Saltelli et al., 2004), we use ¢ to denote the sensitivity of the
spreading speed (y) in response to the perturbed parameters. Here,
we look at the local sensitivity, for example, we perturb the prion
shedding rate o, around a nominal value, ooming = 0.111, by 1%;
then we evaluate the spreading speed at the nominal value and
the new value of o with all the other parameters kept the same;
then we compare the relative change of spreading speed to the rel-
ative change of o by taking a ratio:

_ ( new _ynominal)/ynominal

(anew - anominal)/anominal
_ (y(] 01 =« fxnominul) — y(“nominal))/y(anominal)
B (1 01 Olnominal — OCnominal)/anominal '

o (119)

(120)

Note: ¢ = 1 means the spreading speed increases by 1% when «
increases by 1% from the nominal value; ¢ = 2 means the spread-
ing speed increases by 2% when o increases by 1% from the nom-
inal value. Larger absolute value of ¢ means the output is more
sensitive to the change of parameter, i.e., the parameter has a lar-
ger impact on the output, which is the spreading speed in our case.

3.2.8. Multiple parameters: edge effects on deer home range size and
deer density

Recall that edge density is a metric of landscape heterogeneity
(see Appendix ]). Here we examine the effect of edge density on
the spreading speed when the home range size and deer density
are affected by edge density at the same time, as an example of
how our model could be used to assess the effect of landscape
heterogeneity in 1D space. Once we extend the model to 2-
dimensional space (in preparation), this application will be more
meaningful. Empirical studies found that the natural log of home
range size is negatively correlated with edge density (Walter
et al., 2018), and deer density is positively correlated with edge
density (Plante et al., 2004). We choose parameters to match the
range of home range size (in 2D) and deer density in (Merrill
et al., 2011). The 95% home range in 1D space is assumed to be
equal to the diameter of the home range in 2D, using the following
relationships:

[home range size in 2D] =exp(3 — 0.01 x [edge density]),

)i, (122)

We assume a linear relationship between deer density and the
edge density:

(121)

[home range size in 2D]
hus

[home range size in 1D) :2<

(123)

Group size is shown to change with deer density, so we use the
result by Habib et al. (2011):

In(group size) = 1.206 + 0.250 In(density).

density = 5[edge density] + 1

(124)
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4. Results
4.1. Numerical vs. analytical-based spreading speed

Under the specific conditions of deer distributions, grouping
assumptions, and the default parameters, the numerical simulation
result of the spreading speed of 6.9635 km/year is close to the ana-
lytical result of 7.3201 km/year (Fig. 6). Further comparisons
between the theoretical and numerical spreading speeds are given
in Fig. 6. Because of the limited span of space and time we used in
the simulations and the spatial edge effect, the numerical simula-
tions consistently underestimated the spreading speed, which is
asymptotic in time and assumes infinite space.

4.2. Effects of a single parameters on the spreading speed

We categorize the parameters of interest to us into two sets for
easier reference. The first set of parameters includesthe direct
transmission rate, the environmental transmission rate, the prion
shedding rate, and the degrading rate of prions, which are directly
relevant to CWD. We refer to them as parameters relevant to the
disease in the following. The second set includes deer density,
group sizes, home range size, dispersal distance of males, and the
male-to-female sex ratio. Because those parameters exist for a
disease-free population, we refer to them as the set of parameters
relevant to the population in the following.

We first assess the effect for the set of parameters relevant to
the disease. As expected, we found that 8, ¢, and o have a positive
effect on the spreading speed, whereas an increase in the rate of
prion degradation in the environment has a negative effect
(Fig. 6). Among this set of parameters, the spreading speed is most
sensitive to the direct transmission rate, whereas increasing the
direct transmission rate from 0.0326 yr~—! by 1% will increase the
spreading speed by 0.2842% (Table 2). Environmental transmis-
sion rate, prion shedding rate, and prion degrading rate have com-
parable although smaller sensitivities (0.2457%, 0.2457%, and
—0.2012%, see Table 2).

As for the set of parameters relevant to population, we found
that increasing any of them had a positive influence on the spread-
ing speed (Fig. 7). Among all the parameters, group size (which
affects deer density) and mean dispersal distance of males had
the largest impact on spreading speed (see Table 2) when all other
parameters were held constant at the nominal value. Increasing
the group size from Ny =4 and N,, =2 by 1% (i.e., deer density
increases by 1%) speeds up the spreading speed of CWD by
0.956%, whereas increasing the number of groups (group density)
by 1% (i.e., deer density increases by 1%) speeds up the spread by
0.3598% (Table 2). Increasing the mean dispersal distance of males
from 5 km by 1% speed up the spread by 0.9809% (Table 2). Per-
turbing the sex ratio by 1% around 0.5,0.2 and 0.1 leads to similar
changes in the spreading speed (0.3982%,0.4220%, and 0.3869%
respectively, see Table 2). Influences of home range size on spread-
ing speed were greater when home ranges were large. For example,
when the female home range radius is fixed, perturbing the male
home range radius by 1% around 3 km barely changes the speed
(—0.000092%), but perturbing the male home range radius around
20 kmchanges the speed up to 0.3656%. Appendix F provides a
brief note for the inputs and procedure of the mathematical calcu-
lation of spreading speed.

4.3. Effect of edge density

Here we examine the effect of edge density on the spreading
speed when the home range size and deer density are affected by
edge density at the same time. Increasing edge density has a pos-
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Fig. 6. Transmission parameters f3, ¢, and o have a positive effect on the spreading speed, whereas ¢ has a negative effect. The numerical simulations (dots, see Section 3.1 for
the method of simulation) always underestimate the analytical spreading speed (solid lines). If not specified, the parameters are set to the default:
B =0.0326yr', ¢ = 0.787mass 'yr ', Ny, = 2,N; = 4, by, = 1km’yr!, by = 1.4979km’yr', ¢, = 0.2,Ax = 1km, ot = 0.111yr !, 5 = 2.55yr"!. Most of the parameter values
are chosen based on previous studies (see Table C.1), and others are estimated. In each panel, the star (*) shows the analytical spreading speed (7.3201 km per year) calculated
using the set of given parameters; the dot below the star is the corresponding numerical simulation of 6.9635 km/year.

itive effect on the spreading speed (see Fig. 8). In addition, the
slope of the curve in Fig. 8 increases as edge density increases.
For instance, we look at two special cases when the forest edge
density is 50 m/ha and 200 m/ha. By examining the effect of chang-
ing edge density from 200 m/ha to 190 m/ha, we found that the
spreading speed is reduced by 0.0772 km/year; when changing
edge density from 50 m/ha to 40 m/ha, we saw only a reduction
of the spreading speed by 0.0234 km/year.

Table 2
Sensitivity of spreading speed to 1% local perturbation of parameters.

parameters unit value sensitivity
direct transmission rate () yr! 0.0326 0.2842
environmental transmission mass yr! 0.787 0.2457
rate (¢)

shedding rate (o) yrt 0.111 0.2457
degrading rate (5) yr! 2.55 -0.2012
group density per 100 km (100/Ax) per 100 km 100 0.3598
group size multipliers (dimensionless) 1 0.9560
male home range radius* km 3 -9.2e-5

20 0.3656
mean dispersal distance of males km 5 0.9809
male-to-female sex ratio (Ny, /Ny) (dimensionless) 0.5 0.3982

0.2 0.4220

0.1 0.3869

See Table C.1 for the source of parameter values for our numerical simulations.

* The group multiplier is used to get the group size for fixed sex ratio with the same
number of groups for males and females. The deer density changes proportionally
with it.

* Female home range radius is fixed to 2 km. We use the radius here in 1D to mean
the distance from the home range center to the edge of 95% home range. See Eq. (4).

5. Discussion

To our knowledge, the framework we presented here is the first
one to incorporate deer home ranges, the group size, and the dis-
persal of males explicitly into the mechanistic model studying
the spreading speed of the chronic wasting disease. This frame-
work provides a base for integrating empirical studies of home
ranges, the group size, and male dispersal into the analytical mod-
els. Both direct and environmental transmissions are included.

Mathematically, we undertook an informal derivation of the
spreading speed for the CWD disease on this spatially discrete cou-
pled system of ordinary differential equations. In our derivation,
we made the assumption that the spreading speed was linearly
determined and equivalent to the minimum possible traveling
wave speed. These assumptions are consistent with the literature
on simpler models for spatially discrete epidemics (Zhang et al.,
2007) and also for the spatial spread in continuous space for coop-
erative disease dynamics, such as ours has (Lewis et al., 2006).
However, it remains to rigorously prove that the assumptions are
justified, and we leave this for future work.

Our numerical simulations of the spreading speed are intuitive,
and we found that the analytical results show a good match with
the simulations. The spreading speed from the numerical simula-
tions was shown to be always slightly smaller than that of analyt-
ical results, because we assumed finite space and time in the
simulations. The spreading speed we obtained analytically is less
time-consuming and appears to provide a proper upper bound
for more complicated cases when we include the demographic
processes.

Given the parameterization of our model, our local sensitivity
analysis (see Table 2) shows that the direct and environmental
transmission rates have a positive effect on the spreading speed,
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Fig. 7. Graphs for population characteristics. Parameters are set to default values B =0.0326yr!, ¢ =0.787mass 'yr!, N, =2, Ny =4, by =1 km?yr-1,
by = 1.4979km’yr!, ¢, = 0.2, Ax = 1km, « = 0.111yr"!, § = 2.55yr! whenever not specified (see Table C.1).

and the direct exposure and transmission have a greater influence
on the spreading speed than from the environment. The impact of
direct transmission on spreading speed is 16% more. However,
considering the sensitivity of the spreading speed to changes of
the prion shedding rate and the prion degrading rate (0.2457 and
—0.2012, which is similar to the sensitivity to the direct and envi-
ronmental transmission rates), the effect of environmental trans-
mission should not be ignored, especially for CWD-infected areas
that have been exposed to prions for decades. Previous experi-
ments of CWD bioassay inocula indicated that CWD infection could
occur through blood IV, saliva, environmental exposure of pre-
clinical and clinical CWD positive hosts (Mathiason et al., 2009).
Our result supports previous studies that emphasize the need to
obtain better estimates of the environmental transmission rate
and prion shedding/degrading rate, to make a proper prediction
of future prevalence and make management suggestions.
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Few models have considered male dispersal in a spatial context
due to a lack of data or technical difficulties in assessing the effect
of dispersal over a large spatial and temporal scale. Our results
indicate the dispersal distance of males might have a greater rela-
tive influence on the spreading speed than deer density (either by
increasing group size or group density). Previous studies found
that juveniles and particularly juvenile males are most likely to
disperse (DeYoung, 2011): when no fawns were collared, only
4.4% of collared mule deer in southeast Alberta (n = 135) dispersed
(Merrill et al., 2011), whereas 60% of male and 39% of female
white-tailed deer fawns were observed to disperse in a similar
agro-forested environment (Nixon et al., 2007). Although long-
distance dispersals of adult male deer are rarely studied, they
can be imperative in the spread of infectious disease (Moll et al.,
2021), such as CWD. Indeed, because the male infection rate is high
and male home ranges are usually larger than females, and we
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Fig. 8. Effect of edge density on the spreading speed by affecting the home range
size and deer density directly. We separate the group size obtained from the
Eq. (124) into female group size and male group size using a fixed sex ratio
(m:f = 1:2). Then the 2D home range size is converted to 1D by taking the diameter
of a circular home range. Ax, the distance between neighbouring groups are
calculated using deer density and group size. Parameters are set to = 0.0326yr',
¢ =0.787mass 'yr'',Np: Np=1:2, ¢, =02, a=0.111yr!, 6=2.55yr! (see
Table C.1).

found that home range size could have a significant impact on the
spreading speed, males may contribute to the disease distribution
by spreading the disease as they travel long distances. Juvenile
male dispersal distance is negatively affected by forest cover
(Long et al., 2005). A study in southern Saskatchewan reported
juvenile mule deer dispersed 6.5 km to 195.5 km (n = 10), with
an average dispersal distance of 36.9 km (see Skelton, 2010,
Table 2.2). Using that dispersal distance, a buck: fawn ratio of
1:1, a sex ratio of 1:1 for fawns, and a dispersal rate of 0.55 (see
Skelton, 2010, Section 2.4.1.1), we estimate the dispersal distance
to be 6.8 km, so the value we use, 5 km, is comparable. Although
not considered in our framework, we expect the effect of female
dispersal to vary depending on the dispersal rate and distance
and the size of female social groups, and the female dispersal
may increase the spreading speed of CWD. Our study supports
the previous genetic study, which raised the concern on the effect
of deer movement on disease spread (Walter et al., 2011), espe-
cially long-distance dispersal.

Future work is in progress to include age structure. A study on
the patterns of CWD infection indicates that old males (> 4.5 years
old) are 1.4-2 times more likely to be infected than younger males
(< 1.5 years old) (Samuel and Storm, 2016). Including the age
structure enables us to compare the spread in different age classes,
and make recommendations for age-specific harvesting strategies
to manage CWD spread.

Because deer are reported to respond to forest edge density,
we considered two aspects of such effect, that is, on home range
size and deer density. Intuitively, a higher edge density might
have a positive or a negative effect on the spread of CWD. Indeed,
if higher edge density leads to a more scattered deer distribution,
then there will be less overlap of deer land use, leading to less
contact between groups. However, smaller home range sizes
might lead to a larger probability of within-group contact (Eq.
(4) implies smaller home ranges leads to a greater value of b,
and setting x, = x; in Eq. (60) gives us the encounter rate is pro-
portional to b). On the other hand, larger deer density increases
the group size and increases both within-group contact and
between-group contact. However, our computational simulation
(Fig. 8) shows that increasing edge density leads to a faster
spread of CWD. This aligns with a previous study showing a pos-
itive correlation between forest edge density and infection rate
(Storm et al., 2013).
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For our choice of parameters, our simulation suggests that
reducing the edge density might serve as a management strategy
to slow down the spreading speed of CWD. The slope of the curve
in Fig. 8 increases as edge density increases, implying that the
outcome of reducing the edge density in areas with different
levels of edge density may be different. The difference resulted
from the effect of changing the edge density on the contact fre-
quency among the hosts. Both the within- and between-group
contact frequencies declined, as well as the within- and
between-sex contact frequencies. However, starting at the edge
density of 200 m/ha and reducing it by 10 m/ha, the resulting
reduction of total contacts in the population is more considerable
than starting at the edge density of 50 m/ha. Our method involves
measuring contact rate using the encounter rates and group sizes,
and this is in line with the approach in (Schauber et al., 2007)
that uses the volume of intersections of home ranges to under-
stand CWD transmission.

Despiteits importance on various aspects of deer demograph-
ics and movement, the impact of landscape heterogeneity in
CWD spread is not fully understood. Our framework makes it
possible to investigate this effect. Studies have shown that land-
scape heterogeneity influences the deer home range and other
forms of spatial movement in differing scales (Kie et al., 2002;
Walter et al., 2018), as well as deer density and composition.
For example, in addition to affecting deer density and home range
size, Skuldt et al. (2008) reported that higher edge density in the
natal home range of yearling males is correlated with a higher
probability of dispersal. We have includeda spatial structure in
our disease-modeling framework by including home ranges,
which allows us to investigate the encounter rate resulting from
the spatial structure of home ranges of hosts, as a step towards
a better understanding of transmission (Martinez-Garcia et al.,
2020). Movement patterns of deer in 2D vary in different biolog-
ical seasons, leading to critical changes in the interactions
between hosts, and therefore transmission. Our mechanistic
framework allows us to extend its application to 2-D in an ongo-
ing study and use the empirical resource selection functions for
home ranges, as well as including more realistic seasonal group-
ing patterns, especially the mixed-sex groups in winter, and
demographic dynamics (i.e.,, age structure, birth, and deaths).
Adding deer demography allows us to study the diluting effect
of newborns, and the compensatory mortality (Bartmann et al.,
1992) or dispersal of the population in response to disease-
induced mortality. We expect that the overall result for the rela-
tive importance of factors on disease transmission might be sim-
ilar in our 2D model, but the newly added factors (e.g., growth,
mortality, and seasonality) may affect the outcome. For example,
an increased harvest might reduce local transmission in a short
time but might encourage more dispersals and lead to unfavor-
able long-term outcomes. This level of spatial details also allows
us to apply the models at larger scales and inform the manage-
ment through spatially selective harvesting.
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Appendix A. Derivation of Egs. (7) and (10)

We use s;(x,t),ij(x,t) to represent the density of susceptible
individuals and the density of infected individuals in group j,
respectively, and use h;(x, t) to represent the prions in the environ-
ment shed from the infected individuals in group j. Then we con-
sider the change of total susceptible individuals and infected
individuals in group j due to direct and environmental transmis-
sion, and obtain the following equations:

d 5 . .
@i /st(x, t)dx:—/j/st(xj—irc,t)Xk:lk(Xj+£,f)dc

0 [ 505+ E Y huly + &.0)de, (A1)
R k
d . " . . .
i ./R ij(x, t)dx =p /R sj(xj+ ¢, t)z’(:lk(xj + &, t)d¢
¢ /R 505+ 60 3 he(x + &, 0)de. (A2)
k

As we assume the distribution of individuals in each group is at
its steady state and movement of individuals is fast, the density of
susceptible individuals and the density of infected individuals in
group j satisfy the following relations, at any given location x:

5(x.1) = SO (RN;, (A3)
(0. ) = [OEN, (A4)

where S;(t) (I;(t), respectively) is the proportion of susceptible (in-
fected, respectively) individuals in group j, and S;(t) + I;(t) = 1.

To simplify the Eqs. (A.1) and (A.2), we still need to look at the rate of
change of environmental hazard h;(x, t), which is affected by the shed-
ding from the infected and its own degrading rate in the following:
%hj(x, t) = aij(x,t) — oh;(x, t),
where o is the rate at which prions are excreted by infected individ-
uals, and ¢ is the rate at which prions are removed from environ-
ment. For any given x (fixed), we can solve h;(x,t) from the linear
differential Eq. (A.5):

(A5)

hij(x,t) = Njuj(x) <<x exp(—at) /O Ii(t) exp(dt)dT + ﬁjﬂo(x)>, (A.6)

where the initial environmental hazard is

h;i(x,0) = hjo(x) = Njuj(x)hjo (%), (A7)

This, again, enables us to separate spatial and temporal changes.
So, hj(x,t) can be expressed in the following way:

hi(x,t) = Hj(6)w;(X)N; (A-8)

where we define the prions shed per individual in group j at any
given location x is
t —
H;(t) = ocexp(—ét)/ I;(t) exp(d7)dT + hjo(x). (A.9)
0

We can now use Egs. (A.3), (A.4) and (A.8) to simplify Egs. (A.1),
(A.2) and (A.5). For Eq. (A.1), we can simplify it as follows:

Gt SO = 5 [ 0+ NI (Ol + Nt

~ 0 [ SOuy + NS H0u b + Vi,
k

(A.10)
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= N;45(t) fru(x)dx
= —ﬁNij(oEijk(t)Nk Jewi (% + Eui(x; + &)de A11)
—¢N;S;(£) > Hr(O)Nk f 1 (x; + E)ux () + ¢)de,
k
= &St
= —ﬁsj(t);lk(t)Nkﬁgw-(xj+é)uk<xj+é)dé A12)
—¢Si(6)> Hi(t)N [ 1i(X; + E)uie(x; + €)de,
k
= &S50
= =S5O (BN — S Hi(6)yNi. (A13)
k k
where
By =B / W (Eue(O)de, (A14)
b =0 / W (Eu(O)de, (A15)

are the effective pairwise direct and environmental, respectively,
transmission rates between group j and group k, and both of them
are constants given j and k. Similarly, we can simplify Eq. (A.2) to
the following:

d

o= Si(6) _T(€)BeNic + ;€)Y _Hi(t)jeNi (A.16)
3 k
=5(f) (Z(Ik(f)ﬁjk + Hk(t)¢jk)Nl<) ~ (A17)
3
Eq. (A.5) is simplified into

d R

T HiO) = ai(t) — oHy(0). (A18)
Now we obtain our model for one gender as follows:
d
Esj(t) = Sj(t)zlk(t)ﬁjka - Sj(t)Zch(t)¢jka> (A~19)
k k
d
achi® =S;(0)> _Te()BiNic + Sj(£) Y _Hu(t) Nk, (A.20)
K k

d
T Hi(0) =i () = SHy (1), (A21)
where

Bite =B (A.22)
i =DMy, (A.23)
M = / u(Su(&)de, (A24)

JR

where we call g, the coefficient of pairwise direct effective trans-
mission, ¢ the coefficient of pairwise environmental effective
transmission, (4, the pairwise encounter rate. Transmission occur-
ring in the same group can also be expressed in this way.

Appendix B. The trivial equilibrium is unstable in the
homogeneous population

We want to show that the disease-free equilibrium, (0,0, 0,0),
is unstable for the following system
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BIGEE F(o)
He) | | H® 7 B.1)
I"(t) "(t)

LH"(t) H"(t)

where W = (wy) is

kaiﬁ,fk Nfé S Nm Z By quio Jo

o N -0 0 0 N 7 (B2)
kagooﬁ;;{ kagoc ¢pk N Z ﬁpq N"lq;wqbg]q

10 0 o )

with all the parameters being positive. We first simplify the system
as follows

X(t) = wX(t), (B.3)
where
Wi Wiz Wiz Wiy
a -0 O 0
W= (B.4)
W3 W3 Wiz Wiy
0 0 o -0
with

w; >0,00>0,06>0.

We want to show that the trivial equilibrium X = 0 is unstable.
The solution to the system (B.3) can be written in the exponen-
tial form:

X(t) = exp(Wt)X(0) (B.5)

Note that all the off-diagonal elements of W are non-negative,
so Wt is a Metzler (or, quasi-positive) matrix for t > 0 (see, e.g.,
Ngoc, 2006). According to the property of Metzler matrices (see
Thieme et al,, 2009, Theorem 2.4), the elements in the matrix
exp(Wt) are positive.

The solution in Eq. (B.5) is a product of the matrix exp(Wt) and
the non-negative vector X(0) with at least one positive element.
Hence, X(t) is non-negative and has at least one positive element
for t > 0. Without loss of generality, we assume X;(0) > 0. Then,
from (B.3), we know

= ZW],‘X,‘(t) > W]]X] (t) >0
i

because all the X;(t) are nonnegative and all the wy;’s are positive.
By Gronwall’s Inequality (Gronwall, 1919), we obtain
X1(t) = X1(0) exp(wq1t)

where wy; > 0. Therefore, X;(t) is bounded below by an exponen-

tially growing quantity. Hence, the trivial equilibrium X =0 is
unstable, that is, the spectral abscissa of W is positive.

(B.6)

(B.7)

Appendix C. Parameters from literature

Here, we list the source of parameter values for our numerical
simulations (see Table C.1).

Appendix D. Simplification and convergence of series

In this appendix, we use the following formula for the geomet-
ric series and another basic series to simplify our series in Egs.

(94)-(98):
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Table C.1
Parameter values from literature (MUDE for mule deer, and WTDE for white-tailed
deer).
Parameter Value/ range | Data & source (From Merrill et al., 2013 if not
Density 0.5~10.5 /km * | Alberta 2007-2009, aerial survey:
(deer/km"2) (mode: 2.2) - MUDE: 0.79+2.12, range: 0-28.4; WTDE: 1.07:0.1, range: 0-22.9
* note: our Alberta Feb 2018, erial survey:
currentmodel | MUDE: 2.4 (CFBW) 2.8(CGR) (Merrill et al., 2018)
is one Saskatchewan, aerial survey:
dimensional. MUDE: 0.67-2.72 (reported for WMZs 2000-2009); WIDE: 0.08-3.00 (reported for
WMZs 1994-2009) (Saskatck Ministry of
Sex ratio (male: 0.05~0.80 Alberta, ground, 2006-2009: MUDE: Doe: Buck = 100: 9-21; WTDE: 100:1~19
female) (mode: 025) | Alberta, aerial, 2007: MUDE: Doe: Buck = 100: 43; WTDE: 100: 27
Saskatchewan, 1982-2017 (Western Association of Fish and Wildlife Agencies, 2018)
MUDE: long term average of buck: doc ratio: 100: 51, range: 0.38~0.63
Home range radius | M: 3.58 km, F: Albena deer home range size (km"2)
(km) 2.90 km (home L, female: summer: 6.74+5.41; winter: 4.81+2.67;
range size: M: MUDE, male: summer: 12.65+4.23; winter: 4.55£1.18
8.6k, F WTDE, female: summer: 4.8214.53; winter: 4.7043.02;
5.78 k) WTDE, male: summer: 10.09+7.49; winter: 6.39+3.86.
Group size of male | Male: 2 Alberta winter acrial survey 2006-2009: MUDE: 6.6+0.4; WTDE: 4.4+0.2.
(Combining this Alberta ground survey:
with sex ratio, the Summer: MUDE: 1.841.2; WTDE: 1.510.8. Winter: MUDE: 5.4.0.3; WTDE: 4.411.2.
female group size is | (Female:
obtained.) 2.5-40)
Basic dirccl 0.032 yr"
ission rate (Miller et al., 2006)
Basic indirect 0.787
rate__ | massyr! (Nole: the range of the basic dircet transmission rate has been inereased based on the
Prion shedding rate | 0.111 mass source)
density! yr!
Prion degeneration | 2.55 yr'
rate
E r":— for|r| < 1 (D.1)
k
E kr :7), for|r| < 1. (D.2)

In order to numerically obtain a minimum of c, we first need to
make sure s is in a valid domain. In particular, we need to make
sure the series in Eqs. (94)-(98) converges. Substituting expression

(36) into Eq. (98

J"(s)

> _c1exp(—Cc2Ax|q|)(exp(—sqAx) — 1)

q#0

_ cexp(=(c2 +5)Ax)

), we simplify J™(s) as follows:

(D.3)

c1exp(—(c2 —S)Ax)  2c; exp(—CaAX)

T 1 —exp(—(c2 +5)Ax)

1—exp(—(cz — S)Ax) 1—exp(—cAx)’

(D.4)

We need s < ¢, for J™(s) to converge. For I/ (s), L™ (s), L™ (s) and
L™ (s), recall the pairwise encounter rate between two females,
between two males, between a female and a male:

b .
Mo =7 (1+ byAxlk — i) exp(~byAx|k — j|), (D.5)
bm .
u,k:—( + b Ax|k — j|) exp(—bmAx|k — ji), (D.6)
- (—by exp(—bmAx|k — j|) + b exp(—bsAx|k — jl))
= D.7
i = 2(bn =+ by) (b — ) 7
bmby (b exp(—byAx|k — j|) + by exp(—bnAx|k — j|))
mf _ Zm=f ! f (D.8)
. 2(bn+ by) (br — bn)
= - (D.9)
We obtain the following simplified expressions:
(s) =L/ (s) (D.10)
_by (1 + byAx) exp((by +5)Ax) —
4 (exp((by +5)Ax) —1)°
(1 + byAx) exp((by —s) ) 1 (D.A1)

(exp((bf — s)Ax) — 1)
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L (s) =L™(s) (D.12)
bm (1 4 by Ax) exp((bm + 5)Ax) — 1
=114
4 (exp((bm +5)AX) — 1)’
N (1 + b Ax) exp((by — s)sz) -1 (D.13)
(exp((bm —$)Ax) — 1)

"(s) (D.14)
=" (s) (D.15)
_ bby
—W (D.16)

+ bfbm bm -~ bf

2<(bm)2 _ (bf)z) exp((by +5s)Ax) — 1 exp((bm +5)Ax) — 1
(D.17)
bybm [ bin by }

+ —

2<(bm)2 _ (bf)2> exp((by —s)Ax) — 1 exp((bm —s)Ax) — 1
(D.18)

Ly (s) (D.19)
=L (s) (D.20)
__ buby
2067+ bw) .

. buby by B b

2((bf)2 _ (bm)2> exp((bm +5)Ax) — 1 exp((by +5)Ax) — 1
(D.22)
. buby by - b
2((by)’ - (bn)”) (X0 —$)A) — 1 exp((by —s)Ax) ~1
(D.23)
=[™(s) (D.24)

The condition for the convergence of the series is as follows:
with the convergence range

0 <s <min{bp, by, 2} (D.25)

Appendix E. An example of the numerical simulation of
spreading speed

E.1. Input

See Table E.1 for a full list of input parameters for numerical
simulations.

E.2. Calculating other parameters using inputs

e # of groups that consists of females in the simulating space

=F=%¢11=4041=0226=M =+ of groups that consists
of males in the simulating space, with group indices
0,1,2,3,---,225.
Note: (i). We have assumed the same number of groups F = M and
the same home range center for group j of males and female,
x}r =XJ". (ii). # of females in every female group is Ny, and # of
groups that consists of females in the simulating space is F. (iii).
F/space and M/space are also referred to as ‘group density’.
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e Home range center for each group:
xjf =x'=jAx, j=0,1,2,..-,225, which are 0,2,4,6,---,450 in
our case.

e Male dispersal matrix E. First, we set a value for c;. Then ey is
given in an expression of ¢y, ¢, p, q (see Eq. (36)).

e Pairwise  encounter rate: W; is determined by
by, b™, X/, x", Ax.j, k (see Egs. (D.5)-(D.8)).
E.3. Initial conditions
1, j=0,1,2,3
If O _ ) IEER Rt E‘l
j() {0, ]:47576,7225 ( )
1, j=0,1,2,3
Moy =< 7 E2
FO~{o (Zass.22 (+2)
i —0 i—
H;(0)=0,j=0,1,2,---,225 (E.3)
Hf’(O):O,j:O,],Z,~--,225 E4

E.4. Solve ODE

Using Runge-Kutta (2,3) (‘ode23’ in Matlab), we solve the sys-
tem (16)-(21) with initial conditions above. Note: ij.(t) —+ };(t) =1
and S'(t) +I/'(t) = 1 forany t > 0.

E.5. Find the time of reaching a threshold of infection

For every group, find the time ¢/ and t" when F(t) or I}'(t)
reaches a threshold. In our simulations, we set the threshold to
0.9999, so we look for the time of reaching ‘almost full infection.’
Other values could be used, but the spreading speed will be similar,
because the shape of the traveling wave remains the same as it
propagate along the domain (see Fig. 4).

E.6. Calculate the speed

17
meaning that we use the time of the group reaching the threshold
later for each location - recall that there are one group of males
and one group of females for each home range center x; = x}f =X

Use the middle portion of points (see Fig. 9) to fit a straight line
and get the slope, which is our goal - an approximation of the
spreading spreed.

Write time and location in pairs (t;,x;), where t; = max (rf rt"),

Table E.1
Input for numerical simulation of spreading speed.
Ny group size of female 4
N group size of male 2
Ax distance between neighbouring group centers 2 km
- space of simulation 450 km
B the basic direct transmission rate 0.0326 yr!
¢ the basic environmental transmission rate 0.787 mass~'yr-!
o the rate at which prions are excreted 0.111 yr!
) the degrading rate of prions from environment 2.55 yr!
C determining the male dispersal rate 0.2
Cy determining the male dispersal rate 0.2
by determining the home range size of female 1.4979 km?yr-!
bm determining the home range size of male 1 km?yr-!
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Appendix F. Mathematical calculation of spreading speed

A brief description of the mathematical calculation of spreading
speed is as follows:

1. Input B, ¢, Ny, N, o, 8, b, bm, Ax, kRange, c,.

Note: (i) by, b determines the home ranges of female groups, and
male groups. (ii) kRange is used to approximate infinite series by a
truncated series. (iii) c; determines c,, and therefore the dispersal rate
for males. (iv) Relationships between input parameters can be incor-
porated here, e.g., the group size changes with the density (see Eq.
(124)), instead of independent from each other.

2. Obtain the spreading speed min,c(s) (see Eq. (118) and text
above) for s in the convergence interval of all the series in the cal-
culation (see Appendix D).

Appendix G. Eq. (12) is equivalent to a Kolmogorov backward
equation

The dispersal equation from the main text is:

Z e]ka— Z ek]N,

k=1, k#j k=1, k#j

(G.1)

We rewrite it in order to match the order of terms in Sigman
(2009, Chapter 9)

d M M
aNj(f) == > eNi+ > ek (G.2)
k=1,k#j k=1,k#j
M M
= — Z eijj"" Z e,-ka. (GB)

k=1, k= k=1, k=)

To simplify the derivation and match with the notation in Sig-
man’s lecture note (Sigman 2009, Chapter 9), we let

M
Z ey =a;,

k=1,k#j
Ejk :aijj.

(G4)

(G.5)

400§

300 1

2001

Space(km)

80

0 20 40 60

Time

Fig. 9. The spatio-temporal spread of disease. Red triangles are for female groups,
and blue stars are for male groups. For example, a red triangle placed at (x,y) means
the infected fraction of the female group at location y reaches a threshold (in our
case, we set the threshold to 99.99% - other thresholds can be used, but the
computation of speed will not change much) at time x. Points along the dashed line
are used to compute the spreading speed, which is the slope of the dashed line.
Here, the spreading speed is approximately 10.3650 km/yr. Parameters are set to
B=0.0326yr ', ¢ =0.787mass 'yr!, Npm =2,N;f =4, by = 1km2yr 1
by = 1.4979km’yr!, ¢; = 0.2,Ax = 2km, e = 0.111yr !, 6 = 2.55yr .
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Then, Eq. (G.1) is equivalent to

d M
N0 = =aNi(t) + > aPyNi(D).
k=1, k=j

(G.6)

Following Sigman'’s lecture note we use P(t) = (P;(t)) to denote
the transition matrix, where P;(t) = P(X(t) = j|X(0) = i), the initial
state of an individual is X(0), and the state at t is X(t). Using p(t) to
denote the probability for an individual to be at state j, there are
N;j(t) = Kp;(t) individuals at state j at time ¢. The number of indi-
viduals at state j follows the relationship:

M
£) =2 Py(t)Ni(0)
i=1

Substituting Eq. (G.7) into Eq. (G.6

(G.7)

), we obtain an equation for

Py(t):
M
Py(t) = —a;Py(t) + Z a;PyiPyc (t)
k=1, k#j
Py
P2
= [Pir(t) Pia(t) Pin(t)] ,
;P

which indicates that

P(t) =P(H)Q’. (G.8)
Therefore, we have
(Po)") =QP(t)", (G.9)

which is in the form of a Kolmogorov backward equation for a

CTMC. The transpose of our matrix defined in Eq. (13), E', is the
transition rate matrix Q for the CTMC.

Appendix H. Full general model in finite domain

Here we present a general model where the male groups can
have different sizes. Because dispersal changes the male group size,
it is better to track the numbers instead of proportions of hosts
within a group so that we do not need an explicit group size.

Sj-(t) is the number of susceptible hosts in group j of sex s. f; (t) is

the number of infected hosts in group j of sex s. I:IJ? (t) is the total
concentration of prions shed by hosts in group j of sex s. Note that
the dependent variables are not proportions of group
compartments.

Assuming there are M male groups and F female groups, we
obtain the full general model as:

F o~ ~
§5/0 = —Sjo) (Lo, + B d,)
. (H.1)
=Sl (Tnofy + By )9l
q=1
o~ F ~
ano= SO (R0 +H0O )
e (H2)
+S[O> (o + Hr e,
q=1
%Af(t) = all(t) - oH/(t), (H.3)
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Spo (s, + Hy ) (H4)
g=1
+Zepq5q"'(t) Sp (t)zeqp,
P a#p
~ N F ~
$ime) = Spod_(Tosy + Hio ey )
k=1
+Sp0 ) (Te o) gy + Hy (063 (H.5)
g=1
+> el (6) = T(DDeqp,
d R R q=p R q#p
i Hp (6) = o (6) = SH(©), (H.6)

where superscripts f and m on variables denote the sex as described
in Table 1,

j=12,---/F, (H.7)

p :1$2’ '7M7 (HS)
Big =Bkig (H.9)
e =iy (H.10)
Mo = | w(Oug(©)de, (H11)
il . 12
T (H.13)
1 :/Ru;"(i)v-‘i(é)dé (H.14)
Bite =B (H.15)
Dje = e (H.16)
i :/RUE(é)Ui(i)dc“, (H.17)

s =f,m. (H.18)
with initial conditions:
§/(0) =8, 1(0) =, H{(0) = H,, for j= 1,2, F, (H.19)
Sm(0) = Smo, I™(0) = Iy, H7(0) = ™y, for p=1,2,--- M. (H.20)

For the male dispersal rate ez, we assume an exponentially

decreasing rate function
egp = €pg = C1 €Xp(—C2Ax|p — q|), (H.21)

where c; denotes the magnitude and c, denotes the drop off with
distance.

Appendix L. Derivation of Egs. (60)-(62)

The idea is to consider the relative value of x compared with x;
and x, and separate the 1D space into three intervals. Without loss
of generalization, we first assume x; < Xy.
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= [ v Goud e 1)
by by
= /R 5 exp(—bﬂx—xﬂ)i exp(—bg|x — x|)dx (1.2)
by
-7 /R exp(—by (|x — xj| + x — xi) ) (1.3)
bf2 X
:Z/ exp(—by(—x+x —x + x))dx (L4)
b
f
+7 / exp(—by (x — x;))dx (15)
b -
+Zf/ Xp(—by (x — x; -+ X — X)) dx (16)
bf2 X
:Z/ exp(—by(—2x + x; + x;) ) dx (L7)
B
f
+7 / exp(—by (xc — x;))dx (1.8)
b7 -
+ Zf / exp(—by (2x — x; — x¢) ) dx (19)
Xie
by
fZZ—bfexp(—bf(x,< —Xj)) (1.10)
b2
+Kf(xk — x;) exp(—by (xx — x7)) (1.11)
b2
+ 5 5 (- exp(=by (x ~ %)) (112)
by
=7 exp(—by (X — x;)) (1.13)
b2
+Zf (X — ;) exp(—by (X — X;)) (1.14)
b
:Zf(l + by (xx — x;)) exp(—by (X — x;)) (1.15)
b . :
= (14 byAx|k — j{) exp(~byAxlk — ). (116)
For x; < x;, we can obtain
b
,ujfk :Zf(l + by (x; — X)) exp(—by (% — x¢))- (1.17)
Combining those two cases, we obtain
b
1, = Zf(l + by[xk — x;|) exp(—by|xk — x;) (1.18)

For special evenly-spaced home ranges, x; =j*Ax, we can
obtain
by . .
14, :Z(l + byAx|k — jl) exp(—bsAx|k — j), (1.19)
which is Eq. (60) for females. The equation for males can be
obtained by replacing by with by.
We use a similar to calculate ,ujf,T Note that by — by, can not be

the denominator when by = b,,. That is how we got two separate
cases.

Appendix J. A simplified explanation for edge density

In landscape ecology, edges are defined as the boundaries of dif-
ferent habitat types, and edge density equals the edge length per
unit area (see, e.g. Turner and Gardner, 2015). As an simple exam-
ple, we assume there are two landscape types (denoted by white
and green) in a squared region (3 km by 3 km) (Fig. 10). If there
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Fig. 10. A region with two landscape types.

are forest in the middle (1 km by 1 km) of the region surrounded by
grassland. Then, the edge density in this region is 4/9 km/km?.
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