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Abstract

In the first essay, I investigate whether bidders pay for acquired targets’ organization
capital (OC), defined as the processes and systems that firms use to efficiently mix their capital
and labor, in merger and acquisition (M&A) transactions. | also investigate whether the acquired
OC is transferable and productive. I use a sample of completed U.S. M&A deals from 1990 to
2013. First, depending on the measure of recorded intangible assets employed, I find that bidders
pay between 9 and 25 cents for one dollar of target OC. Second, I find that acquired OC is
positively related to post-acquisition bidders’ return on assets, sales growth, and asset turnover in
same-industry transactions. The returns on acquired OC in the first and second fiscal years after
transaction completion are 15% and 12%, respectively. These findings support the idea that OC is
a valuable asset that is transferable between firms.

In the second essay, I examine whether organization capital is transferable across different
industries. Using a sample of Compustat segment data from 1976 to 2014, I find results consistent
with diversified firms benefitting more from their organization capital than do non-diversified
firms when studying the relation between organization capital and each of return on assets, sales
growth and asset turnover ratio. These findings support the transferability of organization capital
across industries and thus suggest that investments in OC can transcend the industries in which
they are made.

In the third essay, I investigate whether acquired targets’ corporate social responsibility
(CSR) is a transferable asset in merger and acquisition transactions. Using a sample of U.S. M&A
deals from 1991 to 2013, I find a negative relation in same-industry deals between the acquired
targets’ CSR index and both scaled intangible assets booked by the bidders and bidders’ post-
acquisition return on assets. These relations imply that acquired targets’ CSR acts more like a
liability than an asset as it reduces the value of intangible assets recorded in M&A deals.
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Chapter 1. Introduction

A rising factor of production over the last two decades has been intangible capital. Corrado
and Hulten (2010) estimate that total investments in intangible capital ($1.6 trillion) amounted to
11.3 percent of GDP in 2007. While this amount alone is considerable, the relatively little we know
about valuing intangible capital only adds to its significance. In this thesis, I study two intangible
assets, namely organization capital, defined as the processes and systems that firms use to
efficiently mix their capital and labor, and corporate social responsibility. In the first two essays,
I study whether organization capital has a price and is a transferable asset between firms. In the
third essay, I study whether corporate social responsibility is a transferable asset between firms.

In the first essay, I use the setting of mergers and acquisitions (M&A) to investigate
whether bidders pay for acquired targets’ organization capital. In doing so, I address the theoretical
frameworks of Bahk and Gort (1993) and Carlin, Chowdhry, and Garmaise (2012), who suggest
that organization capital is transferable by selling the firm. I also help to resolve the ongoing debate
in this literature by showing empirically that organization capital is an asset that has a price, is
transferable, and is not completely idiosyncratic. Following Eisfeldt and Papanikolaou (2013), I
measure organization capital by cumulating and depreciating SG&A expenditures.

I investigate whether bidders pay for target organization capital by studying the relation
between booked intangibles and the measure of organization capital. I also investigate whether the
acquired organization capital is productive by studying the relation between two measures of
organization capital and post-acquisition return on assets, sales growth, and asset turnover ratios.
Using a sample of completed U.S. M&A deals from 1990 to 2013, I first find that bidders pay
between 9 and 25 cents for one dollar of target organization capital. Second, I find that acquired
organization capital is positively related to post-acquisition bidders’ return on assets, sales growth,
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and asset turnover in same-industry transactions. These findings support the idea that organization
capital is a valuable asset that is transferable between firms.

In the first essay, the small number of cross-industry acquisitions in my sample did not
allow me to make meaningful conclusions regarding the transferability of organization capital
between industries. I thus extend the work to the second essay by investigating whether the
organization capital of a diversified firm, defined as one that operates in one or more business
segment(s) in more than one industry, is associated with that firm’s future profitability. If that is
indeed the case, then it is consistent with organization capital being productive and transferable
across segments/industries.

Using segment data from Compustat, I show evidence that organization capital is positively
associated with ROA, sales growth, and asset turnover ratios. Second, I show that diversified firms
benefit more from their OC than do their non-diversified counterparts. The findings are consistent
with organization capital being a transferable asset between industries and nicely complements the
finding of within-industry transferability in the previous essay.

In the third essay, I investigate whether acquired targets’ corporate social responsibility
(CSR) is a transferable asset in merger and acquisition transactions. I follow Servaes and Tamaro
(2013) by computing a CSR index using data from the MSCI ESG KLD Stats dataset. Using the
M&A data and methodology from the first essay, I find, in same-industry deals, a negative relation
between the acquired targets’ CSR index and both scaled intangible assets booked by the bidders
and bidders’ post-acquisition return on assets after controlling for acquired OC. These relations
imply that acquired targets’ CSR reduces the value of intangible assets recorded in M&A deals

and is thus value decreasing. In this context, target CSR acts more like a liability than an asset.



Chapter 2. The Price of Acquired Measured Organization Capital

2.1 Introduction

Intangible capital is becoming increasingly vital as a factor of production. Corrado and
Hulten (2010) estimate that intangible assets formed 34% of firms’ aggregate invested capital over
the period 1995-2007 and that total investments in intangible capital ($1.6 trillion) amounted to
11.3 % of GDP in 2007. Peters and Taylor (2017) find in a sample of Compustat firms from 1975
to 2011 that almost half of the dollar value of total capital comes from intangible capital and that
76% of this intangible capital stems more specifically from organization capital. Organization
capital — the methods that the firm uses to combine its physical and human capital — is thus an
essential part of a firm’s intangible capital. Organization capital includes a firm’s information
technology and growth strategies as well as its investments in human resources, distribution
channels, and customer relationships.

Much of the existing research in the organization capital literature attempts to establish that
organization capital is an asset and has focused primarily on documenting a positive relation
between measures of organization capital and measures of future firm performance (see Black and
Lynch, 2005; Lev and Radhakrishnan, 2005; De and Dutta, 2007; Tronconi and Vittucci Marzetti,
2011; Eisfeldt and Papanikolaou, 2013). Taking a different approach, Peters and Taylor (2017)
show that measures of organization capital and physical capital have similar effects on firms’
investments. | contribute to this literature by estimating a market value for organization capital.
The existing measures used to create estimates of the dollar amount of organization capital are
based on the aggregation of past Selling, General, & Administrative expenses. While these
numbers are informative about the dollars invested in organization capital, they are much less

informative about its market value. I exploit the accounting for merger and acquisition (M&A) to



provide evidence on the market value of organization capital. To the best of my knowledge, this
is the first paper to show evidence on the market price of organization capital.

In M&A deals, the bidders record the fair market value of net identifiable tangible assets
acquired, identifiable intangible assets acquired, and goodwill. Goodwill represents the future
economic benefit from acquired non-identifiable intangible assets. Under the joint hypothesis that
organization capital is an asset and that it is transferable between firms, I argue that the value of
intangible assets acquired — mainly goodwill — captures the value of organization capital. Thus, I
investigate whether bidders pay for targets’ organization capital in M&A transactions by
examining whether the price paid for a target firm in excess of the value attributed to tangible and
identifiable intangible assets not related to organization capital is associated with the value of the
targets’ measured organization capital.

Organization capital does not appear directly as an asset on a firm’s balance sheet.
However, there is this unique opportunity to (indirectly) ascertain its value — when an acquisition
is made under the purchase method of accounting.! Under this method, the Statement of Financial
Accounting Standards (SFAS) 141(r) A25 requires bidders to record the value of the non-
identifiable intangible assets of the target firms as goodwill. While SFAS 141(r) does not explicitly
mention organizational capital, to the extent that organizational capital is an intangible asset that
bidders pay for, its value will be included in the goodwill booked at the time of the transaction.
Thus, the M&A setting is well suited for this study.

Using acquisition data to estimate the market value of organization capital implicitly allows
me to investigate empirically the transferability of organization capital, an issue of some debate in

the literature. The theoretical frameworks of Bahk and Gort (1993) and Carlin, Chowdhry, and

! This is the only accounting method used for acquisitions since July 1%, 2001.
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Garmaise (2012) suggest that organization capital is transferable by selling the firm. Atkeson and
Kehoe (2005), Prescott and Visscher (1980), and Eisfeldt and Papanikolaou (2013), among others,
argue that organization capital is transferable at a cost. On the other hand, Lev and Radhakrishnan
(2005) argue that organization capital is very difficult to transfer. I help to resolve the debate in
this literature by showing empirically that organization capital is an asset that is transferable and
is not completely idiosyncratic.

In this chapter, I first test the hypothesis that the organization capital of the target firm has
a market price. Evidence of bidders paying for target organizational capital is consistent with it
being transferable between firms. I provide further evidence consistent with the transferability by
examining whether the acquired organization capital is productive post-acquisition. I do this by
studying the relation between bidders’ return on assets and acquired targets’ organization capital
in the two years following acquisition completion. A positive relation implies that bidders are
employing targets’ organization capital following acquisition and confirms that organization
capital is transferable.

In order to study the price and transferability of organization capital, I require an
appropriate measure of it. Although organization capital has long been recognized as an economic
asset (Marshall, 1920), accounting standards require the expensing of investments in organization
capital. To date, the accounting and finance literatures have measured organization capital as a
function of selling, general, and administrative expenses (SG&A) and have found this construct to
be asset-like.” I follow Eisfeldt and Papanikolaou (2013) and measure organization capital by

cumulating SG&A and depreciating SG&A expenditures. Since SG&A also includes research and

2 See, for example, Lev and Radhakrishnan (2003) and (2005); Eisfeldt and Papanikolaou (2013); Peters and Taylor
(2017).



development (R&D) and advertising expenses, I create an alternate measure of organization capital
by cumulating SG&A after the removal of both R&D and advertising expenses.

My first hypothesis is that if bidders pay for targets’ organization capital, then there should
be a positive relation between targets’ organization capital and transacted goodwill. My measure
of OC is broad and can contain both non-identifiable and identifiable intangibles. Therefore, in
addition to goodwill, I also consider other measures of intangible assets acquired in the transaction.
I test this hypothesis by studying the relation between different values of scaled transacted
intangible assets and each of the two measures of organization capital that I estimate, both scaled
by total assets. Positive and significant coefficient estimates of scaled organization capital indicate
that bidders pay for target organization capital, provide an estimate of the market price of
organization capital, and validate the use of the cumulative SG&A model to measure investment
in intangible assets.

My second hypothesis is that the acquired organization capital is productive. I test this
hypothesis by studying the relation between bidders’ post-acquisition return on assets and each of
the two measures of acquired targets’ organization capital scaled by bidders’ lagged total assets. I
expect the coefficient estimate on each of the two scaled measures to be positive and significant,
implying that bidders are employing their acquired targets’ organization capital productively. I
also study the relation between bidders’ post-acquisition sales growth (asset turnover ratio) and
each of the two measures of acquired targets’ organization capital scaled by bidders’ lagged sales
(lagged total assets). A positive and significant coefficient estimate on each of the latter variables
implies that acquired organization capital is positively associated with bidders’ sales and assets’

efficiency, respectively.



Using a sample of completed U.S. M&A deals from 1990 to 2013, I find results consistent
with my expectations. First, depending on the measures of booked intangible assets and
organization capital used, I find that bidders pay between 9 and 25 cents, on average, per dollar of
the targets’ organization capital. Second, in subsample analysis, I find a positive relation between
acquired targets’ organization capital and bidders’ post-acquisition ROA in same-industry (same
two-digit SIC code) transactions. The returns on acquired targets’ organization capital in the first
and second fiscal years following the completion of the transaction are 15% and 12%, respectively.
Third, I find a positive relation between acquired targets’ organization capital and bidders’ sales
growth in the first fiscal year following the completion of the transactions. Fourth, I find that
acquired targets’ organization capital has a positive relation with bidders’ asset turnover ratios in
the first two fiscal years following the completion of the transactions.

The finding that targets’ organization capital is related to the market price that bidders pay
for targets, as well as bidders’ future ROA, sales growth, and asset turnover ratio, is evidence that
organization capital is an asset that is not completely idiosyncratic. In summary, my results show
that organization capital has a price and is both productive and transferable. These findings also
provide evidence on the construct validity of the measure of organization capital. By directly
linking market values of unidentifiable intangibles (goodwill) as well as identifiable intangible
assets (RD in process, workforce in place, brands) to the measure of organization capital, I show
that this measure is statistically significantly related to assets that are not currently booked.

Thus, this study also contributes to the literature that recommends the capitalization of
intangible expenses. Banker, Huang, and Natarajan (2011), Hulten and Hao (2008) and Enache

and Srivastava (2018), among others, suggest that these investments in long-term intangible assets,



which are expensed in the income statement, should be capitalized since capitalized intangibles
explain equity values and can reduce overly-inflated Q values.’

The remainder of the paper is organized as follows: I summarize the related literature and
develop the hypotheses in the next section. Section 2.3 describes the construction of the dataset

and sample. Section 2.4 presents the results and section 2.5 concludes.

2.2 Research Background and Hypothesis Development
2.2.1 Organization Capital and Intangible Assets

Organization capital (OC) can be described as the firm’s combination of knowledge,
processes, and systems between labor and capital that leads to greater efficiency (Eisfeldt and
Papanikolaou, 2013; Li, et al., 2018). Even though this notion of OC has been around for over a
century and has been described by various researchers, there is still no absolute consensus
regarding its precise definition or measure.* While Marshall (1920) states that training can improve
the efficiency of employees, leading to superior organization, Prescott and Visscher (1980) are the
first to define OC as information related to the firm’s employees. Lev and Radhakrishnan (2005)
and Lev, Radhakrishnan and Zhang (2009) describe OC as the unique way in which firms match
their factors of production. Other definitions of OC include higher quality management, innovative
processes, and the accumulation of knowledge capital through learning-by-doing.’ These
definitions sum to the idea that OC is an intangible asset related to human capital (management

and key employees), processes, and knowledge, and that it is associated with higher firm value.

3 See also Corrado, Hulten, and Sichel (2005), Corrado, Hulten, and Sichel (2009), Corrado and Hulten (2010),
McGrattan and Prescott (2010), and Peters and Taylor (2017).

4 See, for example, Prescott and Visscher (1980), Atkeson and Kehoe (2005), Lev and Radhakrishnan (2005), Eisfeldt
and Papanikolaou (2013), and Li et al. (2018).

3 See also Arrow (1962), Rosen (1972), Bahk and Gort (1993), Coff (2002), Atkeson and Kehoe (2005), De and Dutta
(2007), and Corrado, Hulten and Sichel (2009).



The empirical literature on OC has focused primarily on the relationship between OC and
future firm performance, and the value creation of OC.° For example, Eisfeldt and Papanikolaou
(2013) find that high-OC firms have higher average stock returns and are more productive than
low-OC firms. Lev and Radhakrishnan (2005) find that OC is associated with future abnormal
earnings and can explain the difference between market value and book value of equity. Li et al.
(2018) find that, compared to low-OC bidders, high-OC bidders have higher announcement
abnormal returns and better post-acquisition operating and stock performance. High-OC firms are
associated with the following characteristics: higher productivity, more labor intensity, higher
quality management, smaller firm size, higher cash flow, higher IT expenditures, higher sales
performance, higher Q ratios, and more (less) investment in intangible (physical) assets. Moreover,
high-OC firms are more likely to list the loss of key employees as a risk factor in their annual
reports (Black and Lynch, 2005; Lev and Radhakrishnan, 2005; De and Dutta, 2007; Tronconi and
Vittucci Marzetti, 2011; Eisfeldt and Papanikolaou, 2013; Li et al., 2018). These firms are
constantly developing and adopting new processes to increase their efficiency and
competitiveness.

While earlier papers view OC as embodied in either key employees (Prescott and Visscher,
1980; Ranft and Lord, 2000) or the firm itself (Atkeson and Kehoe, 2005), recent papers such as
Lustig, Syverson and Van Nieuwerburgh (2011) and Eisfeldt and Papanikolaou (2013) view OC
as embodied in both key talent and the firm itself. Whether OC is embedded in key personnel or
the firm itself (or both) can significantly influence its transferability. On one hand, Lev and
Radhakrishnan (2005) argue that OC is very difficult to transfer because it is implicit in the firm.

Another school of thought argues that OC is transferable at a cost (Prescott and Visscher, 1980;

® There are also papers which model OC for example, Atkeson and Kehoe (2005), Bahk and Gort (1993), Carlin,
Chowdhry, and Garmaise (2012), Faria (2008), Lustig, Syverson, and Van Nieuwerburgh (2011), and Rosen (1972).
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Atkeson and Kehoe, 2005; Eisfeldt and Papanikolaou, 2013). In the theoretical frameworks of
Bahk and Gort (1993), Atkeson and Kehoe (2005), Faria (2008), and Carlin, Chowdhry, and
Garmaise (2012), OC is transferable through selling the entire firm. This paper contributes to the
OC literature by providing empirical evidence supporting the transferability of OC.

To find the market price of OC and to show empirically that it is transferable, I require an
appropriate measure of OC. However, the lack of a precise definition of OC makes finding a true
measure challenging, especially when it should also include values for experience and learning-
by-doing (Arrow, 1962; Atkeson and Kehoe, 2005). Lev and Radhakrishnan (2003) estimate OC
as the residual of a regression of sales growth on physical capital growth, labor growth, and R&D
growth. This measure of OC contributes to the explanation of market value of firms and since it is
strongly correlated with SG&A, they use SG&A as an instrumental variable that proxies for
investments in OC.” Eisfeldt and Papanikolaou (2013) measure OC by cumulating annual SG&A
expenses using the perpetual inventory method. This measure is later used by Li et al. (2018) and
it is the OC measure which I employ in this study.

2.2.2 Mergers and Acquisitions and OC

In the theoretical framework of Bahk and Gort (1993) and Atkeson and Kehoe (2005), OC
is transferable through selling the entire firm. Thus, I use the M&A setting to find the market price
and study the transferability of OC. This paper is related to the vast M&A literature by showing

the acquisition of OC as an additional motive for acquisitions.

7 Based on the amalgamation of definitions of OC, the following are some of the investments in OC: information
technology expenses, costs of training employees, advertising, payments to strategy consultants, the processes in
which the firm invests, the unique systems the firm uses in productions and sales, the way firms reward their
employees, and so on [see, e.g., Lev and Radhakrishnan (2005), De and Dutta (2007), Eisfeldt and Papanikolaou
(2013), and Li et al (2018)]. These sources of investments in OC are subsumed into SG&A.

81 refer the reader to Chapter 19 of Copeland and Weston (1988) for different theories of M&A.
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To the extent that OC is embedded in the firm, the only way to purchase it is to acquire the
whole target firm [see, e.g., Bahk and Gort (1993), Atkeson and Kehoe (2005), Faria (2008), and
Carlin, Chowdhry, and Garmaise (2012)]. If OC is embedded in both the firm and its key
employees, then the bidder must acquire the target in its entirety and retain its key employees.
Alternatively, if OC is embedded only in key employees (Prescott and Visscher, 1980), then the
bidder can acquire OC solely by hiring the key employees of the target. Given that the overall OC
literature suggests that the value of OC extends beyond just key employees, the M&A setting thus
provides a unique opportunity to study the acquisition of OC. Moreover, this setting is also
valuable because the single way for OC to appear on a balance sheet is when an acquisition is done
under the purchase method of accounting. Under this method, if bidders pay for the targets’ OC,
the acquired OC is captured on the bidder’s balance sheet in the booked goodwill or booked
identifiable intangible assets associated with the transaction. According to SFAS 141(r) A25:

“The acquirer subsumes into goodwill the value of an acquired intangible asset that is not
identifiable as of the acquisition date. For example, an acquirer may attribute value to the
existence of an assembled workforce, which is an existing collection of employees that
permits the acquirer to continue to operate an acquired business...the assembled
workforce is not an identifiable asset to be recognized separately from goodwill, any value
attributed to it is subsumed into goodwill.”

This accounting standard indicates that non-identifiable intangible assets (like OC) are
subsumed into goodwill. Though the statement does not mention the term OC, it uses the existence
of an assembled workforce (which is a component of OC) as an example. Thus, the statement

implies that the OC of a target firm is subsumed into the booked goodwill associated with the
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acquisition if the bidder pays for target OC. The value of goodwill therefore represents the future
economic benefits of the non-identifiable intangible assets, including OC.

In Exhibit 1, I provide excerpts from a sample of acquiring-firm 10Ks where the bidders
describe the components of goodwill. The two main components of goodwill are OC and
synergies, and the components of OC include, but are not limited to, items such as assembled
workforces, technology, and key personnel. More specifically, the following OC-related items are
referred to in the goodwill literature as being components of goodwill: organization costs,
reputation, better quality workforce, customer lists, cost of development, managerial talent,
customer service, economies of scale, and great market position among others (Nelson, 1953; Falk
and Gordon, 1977; Chauvin and Hirschey, 1994).°

Since I am using transacted goodwill, one can argue that the goodwill recorded is related
to managerial hubris (Roll, 1986) rather than the acquisition of OC. There are three reasons that
alleviate this concern. First, if goodwill represents managerial hubris, then there should be no
relation between goodwill and the target’s investment in OC. However, my results indicate that
there is indeed a relation between the two. Second, even if managerial hubris is present, it should
be orthogonal to the target’s OC, mitigating this concern. Third, if goodwill reflects hubris, then
the announcement of goodwill impairment should have no effect on stock price, assuming the
market is efficient. However, Bens, Heltzer and Segal (2011) find a negative market reaction to
the announcement of goodwill impairment, indicating that goodwill is an intangible asset of the

firm.

° Note that in an M&A transaction, the bidder may record identifiable intangible assets like workforce and non-
compete agreements, which are part of OC. I account for these in my measures of acquired intangible assets when I
study the market price of OC.
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2.2.3 Hypothesis Development and Variable Definition

Since it is virtually impossible to trade the firm’s OC as a free-standing asset, in order to
procure the OC of a target firm, the acquiring firm must purchase the target firm in its entirety. If
bidders acquire target OC in an M&A transaction, then OC should have a price. Thus, I should
observe a positive relation between the recorded intangible assets like goodwill and the target’s
OC. The variable of interest is Scaled OC (Scaled OCnet), where 1 scale OC (OCnet) by targets’
total assets, TAr:1, which are measured at the last fiscal year end prior to the completion of the

acquisition, and OC is measured as follows:

SG&A; ¢

OCi,t = (1 - Deproc)OCi’t_l + i (21)
_ SG&Ai,l
0o = “ott 2.2)

where OC;; is the measured OC of firm i at time ¢, Depr,. is the depreciation rate of OC set to 15%,
and g is the average real growth rate of firm-level SG&A set to 10% as in Eisfeldt and
Papanikolaou (2013). cpi, is the Consumer Price Index at time # with July 2010 as the base.'? I use
the same method to compute my alternative measure of OC, which I refer to as OCnet, except that
[ use SG&A net of both R&D and advertising expenses.

My measure of OC is broad and not all OC-related items are recorded as goodwill.!' Some
items are recorded separately as identifiable intangible assets when their values are material and
identifiable; otherwise, their values are subsumed into goodwill. Since these are amounts paid to
target shareholders for acquired measured OC, I should account for these in pricing acquired OC.

Excluding the value of these intangibles and using only goodwill underestimates how much

10 https:/fred.stlouisfed.org/

' These intangible assets are investments in OC in terms of the way the firms do their marketing, create and maintain
their customer base lists, tradename, customer relations, and their own idiosyncratic way of maintaining their
technologies.
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bidders pay for OC and potentially leads to inconsistency or misrepresentation. I measure acquired
intangible assets as follows:
- Acglntanl is the sum of booked goodwill and all identifiable intangible assets recorded in
the deal.
- Acglntan2 is Acqlntanl less both in-process R&D and patents.
- AcglIntan3 is the sum of booked goodwill and workforce as well as non-compete
agreements.
- GDWL is booked goodwill alone
The first hypothesis is:
HI: OC is an asset that has a price.
Implicit in this hypothesis is the assumption that cumulative SG&A measures OC. I test
the above hypothesis using the following deal-level regression:

Yore _ OCr¢—q
- ao + ﬁ1—+ ﬁzCASH + ﬁ3CARB + ﬁ4PREMIUM + InduSFF17 & YT FE
TAreq TAr¢—4

+epre (2.3)
where Y is Acqlntanl, AcqIntan2, Acqlntan3, or GDWL. The subscript B is for the bidder, T is for
the target, and time ¢ is the fiscal year during which the transaction was completed. The dependent
variables are Scaled Acqlntanl, Scaled Acqlntan2, Scaled Acqlntan3, and Scaled GDWL,
respectively. The variable of interest is Scaled OC (hereafter OC), and in separate regressions, I
replace OC in Eq. (2.3) with Scaled OCnet (hereafter OCnet). The coefficient estimates of the two
measures of OC are expected to capture the price that bidders pay, on average, for one dollar of

acquired target measured OC (OC and OCrnet).
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CASHp 1 1s a dummy variable which takes the value of 1 for 100% cash-financed deals,
and 0 otherwise. CARg, is the cumulative announcement abnormal return (CAR) of the bidder, in
percentage, for the three days (-1, +1) around the acquisition announcement date. The market
model is used to estimate the abnormal stock return. The equally-weighted CRSP market return is
used to estimate alpha and beta of the market model. Following Betton and Eckbo (2000), I
calculate PREMIUM as the initial offer price scaled by target stock price 60 days prior to the
announcement minus one, all multiplied by 100. In line with the notion of managerial hubris (Roll,
1986), I expect the coefficient estimates of CARp and PREMIUM to be negative and positive,
respectively. Indusrri7 & Yr FE are fixed effects for the Fama-French 17-industry classifications
(Fama and French, 1997) and year, respectively. In my tests, standard errors are clustered by
industry.'? All variables are as described in Appendix 2. A timeline of the acquisition event is
provided in Figure 1.

My second hypothesis addresses the productivity of acquired OC. An alternative approach
to investigating whether OC is transferable is to examine the relation between targets’ OC and
bidders’ future ROA. Thus my second hypothesis is:

H2: There is a positive relation between acquired targets’ OC and bidders’ future
operating returns.

I run regressions with ROA as the dependent variable and acquired OC (OCnet) scaled by

lagged total assets as the variable of interest to study this relationship as follows:

OIBDPg 4 0Cr s+ 0Cs, 1 OIBDP;,
B 00 =g+ By By P By 4 B - L .100
TAg: %+ TAp, % TAg, s TAg, P TAgt-1 +TA7—1
+ Induspp17 & Y1 FE + &g 41 2.4)

12 Since OC has a strong industry effect, I follow Petersen (2009) and cluster standard errors at the industry level.
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where OIBDPg+; 1s bidder’s operating income before depreciation for the fiscal year following
the transaction completion year; OCr.; is acquired target 7°s OC. All variables are as described
in Appendix 2. Note that at time ¢, the operating income reported by the bidder includes the
operating income of the target. Thus, I scale OIBDP3; by the sum of bidder and target total assets.
Eq. (2.4) is an augmented version of Banker, Huang, and Natarajan (2011), who study the value
created by SG&A. If acquired OC is productive for the bidder, then it should be positively
associated with bidders’ future operating returns and the coefficient estimate of OC is expected to
be positive and significant. A positive relationship between acquired OC and future profitability
implies that bidders acquire and employ targets’ OC.

I also study whether the observed relation between ROA and acquired OC arises via sales

growth. I alter the Eq. (2.4) with sales to investigate this relation as follows:

SALEg t41—SALEg 0Cr 4 0Cp SALEg ;—SALEg ¢ —SALET t_4
S,ILE +100 = ao + 5y SALE ~+ 5 SALE + Bz + ba SALE +SAlLE -100 +
B,t B,t B,t B,t-1 T,t—1
Indusgp7; &Yr FE + €p 414 (2.5)

where SALE is sales and all the other variables are as described earlier and in appendix 2. The
dependent variable is bidders’ Sales Growth and the variable of interest, OCr,~1/SALEB, is the
acquired OC scaled by lagged bidders’ sales. While the bidder’s sales at time ¢ include the target
sales during that year, this is not the case in year ¢-/. Therefore, when computing the increase in
sales for year ¢, [ deduct target sales at #-/ and scale by the sales of both target and bidder combined.

Lastly, I study the relation between asset turnover and acquired target OC by modifying

Eq. (2.4) as follows:

SALEB t+1 0Crt—1 O0Cp¢

_ 1 SALEg,
TA =aoth TA +’82TA +’83TA +’B4TA
B,t B,t B,t Bt B,

t-1+TAT -1

* 100 + IndUSFF17 &YT FE +

€pt+1 (2.6)
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The dependent variable is bidders’ Asset Turnover and the variable of interest, OCr,~-1/TAp, 1s the
acquired OC scaled by lagged bidders’ book value of total assets. All other variables are as

described above and in Appendix 2.

2.3 Data and Sample Description

The sample of M&A deals is obtained from the Thomson Reuters Securities Data Company
(SDC). I obtain the accounting and stock price data from the Compustat and Center for Research
in Security Prices (CRSP) databases, respectively, for the acquiring and target firms. The SDC
sample covers deals made by U.S. public bidders with announcement dates from January 1, 1990
and effective dates ending on or before December 31, 2013. Over that period, there are 87,297
completed deals, excluding repurchases and self-tenders. After matching and eliminating acquiring
firms for which accounting data is not available, the sample size is reduced to 63,878 deals.

Since this study requires financial data for the target firms, I limit the sample to U.S. public
targets. This criterion reduces the sample to 5,571 deals. Following the literature (Fuller, Netter,
and Stegemoller, 2002; Cai, Song, and Walking, 2011), I exclude deals where at least one of the
two firms is in the financial (SIC codes 6000 to 6999) or public utility sector (SIC codes 4900 to
4999). I drop deals where the transaction value listed in SDC is less than $1 million (inflation-
adjusted using July 2010 as the base). Following Masulis, Wang, and Xie (2007), I keep deals
where (1) the bidder owns less than 50% of the target shares outstanding prior to the announcement
date and owns 100% of the target after the transaction is completed, and (2) the transaction value
disclosed in SDC is at least one percent of the bidder’s market capitalization measured on the 11
trading day before the announcement date. To ensure that these targets are later delisted due to

M&A activity, I verify that the CRSP delisting codes for the target firms are in the 200s (M&A-
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related) within 150 days around the effective date. These criteria reduce the sample to 1,768
deals."

The final selection criterion is that the acquired goodwill, a component of the first main
dependent variable, is reported on the bidder’s balance sheet in the first annual report following
the effective date of the acquisitions.!* Instead of using the goodwill amount provided in
Compustat, I choose to use recorded goodwill on a deal-level basis for the following reasons. Most
importantly, using bidder-level regressions would lead to an error in the independent variable and
would violate the zero-conditional-mean assumption of OLS, resulting in a biased and inconsistent
OLS estimator. I describe this error-in-independent variable problem in detail in Appendix 1 and
show that the best solution is to hand-collect goodwill data for each deal from the bidders’ annual
reports from the Security Exchange Commission (SEC) website and use deal-level regressions.!?
Moreover, using deal-level data not only preserves the variation in the data but also allows me to
differentiate between cross- and within-industry transactions. Using deal-level data results in a
sample size of 999 deals.

In the second part of this chapter, I investigate the relationship between acquired OC and
bidders’ post-acquisition profitability, ROA, to provide confirmatory evidence on the
transferability of OC. Unlike goodwill, ROA is measured at the bidder level and cannot be

disaggregated to the transaction level. Therefore, I must aggregate acquired OC. However,

aggregating acquired OC is problematic when the bidder makes acquisitions of private targets. I

13 There are no target firms with delisted codes in the 300s (share exchange-related) in this sample.

14 Prior to 2001, there were two methods of accounting for M&A — the pooling-of-interest method and the purchase
method. Under the former method, assets and liabilities were recorded on a “historical cost” basis while under latter,
the bidder records the transaction at the price actually paid. Goodwill is recorded only under the purchase method. In
January 2001, the Financial Accounting Standards Board (FASB) made the purchase method the only method of
accounting starting July 1, 2001. I exclude transactions in the sample that use the pooling-of-interest method as
goodwill amounts for these deals would not be available. See Weston, Mitchell, and Mulherin (2003).

15 https://www.sec.gov/edgar/searchedgar/companysearch.html
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solve this issue by using deals where the bidder made only one acquisition in a given fiscal year
and the acquired target is a public firm. This sample has 365 observations. To ensure that the ROA
of the bidders are not contaminated by other acquisitions, I drop observations where the bidder
made acquisitions in the fiscal year following the completion of the deal in question. This removal
of confounding events leads to a sample of size of 271 observations in year ¢+/. Applying this
procedure to the second fiscal year following the completion of the deal reduces the sample size

to 193 observations. Table 2.1 provides a summary of the construction of the sample.

2.4 Results

2.4.1 Summary Statistics

While most of the variables used in the empirical tests of this study are scaled by total
assets, I start by presenting the summary statistics of the unscaled versions of the main variables
and some reference variables in Panel Al of Table 2.2. I do this to provide a better view of the
significance of my results and some statistics regarding the dollar amount of intangible assets
recorded in M&A deals. I present the statistics for the Full sample first, followed by the Cross-
and Same-Industry samples, respectively. The Same- (Cross-) Industry sample consists of
observations where the bidder and target (do not) share the same two-digit SIC codes. For the Full
sample, the means (medians) of Acqlntanl, Acqintan2, Acqintan3, and GDWL are $1.20 ($0.28),
$1.08 ($0.26), $0.89 ($0.20) and $0.88 ($0.20) billion, respectively. Overall, these numbers show
that a large dollar amount, on average, is being recorded as intangible assets acquired in an M&A

deal.'®

16 Note that in 445 observations, the bidder recorded in-process R&D and patents and they have a combined mean of
$0.4 billion. In 590 observations, the bidder recorded advertising-related intangible assets (Acglntan2 - Acgqlntan3)
and this variable has a mean of $0.3 billion. In 106 observations, the bidder recorded workforce and non-compete
agreements and they have a combined mean of $0.09 billion. When considering the mean of each of the scaled
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The dollar amount of my measure of OC has a mean (median) of $0.84 ($0.27) billion. The
dollar amount of OCnet has a mean (median) of $0.70 ($0.21) billion. The mean market value of
equity (ME) and book value of total assets (74) of the targets, measured at the most recent pre-
acquisition fiscal year-end, are around $1 billion in all three samples. The mean ME and 74 of the
bidders in the Full sample are about $10 and $8 billion, respectively. The bidders in the Cross-
Industry sample are, on average, larger than those in the Same-Industry sample.

In Panel A2, I present the summary statistics of the above variables scaled by targets’ total
assets measured at the last fiscal year end prior to the completion of the acquisition. The mean
(median) of Scaled Acqlntanl is 1.91 (1.22) in the Full sample, implying that the average amount
attributed to intangible assets in a transaction in this sample is almost double that of the targets’
total assets. In the Full sample, the means (medians) of Scaled Acqlntan2 and Scaled Acqlntan3
are 1.63 (1.04) and 1.36 (0.83), respectively, while the mean (median) of Scaled GDWL is 1.35
(0.83). This figure indicates that the average amount of goodwill recorded in a transaction in this
sample is about 135% of the total assets of the target. The magnitude of the booked goodwill and
Scaled GDWL suggests that goodwill is an important asset recorded in M&A transactions. The
means of scaled acquired intangibles are significantly higher in Cross- than in Same-Industry
deals.

Scaled OC and Scaled OCnet have means (medians) of 1.86 (1.40) and 1.43 (1.08),
respectively.!” The median level of Scaled OC in this sample is comparable to that in the fourth

quintile (Table III) of Eisfeldt and Papanikolaou (2013), suggesting that the targets in this sample

intangibles in Panel A2, I find that the means of Scaled Acqlntani, Scaled Acqintan2, and Scaled Acqlntan3 are
statistically larger than the mean of Scaled GDWL in the Full sample. This implies that the sum of the different
measures of acquired identifiable intangible assets net of goodwill are, at least statistically, valuable assets.

17 There is no statistical difference in the level of Scaled OC and Scaled OCnet between Cross- and Same-Industry
deals.
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are, on average, high OC firms. The means (medians) of Scaled Bidder OC and Scaled Bidder
OCnet (where I use the OC and OCret of the bidders) are 1.17 (0.93) and 0.90 (0.68), respectively.
On average, Scaled OC 1is larger than Scaled Bidder OC and the difference is economically and
statistically significant. In this sample, I can conclude that, on average, the targets are more OC-
intensive than are the bidders. In this sample, about 40% of the deals are financed solely with cash.
The mean of CAR3 is -1.17% for the Full sample, and -1.50% and -1.04% for the Cross- and Same-
Industry samples respectively.!® The average PREMIUM is 49%. These statistics are consistent
with Betton et al. (2008).

As mentioned earlier, in the second part of this chapter, I study the relation between
acquired targets’ OC and the following three post-acquisition variables — bidders’ return on assets
(ROA), Sales Growth, and Asset Turnover. The mean and median of post-acquisition bidder ROA
are approximately 10% and 11% per year for the first and second fiscal years, respectively. The
average Sales Growth in the first fiscal year following acquisition completion is around 15%.
However, in the second fiscal year, the average Sales Growth is -1.55%. The Asset Turnover of
the bidders is about 1, on average, in each of the first two fiscal years following the completion of
the acquisition. The means of acquired OC (OCret) scaled by bidders’ TA4 in the first and second
years following the completion of the acquisition are 0.41 (0.31) and 0.46 (0.33), respectively.
Scaling these two variables instead by bidders’ sales in the first and second year following
acquisition completion are 0.77 (0.52) and 0.59 (0.40), respectively.

Consistent with my hypothesis H/, from the correlation matrix in Panel B1 of Table 2.2, I
find that all the different measures of acquired scaled intangible assets have a positive and

significant correlation with both Scaled OC and Scaled OCnet. In line with the notion of

18 The difference in CAR between Same- and Cross-Industry samples is statistically insignificant.
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managerial hubris (Roll, 1986), I find a positive and significant correlation coefficient between
PREMIUM and the different scaled intangible asset variables. Both Scaled OC and Scaled OCnet
have a positive and significant correlation with both CASH and PREMIUM. These results imply
that, on average, when acquiring high OC targets, bidders tend to use cash as the method of
payment and pay a higher premium. This result may also suggest that bidders account for the
targets” OC positively when calculating the premium to pay in M&A deals. The variable CARp
has a positive and significant correlation with cash financing as the method of payment, indicating
that the market reacts, on average, less negatively to deals financed solely with cash. Similar
observations are made from the Same-Industry sample in Panel B2.

From the correlation matrix in Panel B3, I find that both scaled acquired OC and scaled
acquired OCret are significantly negatively correlated with ROA for each of the two fiscal years
following the completion of the acquisitions, while these coefficients are insignificant in Panel B4
(Same-Industry sample). In Panel B5, I find that both acquired OC and acquired OCret scaled by
sales are positively (negatively) correlated with Sales Growth in year t+1 (#+2). In Panel B6, a
similar observation is made for year #+1 in the Same-Industry sample. In Panel B7, I find that both
scaled acquired OC and scaled acquired OCret are positively correlated with Asset Turnover for
each of the two fiscal years following the completion of the acquisitions. Similar observations are
made in Panel B8 where I consider the Same-Industry sample.

2.4.2 The Price of OC

In Table 2.3, I present the results of Eq. (2.3) starting with Scaled Acqlntanl as the
dependent variable in the first three columns and end with Scaled GDWL in the last three columns.
I thus start with the aggregate of all acquired intangible assets booked in an M&A transaction and

then remove the identifiable intangible assets and subsequently use solely the non-identifiable
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intangible assets. In the first three columns of Table 2.3, the coefficient estimates of OC are
positive and significant. From the Full sample, I can interpret this coefficient estimate simply as
follows: Scaled Acqlntanl increases by 0.14 when OC increases by one. More intuitively, though,
if I multiply both sides by total assets, then I can interpret this coefficient as the price that bidders
pay on average for one dollar of acquired targets’ measured OC. In this case, when considering all
booked intangible assets in a deal, bidders pay 14 cents, on average, per dollar of acquired targets’
measured OC. The corresponding amounts for the Cross-Industry and Same-Industry samples are
14.6 and 16.4 cents per dollar, respectively.!® These results are consistent with my observations
from the correlation matrices and, more importantly, my hypothesis that OC is an asset that has a
market price and that bidders pay for acquired target OC in M&A deals. These results also validate
the use of a cumulative SG&A measure of OC.

The coefficient estimate of CASH is positive in all samples and significant in the Full and
Cross-Industry samples only, implying that for a given level of book value of total assets, more
intangible assets are recorded, on average, when the deal is 100% cash financed. The coefficient
estimate of CARp is negative in all samples and significant in the Full and Same-Industry samples
only. This result implies that there is a negative relation between bidders’ stock price reaction and
the amount of scaled intangible assets booked in a transaction. As expected, the coefficient
estimates of PREMIUM are positive in all samples, but significant in the Full and Same-Industry
samples only. Consistent with my expectations, similar observations are made when using the
different measures of acquired intangible assets. Taken together, the negative coefficient of CAR3
and the positive coefficient of PREMIUM can be interpreted as a proxy for managerial hubris, a

component of goodwill (Roll, 1986).

19 The difference in the price of OC between Cross- and Same-industry subsamples is statistically insignificant in all
models in this Table.
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One may argue that intangibles such as in-process R&D and patents are associated with
R&D expenses but not specifically with OC and thus these amounts should not be included in my
dependent variable. I address this issue by using Scaled Acqlntan2 as the dependent variable —
Acglntan?2 is the sum of acquired intangible assets that are unrelated to R&D expenses. I present
the results in the next three columns of Table 2.3. Consistent with my hypothesis that OC has a
price, the coefficient estimate of OC is still positive in all samples but significant in the Full and
Same-Industry samples only. The coefficient estimates of the control variables are similar to those
under the previous model.

Another argument that can be made is that Acglntan2 includes intangibles related to
advertising investment but are not specifically related to OC and I should thus exclude these
amounts from my dependent variable. I address this issue by using Acqlntan3, which is the sum
of GDWL, workforce, and non-compete agreements, as my dependent variable and present the
results in the next three columns of Table 2.3. The coefficient estimate of OC is again positive in
all samples and significant in the Full and Same-Industry samples only, implying that bidders pay
10.8 cents and 12.5 cents, on average, per dollar of acquired OC, when considering Acgqlntan3.
The coefficient estimates of the control variables are qualitatively similar to those observed in the
previous model, although CASH is significant only in the Cross-Industry sample.

In the final three columns of Table 2.3, I use scaled GDWL, which does not include any in-
process R&D, patents, advertising investments, workforce, and non-compete agreements, as the
dependent variable. For the Full sample, the coefficient estimate of OC is positive and significant,
implying that bidders pay 11 cents, on average, per dollar of acquired targets’ measured OC
through goodwill. In horizontal deals, bidders pay 12.5 cents, on average, per dollar of acquired

targets’ measured OC through booked goodwill. For the Cross-Industry subsample, the coefficient
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estimate of OC is positive but insignificant, as in the last two models. Thus, I fail to conclude that
bidders pay for their acquired targets’ OC in cross-industry deals. However, the Cross-Industry
sample is very small in size and the presence of both industry and year fixed effects potentially
removes significant valuable variation in the data (see Gormley and Matsa, 2014). Excluding the
industry fixed effects in the Cross-Industry sample in these models results in a positive and
significant (p-value of about 0.08) coefficient estimate of OC.

Since the coefficient estimates of OC in the first two models (namely those using Scaled
Acqlntanl and Scaled Acqlntan?) are significant and larger in magnitude than those in the Scaled
GDWL model, it implies that acquired measured OC is also related to the other mentioned
intangible assets. From this table, I can make three conclusions: (1) the value of acquired targets’
measured OC is reflected in the value of intangible assets recorded in M&A deals, (2) bidders pay
for acquired targets’ OC, and (3) the market value of targets’ OC is reflected in the purchase price
of target firms.

It should be noted that the dependent variables in Eq. (2.3) are censored from below since
recorded intangible assets do not take negative values in my sample. As a result, the Tobit model
is more appropriate than the traditional OLS regression. In untabulated results, I find that the Tobit
model produces results that are comparable to those using the OLS regressions and, thus for ease
of exposition, I present only the output from the OLS regressions. Additionally of note, while the
industry fixed effects used are based on Fama-French 17-industry classification, following Eisfeldt
and Papanikolaou (2013), these results are robust to using fixed effects based on two-digit SIC

codes.?’

20 The results of the Tobit model as well as the results using 2-digit SIC codes are available upon request.
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Since both R&D and advertising expenses are included in SG&A expenses (the input in
my measure of OC), it is natural to ask whether my results are being driven by these potentially
significant expense amounts. To address this question, I note that in an M&A deal, any material
R&D and advertising values should be recorded by the bidder as an identifiable item such as in-
process R&D, and, for advertising expenses, the value of brand names or trademarks. Since these
values should not be added into the amount of recorded goodwill, any component of R&D or
advertising subsumed into goodwill should thus be immaterial. Therefore, when using Scaled
GDWL as the dependent variable in Table 2.3, the relation that I observe is not due to any material
R&D or advertising expenses. On the other hand, if these investments are material, they are
captured in Scaled Acqlntanl, which comprises all intangible assets. Indeed, the coefficient
estimates of OC are larger in this model compared to those from that using Scaled GDWL.

To further address this issue, I use an alternative measure of OC in which I capitalize
SG&A net of both R&D and advertising expenses, defined earlier as OCret. 1 then replicate Table
2.3 using OCret instead of OC and present the results in Table 2.4. If R&D or advertising expenses
do indeed drive the results that I have shown so far, then the coefficient estimate of OCnet should
be insignificant in Table 2.4.

In Table 2.4, the coefficient estimates of OCret are positive and significant in all samples
and all models. In the first three columns, this estimate implies that, when considering Acglntanl,
bidders pay 13.3 cents, on average, per dollar of acquired targets’ measured OCret, while the
corresponding amounts for the Cross-Industry and Same-Industry samples, are 14.2 and 14 cents
per dollar, respectively.?! These results are consistent with my hypothesis that OC is an asset that

has a market price and that bidders pay for acquired target OC in M&A deals. The estimates of the

2! The difference in the price of OC between Cross- and Same-industry subsamples is statistically insignificant.
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control variables are similar to those in the corresponding model in Table 2.3, with the exception
of 2, which is not significant in the Same-Industry sample.

In columns 4 to 6 of Table 2.4, bidders pay 15 cents, on average, per dollar of acquired
measured OCrnet in the Full sample when considering Acqlntan?2. In the Cross- and Same-Industry
samples, they pay 15 and 17 cents, on average, respectively. In columns 7 to 9, bidders pay 13
cents, on average, per dollar of acquired OCret when using Scaled Acqlntan3 as the dependent
variable in the Full sample. In cross-industry acquisitions, they pay 11 cents, on average, and 15
cents in horizontal deals.

In the final three columns, bidders pay 13 cents, on average, per dollar of acquired OCnet
through GDWL in the Full sample. In the Cross- and Same-Industry samples, the corresponding
amount are 9 and 15 cents on average, respectively. The coefficient estimates of the control
variables in the last three models are qualitatively similar to those in the corresponding models in
Table 2.3.

When using OCnet in Table 2.4, the results consistently support that bidders do pay for
targets’ OC in cross-industry transactions. In the last two models in particular, both the dependent
variable and the variable of interest are free of any material component of R&D and advertising.
These findings confirm that R&D and advertising expenses are not driving the results observed in
Table 2.3, and are in line with Lev and Radhakrishnan (2005), who argue that non-R&D firms
maintain their competitive advantage through OC generated by SG&A. The takeaway from this
table is that bidders pay for acquired targets” OC in M&A deals and that these results are not being
driven by the R&D and advertising expenses included in SG&A, the input to measure OC.

Moreover, the value of OC is subsumed into the recorded amount of goodwill.

27



In the current setting, I argue that the bidder uses the acquired OC, an intangible asset, in
combination with its own assets to generate future cash flow. Thus far, I have shown evidence that
bidders pay for acquired OC. Ceteris paribus, a larger bidder will pay more for a unit of OC if that
unit provides greater benefit through economies of scale. Alternatively, if the OC is scarce and can
be withheld from a bidder, then it is a bargaining game. I test whether the bidder’s size has any
effect on the price of the acquired measured OC. In untabulated results, I fail to find evidence
supporting the contention that the price of acquired target OC is a function of bidder size.?

Next, [ examine whether the price of acquired target OC is a function of the bidders’ own
OC. For instance, bidders with high levels of OC may not be interested in buying more if their
own is sufficient. Alternatively, these bidders may be willing to buy their targets’ OC since they
are more familiar with investments in OC and know its importance. Finally, it is possible that
acquired OC is not a function of bidders’ OC. The answer to this question is an empirical one,

which I test by augmenting Eq. (2.3) with the interaction of OC and scaled bidder OC as follows:

GDWLlpr: _ OCrt—1 0Cpt—1 OCrt—1  OCpt—1
—TAT,t—l =a,+ [ Taris + B, TAp ey + f3 TAres TApia +£,CASH + BsCARg + foPREMIUM +
Indusgp7; &Yr FE + eg 1y 2.7)

I report the results with Scaled GDWL as the dependent variable in Table 2.5. In the first
three columns of Table 2.5, I present the results using OC in the interaction term and in the last
three columns, replacing OC with OChret.

In the first column of Table 2.5, the coefficient estimate of OC is positive and significant
while that of the interaction term is negative and significant. Taken together, these estimates imply

that bidders pay for acquired target OC in an acquisition and that high OC bidders tend to pay less

221 do this by controlling for the bidders’ size using bidders’ total assets as a proxy in Eq. (2.3) and interacting OC
with bidders’ size. The coefficient of the interaction term is the variable of interest in this model. Similar results are
obtained when I use OCnet instead of OC.
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for it than do bidders with low levels of OC. At the mean of scaled bidders’ OC, the price per
dollar of acquired target OC through GDWL is 15 cents. No significance is found in the Cross-
Industry sample for OC or the interaction term, while the latter in the Same-Industry sample
suggests that as bidders’ Scaled OC increases, they pay less per dollar of acquired OC. At the mean
of bidders’ Scaled OC, bidders pay 17 cents, on average, through booked GDWL per dollar of
acquired target OC.

In the next model, I replace OC by OCret and find that the coefficient estimates of OCnet
are similar to those obtained when using OC. The interaction term is insignificant in all
specifications, implying that the bidders’ own OCret is not a determinant of the price of OCret.
The takeaway from this table is that bidders do pay for targets’ OC in an acquisition (using either
OC or OCnet). Using OC as the measure, there is some evidence that low-OC bidders pay more
for acquired targets’ measured OC than do high-OC bidders. However, it does not appear that
bidders” own OC influences the price paid for targets’ OC when using OCret as a measure of
oCc.?

In the next section, I study the productivity of acquired targets’ OC by analyzing the
relation between the bidders’ post-acquisition ROA and acquired targets’ OC. Since annual post-
acquisition ROA is the dependent variable, for consistency, I can use either aggregate acquired
targets’ OC within a fiscal year as the independent variable of interest or deals where the bidder
makes only one public acquisition in a fiscal year. However, using aggregating acquired OC will
result to an error-in-independent variable problem leading to a biased and inconsistent OLS

estimator when the bidder makes any acquisitions of private targets.>* Therefore, to avoid this

23 1 obtain similar results when using each of the other three measures of scaled acquired intangible assets as the
dependent variable.
24 Please refer to Appendix 1 for a detailed econometric rationale.
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problem, I use deals where the bidders make a single acquisition in a fiscal year and the target is a
public firm. Thus, in this section, my regressions are on a deal-level basis.

Before I test the productivity of acquired OC, I verify whether the bidders who made a
single public acquisition in a fiscal year pay for acquired OC. Ex ante, there is no reason to expect
these bidders do not pay for their acquired OC. I replicate Tables 2.3 and 2.4 using this subsample
and show the results in Tables 2.6 and 2.7, respectively.

In Table 2.6, I find that the coefficient estimates of OC are positive and significant only in
the Same-Industry sample in all models, with bidders paying about 19 cents, on average, for a
dollar of acquired target OC. When using OCret in Table 2.7, I find that the coefficient estimates
of OCnet are positive and significant in both Full and Same-Industry samples in all models, with
bidders paying about 23 cents, on average, per dollar of acquired OCret in horizontal deals. The
takeaway from this and the previous table is that bidders making a single acquisition in a fiscal
year pay for their acquired targets’ OC in horizontal deals. Depending on the measure of OC and
the measure of acquired intangible assets used, I find that the price of OC varies between 18 cents
and 25 cents per dollar of acquired OC. Though these prices paid may seem low, it must be noted
that not all of SG&A amounts are investments in OC. Hulten and Hao (2008), Eisfeldt and
Papanikolaou (2014), and Peters and Taylor (2017) use 30% of SG&A as investment in OC. If I
consider 30% of SG&A as the investment in OC, then the per-dollar price of acquired OC varies
between 60 cents and 83 cents in my sample.

2.4.3 The Productivity of Acquired OC

Thus far, I have provided ample evidence supporting the notion that bidders pay for

acquired targets’ OC in M&A transactions. I now provide confirmatory evidence on the

transferability of OC by showing a positive relation between acquired target OC and the following
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three ratios: (1) return on assets (ROA), (2) sales growth (Sales Growth) and (3) asset turnover
(Asset Turnover). 1 begin by examining ROA since there is evidence in this literature that OC is
associated with higher profitability (see, e.g., Banker et al., 2011; Li et al., 2017). Showing that
acquired target OC is positively related to post-acquisition bidders’ ROA implies that bidders
employ their acquired OC and that the acquired OC is a transferable asset.

I show the results of Eq. (2.4) in Table 2.8.% In the first six and last six columns,
respectively, I present the results for the first and second fiscal year following the completion of
the acquisition.?® In the first three columns, I exclude OC and find that bidders’ own lagged scaled
OC is insignificant, implying that the bidders’ own OC is not productive for them. Adding in OC
in the next three columns, I find it to be positive and significant in the Full and Cross-Industry
samples, implying that one dollar of acquired measured OC is associated with 2.32 cents and 3.08
cents of operating income, on average, respectively. This figure may seem economically
insignificant. Recall from Table 2.6 that these bidders pay 20 cents (Same-Industry sample, Scaled
Acqlntanl model), on average, per dollar of acquired target OC. This figure translates into a return
on acquired targets’ OC of 15.4% in the first fiscal year following the completion of the transaction
for horizontal deals. I find no significant relation between the bidders” ROA and their acquired OC
in cross-industry deals, consistent with the finding in Table 2.6 that bidders do not pay for OC in
cross-industry deals. However, given the small sample size, I cannot make strong conclusions for

this sample.

25 Note that in Eq. (2.4) I use acquired OC for simplicity instead of depreciated acquired OC. Factoring in the
depreciation of OC will increase the magnitude of the coefficient estimates of ;. I limit the observations to where
ROA and lagged ROA are within 100%.

26 Note that the sample size reduces significantly for these tests because I consider only observations where the bidder’s
sole acquisition in any particular year is a public target. Additionally, for the first fiscal year, I drop any observations
where the bidder made an acquisition in that fiscal year. For the second fiscal year, I exclude any observations where
the bidder made an acquisition in either of those two fiscal years.
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In the second fiscal year, the coefficient estimates of OC are positive in all samples but
significant only in the Same-Industry sample, where one dollar of acquired OC is associated with
2.49 cents of operating income, on average, making the return on acquired target OC 12.45%. The
takeaway from this table is that when bidders pay for target OC, the latter is positively related to
the bidders’ post-acquisition operating income.

I use OCnet instead of OC to replicate Table 2.8 and show the results in Table 2.9.% In the
first year following the completion of the transaction, I find no significant relation with OCret. In
the second fiscal year, one dollar of acquired OCret in the Same-Industry sample is associated
with 3.22 cents, on average, of operating income, generating a return on acquired target OCnet of
13.53% given that these bidders pay 23.8 cents (Table 2.7 — model Scaled GDWL). The takeaway
from this table is that there is evidence that acquired OCret is positively related to post-acquisition
ROA.

In this section, I study whether the observed relation between ROA and acquired OC arises
through sales growth. I use Eq. (2.5) to investigate this relation and I show the results in Table
2.10.%® The results for the first and second fiscal years following the completion of the acquisition
are provided in the first six and last six columns, respectively. In the first three columns, I report
the results of Eq. (2.5) without including OC. I find that for these bidders, their own OC is
negatively associated with their sales growth and these coefficient estimates are significant in the
Full and Same-Industry samples. I find similar results when I incorporate OC in the next three
columns. In the Same-Industry subsample, I find that that one dollar of acquired targets’ OC is

associated with a 2.47 cent, on average, increase in sales. In the second fiscal year, none of the

271 do not report the results for the regressions first without OCnet as they are qualitatively and statistically similar to
the earlier results without OC in Table 2.8.
28 T exclude observations where Sales Growth is in excess of 100%, which I consider as outliers.
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coefficient estimates of OC are significant. The takeaway from this table is that there is evidence
that acquired OC is positively associated with bidders’ sales growth in the year following the
completion of the acquisitions.

I re-estimate Eq. (2.5) with OCret instead of OC and present the results in Table 2.11. My
results imply that one dollar of acquired targets’ OCret is associated with a(n) 11.21 and 5.28
cents, on average, increase in sales in the Cross- and Same-Industry samples, respectively. In the
second fiscal year, all coefficient estimates of OCret are insignificant. The conclusion from this
table is that there is some evidence that acquired OCret is positively associated with bidders’ sales
growth in the year following the completion of the acquisitions.

I now study the relation between acquired target OC and asset turnover, a measure of
efficiency indicating the amount of sales a company’s assets are generating. I use Eq. (2.6) and
present the results in Table 2.12. The first six and last six columns present the results for the first
and second fiscal years following the completion of the acquisition, respectively. In the first fiscal
year, the coefficient estimate of OC is positive and significant in the Full and Same-Industry
samples. These estimates imply that one dollar of acquired OC (that costs 20.3 cents in the Same-
Industry sample) is associated with 8.2 and 7.7 cents of sales, on average, in the Full and Same-
Industry samples, respectively. In the second fiscal year, one dollar of acquired OC in the Full
sample is associated with 3.3 cents of sales, on average, while in Cross-Industry deals, it is
associated with 9.7 cents of sales. In the Same-Industry sample, one dollar of acquired OC is
associated with 5.2 cents of sales. The takeaway from this table is that acquired OC is positively
associated with bidders’ sales and Asset Turnover following the completion of the acquisitions.

The latter implies that acquired targets’ OC contributes to the efficiency of total assets in
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generating sales.?’ The overall evidence that acquired targets” OC is positively related to future
sales and income suggests that acquired OC is related to future cash flows and is therefore a
valuable transferable asset.

A concern with both of my OC measures is that the initial value of OC, OC;y, depends
significantly on the first available data on SG&A and thus may influence the results. Following
Eisfeldt and Papanikolaou (2013) and Li et al. (2017), in additional tests, I drop observations where
OC is in the first five years of the measured OC (that is, OC; o to OCi:=4) to reduce the impact of

the initial OC. While I do not report the results, they are economically and statistically similar.3°

2.5 Concluding Remarks

In this study, I examine the value that bidders pay for the organization capital of target
firms in mergers and acquisitions and investigate whether the acquired OC is transferable and
productive. I first show evidence that bidders pay for targets’ OC when making same-industry
acquisitions. Depending on the measure of OC and measure of acquired intangible assets
employed, I find the price that bidders pay varies between 9 and 25 cents per dollar of targets” OC.
I do not observe these relations consistently in cross-industry transactions, however. To the best
of my knowledge, this paper is the first to place an explicit value on the price paid for OC in an
acquisition. Moreover, these findings validate the use of the cumulative SG&A model to measure

investment in organization capital.

2 1 re-estimate Eq. (2.6) with OCnet instead of OC and present the results in Table 2.13. I find that that there is
evidence of a positive relation between acquired OCnet and both bidders’ sales and asset turnover following
acquisition completion. I do not report the results for the regressions first without OCret as they are qualitatively and
statistically similar to the earlier results without OC in Table 2.12.

30 Results are available upon request.
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I further show a positive relation between acquired OC and bidders’ future ROA, sales
growth, and asset turnover in same-industry acquisitions following transaction completion. The
returns on acquired OC in the first and second fiscal years after acquisition completion are 15%
and 12%, respectively. The finding that target OC is related to both the price bidders pay and
bidders’ post-transaction ROA, sales growth, and asset turnover strongly supports the idea that OC

is a transferable asset that has a price.
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Exhibit 1: Goodwill and OC

This table presents evidence from the annual report of bidders following the completion of
acquisition(s) supporting OC being subsumed into goodwill

Bidder Name

Target Name

Completion
Date

Comments regarding goodwill from annual report

Cadence Design
Systems Inc.

The Stanley Works

Equinix Inc.

Robbins & Myers
Inc.

Viasystems Group
Inc.

Consolidated
Communications
Holdings Inc.

DTS Inc.

Office Depot Inc.

Bally Technologies

Inc.

Simplex Solutions
Inc.

The Black &
Decker Corp.

Switch & Data
Facilities Co Inc.

T-3 Energy
Services Inc.

DDi Corp.

SureWest
Communications
Inc.

SRS Labs Inc.

OfficeMax Inc.

SHFL
entertainment Inc.

June 28, 2002

March 12,
2010

May 3, 2010

Jan. 10, 2011

June 1, 2012

July 2, 2012

July 23, 2012

Nov. 5,2013

Nov. 25,2013

“Cadence purchased Simplex to acquire key personnel
and technology.”*! (p. 71)

“Goodwill is calculated as the excess of the
consideration transferred over the net assets
recognized and represents the expected revenue and
cost synergies of the combined business, assembled
workforce, and the going concern nature of Black &
Decker.” (p. 74)

“Goodwill is attributable to the workforce of Switch
and Data and the significant synergies” (p. F-19)

“Goodwill recognized from the acquisition primarily
relates to the expected contributions of the entity to the
overall corporate strategy in addition to synergies and
acquired workforce, which are not separable from
goodwill.” (p. 38)

“Goodwill of $53,694 was calculated as the excess of
the purchase price over the fair value of net tangible
and identifiable assets acquired; and represents the
value of the assembled workforce, ...” (p. 65)

“Goodwill recognized from the acquisition primarily
relates to the expected contributions of the entity to the
overall corporate strategy in addition to synergies and
acquired workforce, which are not separable from
goodwill” (p. F-16)

“Goodwill represents the excess of the purchase price
over the fair value of the underlying net tangible and
identifiable intangible assets, and it includes the value
of the synergies between the acquired company and
the Company and the acquired assembled workforce,
neither of which qualifies as an identifiable intangible
asset.” (p. 80)

“Goodwill is considered to represent the value
associated with the workforce and synergies the two
companies anticipate realizing as a combined
company.” (p. 73)

“The goodwill recognized is attributable primarily to
expected synergies and the assembled workforce of
SHFL.” (p. F-24).

31 Goodwill is 68% of net assets acquired in this transaction.
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Table 2.1: Sample construction

Selection Criteria No. of transactions
Completed acquisitions by U.S public acquirers®? (1990-2013) 87,297
Matched acquirers’ PERMNQO and GVKEY 63,878
Public targets 6,814
U.S targets 5,571
Exclude transactions in:
Financial sector (SIC 6000-6999) 3,331
Public utilities (SIC 4900-4999)
SDC transaction value greater than $1m (July 2010 dollars) 3,093
Acquirers’ ownership of targets:
Prior to the announcement date: less than 50% 2,409
After the completion: 100%
Matched targets’ PERMNO and GVKEY 1,986

Transaction value greater than 1% of bidder’s market value of

equity 11 days prior to announcement date 1,804
Target’s delisting code in CRSP is in the 200s 1,768
Transactions with hand-collected goodwill 999
Observations with target OC and target total assets 927
Subsample for productivity test

Single transaction in a fiscal year 365
Excluding confounding events in year ¢+/ 271
Excluding confounding events in year ¢+/ and ¢+2 193

32 Excluding repurchases and self-tenders.
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Table 2.2: Summary statistics and correlation coefficients

The sample consists of 927 completed M&A deals from 1990 to 2013 satisfying the criteria in Table 2.1 and all the variables are as described in
Appendix 2. Same- (Cross-) Industry are observations where the bidder and the target (do not) share the same two-digit SIC codes. All dollar values
are inflation-adjusted using July 2010 as the base year, and are in billions of dollars. All variables are trimmed at the top and bottom 1%. Panel A1l
shows the summary statistics of some reference and some unscaled variables. Panel A2 shows the summary statistics of the variables used in this
study. Panels B1 to B8 show the pairwise correlation of the variables. Superscripts x, y, and z represent the statistical significance at the 1, 5, and
10% levels, respectively. Superscripts a, b, and c represent the statistical significance at the 1, 5, and 10% levels, respectively, between the Cross-
and Same-Industry.

Panel A1: Summary Statistics of Reference & Unscaled Variables

Full Cross-Industry Same-Industry
Variables N Mean Median N Mean Median N Mean Median
Acqlntanl 918 1.203 0.284 267 1.217 0.359 651 1.197 0.252
Acqlntan2 918 1.079 0.257 267 1.135 0.314 651 1.055 0.225
Acqlntan3 918 0.886 0.204 266 0.898 0.248 652 0.881 0.182
GDWL 918 0.875 0.199 266 0.867 0.248 652 0.879 0.181
ocC 909 0.841 0.270 264 0.825 0.260 645 0.848 0.280
OCrnet 909 0.695 0.212 266 0.752 0.187 643 0.672 0.218
ME7,. 909 1.035 0.257 263 0.984 0.287 646 1.056 0.239
MEg,., 894 10.241 1.986 255 16.001 3.022 639 7.943 1.758
TA71 908 0.932 0.220 265 1.100 0.223 643 0.863 0.219
TAp:1 895 7.789 1.565 258 11.533 2.152 637 6.273 1.236
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Panel A2: Summary Statistics of variables used in this chapter

Full Cross-Industry Same-Industry
Variables N Mean  Median N Mean  Median N Mean  Median
Variables related to the acquisition of OC
Scaled Acqlntanl 918 1.913 1.224 265 2.133 1.371 653 1.823¢ 1.200
Scaled AcqlIntan?2 918 1.634 1.041 265 1.889 1.214 653 1.530° 1.024
Scaled Acqlntan3 918 1.364 0.833 265 1.586 0.938 653 1.274° 0.800
Scaled GDWL 918 1.352 0.831 265 1.564 0.914 653 1.266° 0.799
Scaled OC 909 1.855 1.400 264 1.829 1.333 645 1.865 1.453
Scaled OCnet 908 1.426 1.081 264 1.384 1.077 644 1.443 1.081
Control Variables
CASH 927 0.389 0.000 269 0.409 0.000 658 0.381 0.000
CARg 889  -1.172% -0.602 258  -1.499% -0.806 631 -1.039* -0.549
PREMIUM 891 49473  40.234 258  51.888*  42.238 633  48.488* 39.165
Scaled Bidder OC 882 1.172 0.931 252 1.062 0.851 630 1.215° 0.958
Scaled Bidder OCnet 882 0.899 0.684 252 0.812 0.651 630 0.933° 0.699
Variables related to the productivity of acquired OC
ROA;+; 267 9.524* 10.534 75 9.370* 10.959 192 9.584* 10.498
ROA;+» 190  10.695* 10.786 53 11.298* 11.049 137 10.461* 10.614
Sales Growth+; 261  14.586* 10.123 76 14.890* 8.490 185  14.460* 10.650
Sales Growth;+» 180 -1.554 -0.954 51 -2.742 -1.520 129 -1.084 -0.368
Asset Turnover+; 266 0.946 0.844 74 1.002 0.866 192 0.925 0.828
Asset Turnover;+» 190 0.971 0.856 53 0.943 0.883 137 0.983 0.845
OCr.1/TAp,: 267 0.409 0.230 75 0.383 0.183 192 0.420 0.244
OCnetr,.1/TAp,: 267 0.313 0.186 76 0.286 0.138 191 0.324 0.195
OCr,.1/TA+1 191 0.462 0.236 54 0.531 0.203 137 0.435 0.258
OCnetr:1/TAp 1 189 0.327 0.195 53 0.267 0.135 136 0.351 0.210
OCr,.1/SALE, 257 0.769 0.304 74 0.720 0.258 183 0.789 0.374
OCretr,.i//SALEg, 257 0.521 0.260 75 0.470 0.212 182 0.541 0.272
OCr..t/SALEg 1+, 181 0.587 0.270 53 0.629 0.213 128 0.569 0.284
OCnetr.1/SALEB 1+1 180 0.395 0.228 52 0.340 0.202 128 0.417 0.248
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Panel Bl: Pairwise Pearson Correlation Coefficients for variables related to the acquisition of OC

1 2 3 4 5 6 7 8
1 Scaled AcqIntanl 1
2 Scaled Acqlntan2 0.943% 1
3 Scaled Acqlntan3 0.928*  0.978* 1
4 Scaled GDWL 0.926*  0.976*  0.997* 1
5  Scaled OC 0.123*  0.125¢  0.113*  0.113* 1
6  Scaled OCnet 0.081Y  0.109* 0.100* 0.099* 0.936* 1
7 CASH 0.092*  0.082Y 0.036 0.040  0.082Y  0.067" 1
8 CARs -0.060~  -0.042 -0.040 -0.041 0.009 0.025 0.179* 1
9  PREMIUM 0.099* 0.081Y  0.088* 0.087* 0.070¥ 0.056” 0.026 0.015
Panel B2: Pairwise Pearson Correlation Coefficients for variables related to the acquisition of OC
SAME-INDUSTRY
1 2 3 4 5 6 7 8 9
1 | Scaled Acqintanl 1 0.936* 0.923* 0.923* 0.130* 0.087Y 0.070  -0.0917 0.141*
2 | Scaled Acqlntan2 0.957* 1 0.980% 0.980* 0.136* 0.121* 0.059 -0.077Y 0.122%
C | 3 | Scaled Acqintan3 0.938* 0.972% 1 0.999* 0.124* 0.115% 0.009  -0.075Y 0.123*
R |4 | Scaled GDWL 0.933* 0.967* 0.992% 1 0.124* 0.115% 0.010 -0.075Y 0.124*
O |5 | Scaled OC 0.1107 0.104* 0.088 0.087 1 0.936* 0.087¥ 0.040 0.086"
S | 6 | Scaled OCnet 0.073 0.084 0.067 0.063 0.938* 1 0.067* 0.042 0.076*
S |7 | CASH 0.138Y 0.127¥ 0.093 0.106” 0.071 0.068 1 0.200* 0.047*
8 | CARs 0.015 0.042 0.046 0.047 -0.067 -0.023 0.130¥ 1 0.042
9 | PREMIUM -0.011  -0.0278 -0.010 -0.018 0.028 -0.003 -0.031 -0.059 1
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Panel B3: Pairwise Pearson Correlation Coefficients for variables related to ROA

Year t+2
1 2 3 4 5
Y 1 | ROA 1 -0.195¢ -0.169¥ -0.132> -0.110
e 2 | OCr..1/TAp -0.175* 1 0.526*  0.921*  0.334*
a 3 | OCs/TAs -0.118* 0.435* 1 0.493*  0.924*
r 4 | OCnetr.1/TAs -0.152¥ 0.958*  0.430* 1 0.354*
t+t1 |5 | OCnets/TAp -0.022 0.390* 0.935*  0.433* 1

Panel B4: Pairwise Pearson Correlation Coefficients for variables related to ROA in Same-Industry deals

Year t+2
1 2 3 4 5
Y 1 | ROA 1 -0.007 -0.053 -0.029 -0.001
e 2 | OCr.1/TAp -0.089 1 0.561*% 0.963* 0.435*
a 3 | OCs/TAs -0.113 0.487* 1 0.572% 0.911*
r 4 | OCnetr.1/TAp -0.086 0.973*  0.478* 1 0.509*
t+1 |5 | OCnets/TAp 0.015 0.425*% 0.930% 0.510%
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Panel B5: Pairwise Pearson Correlation Coefficients for variables related to Sales Growth

SN 8 Q =

t+1

Year t+2
1 2 3 4 5
1 | Sales Growth 1 -0.193¥ -0.026 -0.142* 0.070
2 | OCr.i/SALE 0.184* 1 0.432*  0.942*  0.373*
3 | OCy/SALER -0.090 0.498* 1 0.426*  0.933*
4 | OCnetr.1/SALEs 0.295*  0.935* 0.392* 1 0.409*
5 | OCnetp/SALEs -0.065 0.474*  0.953* 0.491* 1

Panel B6: Pairwise Pearson Correlation Coefficients for variables related to Sales Growth in Same-Industry deals

SN 8 Q =~

t+1

Year t+2
1 2 3 4 5
1 | Sales Growth 1 -0.031 -0.132 -0.009 0.005
2 | OCr.i/SALEs 0.176Y 1 0.497* 0.961*% 0.519*
3 | OCs/SALEs -0.109 0.549* 1 0.490* 0.916*
4 | OCnetr..i/SALEg 0.274* 0.959* 0.425*% 1 0.551*
5 | OCnets/SALEs -0.062 0.571*% 0.953* 0.491*% 1
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Panel B7: Pairwise Pearson Correlation Coefficients for variables related to Asset Turnover

Year t+2
1 2 3 4 5
Y 1 | Asset Turnover 1 0.137~ 0.277* 0.182Y 0.388*
e 2 | OCr..1/TAp 0.090 1 0.526*  0.921*  0.334*
a 3 | OCs/TAs 0.176*  0.435* 1 0.493*  0.924*
r 4 | OCnetr.1/TAs 0.157  0.958*  0.430* 1 0.354*
t+t1 |5 | OCnets/TAp 0.301*  0.390* 0.935* 0.433* 1

Panel BS8: Pairwise Pearson Correlation Coefficients for variables related to Asset Turnover in Same-Industry deals

Year t+2
1 2 3 4 5
Y 1 | Asset Turnover 1 0.141 0.280* 0.224* 0.422*%
e 2 | OCr.i/TAg 0.139~ 1 0.561*  0.963*  0.435%
a 3 | OCp/TAs 0.171Y  0.487* 1 0.572  0.911*
r 4 | OCnetr,.1/TAs 0.238*  0.973* 0.478* 1 0.509*
tt1 |5 | OCnets/TAp 0.304*  0.425¢ 0.930* 0.510% 1
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Table 2.3: The price of acquired measured OC

This table presents the results from the estimation of the following OLS regression:

YBTt OCTt—l
e _ o, ,
TAne . T Pira,

+B,CASH + B3CARp + B PREMIUM + Indusgp,, & YT FE + g7,

where Y = Acqlintanl, Acqlntan2, Acqlntan3, GDWL. Acqlntanl is transacted goodwill plus all other acquired intangible assets. Acglntan? is
Acgqlntanl less both in-process R&D and patents. Acglntan3 is transacted goodwill plus work force and non-compete agreements. GDWL is the
transacted goodwill. 74 is book value of total assets. The sample consists of 927 completed M&A deals from 1990 to 2013 satisfying the criteria in
Table 2.1 and all the variables are as described in Appendix 2. Same- (Cross-) Industry are observations where the bidder and the target (do not)
share the same two-digit SIC codes. All dollar values are inflation-adjusted using July 2010 as the base year. All variables are trimmed at the top
and bottom 1%. Residuals are clustered by the target Fama-French 17-Industry classifications and p-values are in parentheses.

Model Scaled Acqlntanl Scaled Acqlntan?2 Scaled Acqlntan3 Scaled GDWL
Full  Cross- Same- Full  Cross- Same- Full  Cross- Same- Full  Cross- Same-
Industry Industry Industry Industry Industry Industry Industry Industry
Bi 0.140 0.146 0.164  0.123 0.119 0.140  0.108 0.097 0.125  0.106 0.084 0.125
(0.008) (0.036) (0.001) (0.024) (0.146) (0.004) (0.029) (0.124) (0.006) (0.029) (0.114) (0.007)
B> 0.238 0.347 0.148  0.206 0.253 0.145  0.091 0.218 0.014  0.111 0.296 0.015
(0.012)  (0.041) (0.142) (0.036) (0.088) (0.157) (0.217) (0.038) (0.869) (0.098) (0.028) (0.857)
B3 -0.028  -0.005  -0.038 -0.019 0.005  -0.029 -0.016 0.004  -0.025 -0.016 0.003  -0.025
(0.042) (0.890) (0.000) (0.041) (0.862) (0.000) (0.056) (0.876) (0.000) (0.065) (0.906) (0.000)
P4 0.005 0.003 0.006  0.004 0.002 0.004  0.004 0.002 0.004  0.003 0.002 0.004
(0.036) (0.334) (0.004) (0.060) (0.497) (0.010) (0.036) (0.440) (0.003) (0.035) (0.533) (0.003)
ao 0.500 1.085 0.922  0.600 1.316 0.840 0.410 0.988 0.645 0416 0.971 0.646

(0.396)  (0.001) (0.000) (0.144) (0.000) (0.000) (0.207) (0.000) (0.000) (0.210) (0.001)  (0.000)

Indusrri; & Yr FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
N 834 241 593 834 241 593 834 241 593 834 241 593
R’ 0.155 0.208 0.191 0.130 0.210 0.147 0.117 0.174 0.138 0.118 0.179 0.137
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Table 2.4: The price of acquired measured OC net of both R&D & advertising expenses

This table present the results from the estimation of the following OLS regression:

= @y + By ——2 + B,CASH + B3sCARy + BsPREMIUM + Induspp,; & YT FE + &g,

where Y = Acqintanl, Acqlntan2, Acqlntan3, GDWL. Acqlntanl is transacted goodwill plus all other acquired intangible assets. Acglntan? is
Acglntanl less both in-process R&D and patents. Acglntan3 is transacted goodwill plus work force and non-compete agreements. GDWL is the
transacted goodwill. 74 is book value of total assets. The sample consists of 927 completed M&A deals from 1990 to 2013 satisfying the criteria in
Table 2.1 and all the variables are as described in Appendix 2. Same- (Cross-) Industry are observations where the bidder and the target (do not)
share the same two-digit SIC codes. All dollar values are inflation-adjusted using July 2010 as the base year. All variables are trimmed at the top
and bottom 1%. Residuals are clustered by the target Fama-French 17-Industry classifications and p-values are in parentheses.

Model Scaled Acqlntanl Scaled Acqlntan?2 Scaled Acqlntan3 Scaled GDWL
Full  Cross- Same- Full  Cross- Same- Full  Cross- Same- Full  Cross- Same-
Industry  Industry Industry Industry Industry Industry Industry Industry
Bi 0.133 0.142 0.140  0.152 0.148 0.166  0.133 0.114 0.147  0.129 0.091 0.148
(0.000) (0.011) (0.000) (0.000) (0.039) (0.000) (0.000) (0.051) (0.000) (0.000) (0.050) (0.000)
B 0.247 0.364 0.141  0.204 0.253 0.138  0.091 0.219 0.009  0.111 0.301 0.010
(0.006) (0.055) (0.093) (0.028) (0.087) (0.123) (0.183) (0.051) (0.902) (0.079) (0.045) (0.890)
Bs -0.029  -0.007  -0.038 -0.020 0.004  -0.030 -0.017 0.004  -0.025 -0.017 0.003  -0.025
(0.030) (0.847) (0.000) (0.027) (0.891) (0.000) (0.039) (0.897) (0.000) (0.047) (0.927) (0.000)
B 0.005 0.003 0.006  0.004 0.002 0.004  0.004 0.002 0.004  0.003 0.002 0.004
(0.036) (0.330) (0.005) (0.055) (0.496) (0.008) (0.032) (0.438) (0.002) (0.031) (0.534) (0.002)
ao 0.504 1.106 0.990 0.610 1.305 0.905  0.428 0.987 0.702  0.433 0.977 0.703

(0.400)  (0.000) (0.000) (0.148) (0.000) (0.000) (0.212) (0.000) (0.000) (0.214) (0.001)  (0.000)

Indusgri7 & Yr FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
N 833 241 592 833 241 592 833 241 592 833 241 592
R’ 0.153 0.204 0.186 0.128 0.208 0.144 0.115 0.173 0.136 0.115 0.178 0.135
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Table 2.5: The price of acquired OC and the effect of bidders’ OC

This table presents the results from the estimation of the following OLS regressions:

GDWLpry _ p OCres p 0Cps p OCre—1 OCpey
TAr;—1 O TN TAL .y TPTAgey "PTArey TApes

+ BePREMIUM + Induspp,7 & Yr FE + g1

+B,CASH + BsCARp

GDWLg OCnety ;4 OCnetg;_4 OCnety;_, OCnetg;_4
=+ + B2 + B3 '
TAre—q TAr¢—q TApt—1 TAr¢—q TApt—1

+ BsCARp + BsPREMIUM + Induspp,; & Y7 FE + €5 1,

+B,CASH

GDWL is the transacted goodwill and T4 is the book value of total assets. The sample consists of 927
completed M&A deals from 1990 to 2013 satisfying the criteria in Table 2.1 and all the variables are as
described in Appendix 2. Same- (Cross-) Industry are observations where the bidder and the target (do not)
share the same two-digit SIC codes. All dollar values are inflation-adjusted using July 2010 as the base
year. All variables are trimmed at the top and bottom 1%. Residuals are clustered by the target Fama-French
17-Industry classifications and p-values are in parentheses.

Model ocC OCnet
Full Cross- Same- Full  Cross- Same-
Industry  Industry Industry Industry
Bi 0.253 0.133 0.266 0.229 0.110 0.254
(0.001) (0.284) (0.018) (0.035) (0.309) (0.081)
B> 0.107 -0.006 0.126  -0.026  -0.202 0.051
(0.086) (0.970) (0.145) (0.875) (0.330) (0.765)
B3 -0.085 -0.048 -0.079  -0.057  -0.022  -0.066
(0.002) (0.467) (0.030) (0.445) (0.744) (0.485)
P4 0.076 0.332 -0.032 0.094 0378  -0.024
(0.281)  (0.101) (0.759) (0.181) (0.061) (0.791)
Bs -0.019 -0.004 -0.026  -0.019  -0.006  -0.026
(0.039) (0.887) (0.000) (0.043) (0.832) (0.000)
Bs 0.003 0.002 0.004 0.003 0.002 0.004
(0.034) (0.517)  (0.003) (0.033) (0.541) (0.002)
ao 0.290 0.973 0.539 0.443 1.135 0.705

(0.417)  (0.001) (0.001) (0.317) (0.001)  (0.000)

Induspr;; & Yr FE Yes Yes Yes Yes Yes Yes
N 806 233 573 802 230 572
R’ 0.128 0.181 0.148 0.121 0.183 0.139
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Table 2.6: The price of acquired OC for firms that made a single transaction in a fiscal year

This table presents the results from the estimation of the following OLS regression:

YB,T,t
TAr,—q

0
=ay+ B

CT,t—l
TAr,—q

+B,CASH + B3CARp + B PREMIUM + Indusgp,, & YT FE + g7,

where Y = Acqintanl, Acqlntan2, Acqlntan3, GDWL. Acqlntanl is transacted goodwill plus all other acquired intangible assets. Acglntan? is
Acglntanl less both in-process R&D and patents. Acglntan3 is transacted goodwill plus work force and non-compete agreements. GDWL is the

transacted goodwill. 74 is book value of total assets. The sample consists of 365 completed M&A deals from 1990 to 2013 satistying the criteria in
Table 2.1, where the bidders made a single acquisition in a fiscal year, and all the variables are as described in Appendix 2. Same- (Cross-) Industry

are observations where the bidder and the target (do not) share the same two-digit SIC codes. All dollar values are inflation-adjusted using July 2010
as the base year. All variables are trimmed at the top and bottom 1%. Residuals are clustered by the target Fama-French 17-Industry classifications

and p-values are in parentheses.

Model Scaled Acqlntanl Scaled Acqlntan2 Scaled Acqlntan3 Scaled GDWL
Full  Cross- Same- Full  Cross- Same- Full  Cross- Same- Full  Cross- Same-
Industry Industry Industry Industry Industry Industry Industry Industry
Bi 0.123  -0.027 0.203  0.125  -0.025 0.192  0.121 -0.002 0.186  0.122  -0.002 0.188
(0.110)  (0.671) (0.032) (0.145) (0.704) (0.062) (0.109) (0.973) (0.040) (0.109) (0.971) (0.039)
B> 0.149 1.204  -0.493  0.204 1.069  -0.338  0.069 0.841 -0.398  0.071 0.843  -0.394
(0.512)  (0.307) (0.048) (0.341) (0.267) (0.115) (0.660) (0.392) (0.080) (0.649) (0.390) (0.082)
B3 -0.027 0.013  -0.037 -0.018 0.020  -0.028 -0.014 0.025  -0.024 -0.015 0.025  -0.025
(0.296)  (0.749) (0.000) (0.287) (0.474) (0.000) (0.374) (0.457) (0.002) (0.366) (0.461) (0.001)
P4 0.005  -0.013 0.009 0.002 -0.014 0.005 0.002 -0.012 0.005 0.002 -0.012 0.005
(0.475)  (0.046) (0.217) (0.675) (0.020) (0.266) (0.574) (0.028) (0.222) (0.575) (0.027) (0.222)
ao 0.373 2.866  -0.486  0.748 3303  -0.168  0.478 2317  -0.212 0483 2314 -0.207
(0.704) (0.082) (0.659) (0.336) (0.038) (0.843) (0.449) (0.140) (0.791) (0.442) (0.140) (0.795)
Indusrri; & Yr FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
N 331 87 244 331 87 244 331 87 244 331 87 244
R’ 0.159 0.408 0.277  0.128 0.413 0.214  0.116 0.342 0.206  0.115 0.343 0.206
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Table 2.7: The price of acquired measured OCrnet for firms that made single transaction in a fiscal year

This table presents the results from the estimation of the following OLS regression:

+ B,CASH + B3CARp + ByPREMIUM + Induspp,; & YT FE + g1,

where Y = Acqintanl, Acqlntan2, Acqlntan3, GDWL. Acqlntanl is transacted goodwill plus all other acquired intangible assets. Acglntan? is
Acglntanl less both in-process R&D and patents. Acglntan3 is transacted goodwill plus work force and non-compete agreements. GDWL is the
transacted goodwill. 74 is book value of total assets. The sample consists of 365 completed M&A deals from 1990 to 2013 satisfying the criteria in

Table 2.1, where the bidders made a single acquisition in a fiscal year, and all the variables are as described in Appendix 2. Same- (Cross-) Industry

are observations where the bidder and the target (do not) share the same two-digit SIC codes. All dollar values are inflation-adjusted using July 2010
as the base year. All variables are trimmed at the top and bottom 1%. Residuals are clustered by the target Fama-French 17-Industry classifications

and p-values are in parentheses.

Model Scaled Acqlntanl Scaled Acqlntan2 Scaled Acqlntan3 Scaled GDWL
Full  Cross- Same- Full  Cross- Same- Full  Cross- Same- Full  Cross- Same-
Industry Industry Industry Industry Industry Industry Industry Industry
Bi 0.183  -0.117 0216  0.208  -0.093 0.252  0.192  -0.054 0.237  0.192  -0.054 0.238
(0.003) (0.508) (0.005) (0.004) (0.647) (0.006) (0.003) (0.746) (0.004) (0.003) (0.747) (0.004)
B> 0.130 1.088  -0.593  0.176 0.954  -0.411 0.044 0.732  -0.465  0.047 0.734  -0.462
(0.562) (0.410) (0.011) (0.397) (0.378) (0.038) (0.771) (0.515) (0.028) (0.760) (0.513) (0.029)
B3 -0.028 0.013  -0.037 -0.019 0.020  -0.029 -0.015 0.025  -0.025 -0.015 0.025  -0.025
(0.266) (0.762)  (0.000) (0.252) (0.496) (0.000) (0.337) (0.469) (0.002) (0.330) (0.473) (0.001)
P4 0.005  -0.013 0.009 0.002 -0.014 0.005 0.003 -0.012 0.005 0.003 -0.012 0.005
(0.451)  (0.059) (0.198) (0.646) (0.027) (0.238) (0.550) (0.040) (0.197) (0.551) (0.039) (0.198)
ao 0.294 3.401 -0.500  0.700 3.793  -0.176  0.464 2.755  -0.217  0.470 2.751 -0.212
(0.750) (0.159) (0.644) (0.340) (0.110) (0.831) (0.457) (0.233) (0.783) (0.450) (0.233) (0.788)
Indusrri; & Yr FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
N 329 87 242 329 87 242 329 87 242 329 87 242
R’ 0.169 0.415 0.285  0.133 0.422 0.221  0.121 0.352 0212  0.121 0.352 0.211
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Table 2.8: Acquired OC and post-acquisition profitability

This table presents the results from the estimation of the following OLS regressions:

OTOToi1 100 = g + fy =t 4 0Bl gy, OTEDP 100 + Ind & Yr FE +
TAgp, R 2TAg,  "PTAp, "*TApi 1+ TAr,, nauSpp17 & XT €B,t+1
OIBDP oc oC 1 OIBDP
~H100 = g _— 4 B B 100 + Indusppy; & Y7 FE + €5 ¢4

+p +p +
TAp 41 "TAgerr ' PTAperr | TApeyr - TAg.

where OIBDP is operating income before depreciation and 74 is the book value of total assets. The sample consists of 271 and 193 completed M&A
deals from 1990 to 2013 satisfying the criteria in Table 2.1 for year ¢+1 and 7+2, respectively. All the variables are as described in Appendix 2.
Same- (Cross-) Industry are observations where the bidder and the target (do not) share the same two-digit SIC codes. All dollar values are inflation-
adjusted using July 2010 as the base year and are in billions of dollars. All variables are trimmed at the top and bottom 1%. Residuals are clustered
by the target Fama-French 17-Industry classifications and p-values are in parentheses.

Model ROA+; ROA
Full  Cross- Same- Full  Cross- Same- Full  Cross- Same- Full  Cross- Same-
Industry Industry Industry Industry Industry Industry Industry Industry
Bi 2319  -1.273 3.079 0.481 2.533 2.486
(0.036) (0.425) (0.009) (0.309) (0.132) (0.000)
)22, -0.069  -0.172 0.205  -0.393 0.099 -0.410  -0.000 0.063 0.643  -0.129  -0.561 -0.160
(0.820) (0.617) (0.708) (0.174) (0.758) (0.301) (1.000) (0.968) (0.345) (0.863) (0.712) (0.752)
Bs 0.092 0266  -0.169  -0.019 0.768  -0.317 -0.232  -0.808 -0.100 -0.290  -1.325  -0.242
(0.434) (0.613) (0.250) (0.891) (0.022) (0.106) (0.189) (0.098) (0.539) (0.066) (0.013) (0.205)
B 0.719 0.646 0.720 0.738 0.588 0.740 0.703 0.816 0.671 0.705 1.003 0.671
(0.000)  (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
0o -2.938 4.028 -3.077 -3.416 5.291 -3.360 5.869  58.248 5.244 5923  62.566 5.132
(0.046) (0.213) (0.172) (0.016) (0.096) (0.152) (0.009) (0.002) (0.003) (0.009) (0.003) (0.003)
Induspr;; & Yr FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
N 247 63 186 247 63 186 182 47 131 182 47 131
R’ 0.693 0.804 0.734 0.703 0.837 0.750 0.692 0.856 0.737 0.693 0.874 0.751
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Table 2.9: Acquired OCnet and post-acquisition profitability

This table presents the results from the estimation of the following OLS regressions:

ODPe1 100 = qq 4 p, 20t g Ote y g 1 g OBDFae 00 4 g &Yr FE +
TAB,I’ - % ! TAB,t z TAB,t 3 TAB,t 4 TAB,t—l + TAT,t—l nAusrr17 r SB’t+1
OIBDPy ;. OCnetr,_;  OCnetyss 1 OIBDPg 441
TBE2 100 = g + : : + By —— 2L 100 + Ind & Yr FE +
TApien O T P T P T T T, nduspey & Y7 FE + &p.0r2

where OIBDP is operating income before depreciation and 74 is the book value of total assets. The sample consists of 271 and 193 completed M&A
deals from 1990 to 2013 satisfying the criteria in Table 2.1 for year ¢+1 and 7+2, respectively. All the variables are as described in Appendix 2.
Same- (Cross-) Industry are observations where the bidder and the target (do not) share the same two-digit SIC codes. All dollar values are inflation-
adjusted using July 2010 as the base year and are in billions of dollars. All variables are trimmed at the top and bottom 1%. Residuals are clustered
by the target Fama-French 17-Industry classifications and p-values are in parentheses.

Model ROA ROA+»
Full Cross-Industry Same-Industry Full Cross-Industry Same-Industry
Bi 1.429 -2.709 1.594  1.854 4.264 3.222
(0.187) (0.216) (0.303) (0.022) (0.254) (0.009)
B2 -0.034 0.319 0.165 -0.418 -0.929 -0.392
(0.946) (0.309) (0.823) (0.665) (0.612) (0.613)
B3 -0.024 0.426 -0.231  -0.352 -1.106 -0.220
(0.869) (0.431) (0.193) (0.025) (0.015) (0.266)
P4 0.716 0.607 0.712  0.710 0.935 0.676
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
o -3.195 5.358 -3.333  5.723 12.718 3.640
(0.023) (0.102) (0.169) (0.017) (0.281) (0.088)
Induspri; & Yr FE Yes Yes Yes Yes Yes Yes
N 247 63 185 179 41 134
R’ 0.707 0.811 0.750  0.685 0.850 0.753
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Table 2.10: Acquired OC and post-acquisition sales growth

This table presents the results from the estimation of the following OLS regressions:
SALE — SALE Cri
Bt+1 Bt 100 = o + By Tt—1 + B,

0Cg, 1 SALEg, — SALEg ., — SALE ,_,

100

0
— = 4 +
SALEg, SALEg, p2 SALEg, hs SALEg, SALEg, | + SALE7,_,

+ Indusppy7 & Y1 FE + &g¢iq

Caint 1 SALEpcy1 — SALEp,

SALEg 1 — SALEp 1 0Cr;—q 0
' 272,100 = g + =+ + +
SALEg ;41 @+ h SALEg ;41 P2 SALEp 414 hs SALEg ;41 A SALEg,

+1ndusppl7 &Yr FE + ERt+2

where SALE is sales. The sample consists of 271 and 193 completed M&A deals from 1990 to 2013 satisfying criteria in Table 2.1 for year #+/ and
t+2, respectively. All variables are as described in Appendix 2. Same- (Cross-) Industry are observations where the bidder and target do (not) share
the same two-digit SIC codes. All dollar values are inflation-adjusted using July 2010 as the base year and are in billions of dollars. All variables
are trimmed at the top and bottom 1%. Residuals are clustered by the target Fama-French 17-Industry classifications and p-values are in parentheses.

Model Sales Growth,+; Sales Growth,:,
Full  Cross- Same- Full  Cross- Same- Full  Cross- Same- Full  Cross- Same-
Industry Industry Industry Industry Industry Industry Industry Industry
Bi 2.272 3.541 2.474 -0.876  -1.763 3.386
(0.024)  (0.143)  (0.000) (0.758)  (0.581) (0.203)
B -2.927  -0.926  -3.932  -3330 -1.549  -4.477 0514  -4.834 1.083 0.693  -4.558  -0.063
(0.000) (0.668) (0.000) (0.000) (0.529) (0.000) (0.833) (0.397) (0.693) (0.798) (0.401) (0.985)
Bs -0.044  -0.542 -0.006 -0.167 -1.049  -0.121 -0.716  -1.111 -0.530  -0.571 -0.625  -0.939
(0.202) (0.003) (0.937) (0.017) (0.000) (0.054) (0.120) (0.134) (0.097) (0.299) (0.685) (0.016)
P -0.521 -0.481 -0.584  -0464  -0.430  -0.525 0.116  -0.022 0.059 0.123  -0.001 0.035
(0.000) (0.027) (0.002) (0.001) (0.030) (0.005) (0.062) (0.854) (0.498) (0.132) (0.993) (0.719)
0 0.159 -13.743 -22.021 0.819 -12.973 -21.187 8.190 -15.200 -20.806 8.224 -13.238 -20.079
(0.969) (0.212) (0.015) (0.827) (0.280) (0.017) (0.710) (0.335) (0.003) (0.709) (0.338) (0.001)
Induspr;; & Yr FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
N 246 67 179 246 67 179 173 47 125 173 47 125
R’ 0.325 0.619 0.429 0.333 0.634 0.436 0.273 0.792 0.360 0.274 0.793 0.369
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Table 2.11: Acquired OCnet and post-acquisition sales growth

This table presents the results from the estimation of the following OLS regressions:
SALEg 41 — SALEg; OCnetr,_q OCnetg, 1 SALEg — SALEg; 1 — SALEr ;4
- ~.100 = (24} + ‘81 - - - - - .

+ +
SALEg, SALEg, > SALEg, ' "®SALEg, ' "* SALEg, 1 + SALEr,_,

100

+ Indusppy7 & Y1 FE + &g¢iq

SALEg 4, — SALE OCnety,_ OCnet 1 SALEg 41 — SALE
B,t+2 B,t+1 .100 = % + ﬁl T,t—1 + X B,t+1 + ﬁ3 + 34 B,t+1 B,t .
SALEg 41 SALEg ., SALEg . SALEg . SALEg,

+1ndusppl7 &Yr FE + ERt+2
where SALE is sales. The sample consists of 271 and 193 completed M&A deals from 1990 to 2013 satisfying criteria in Table 2.1 for year #+/ and

t+2, respectively. All variables are as described in Appendix 2. Same- (Cross-) Industry are observations where the bidder and target do (not) share
the same two-digit SIC codes. All dollar values are inflation-adjusted using July 2010 as the base year and are in billions of dollars. All variables
are trimmed at the top and bottom 1%. Residuals are clustered by the target Fama-French 17-Industry classifications and p-values are in parentheses.

Model Sales Growth+; Sales Growth;,
Full  Cross- Same- Full  Cross- Same-
Industry Industry Industry Industry
Bi 4.033 11.214 5276  -2.110  -7.339 4.110
(0.185)  (0.011)  (0.025) (0.706) (0.686) (0.366)
B2 -4.659 2460  -6.814 0453  -5982  -0.461
(0.003) (0.598) (0.000) (0.915) (0.395) (0.930)
B3 -0.052  -1.276 0.071  -0.162  -0.550  -0.401
(0.559) (0.000) (0.611) (0.661) (0.814) (0.314)
B4 -0.456  -0.376  -0.505 0.122  -0.050 0.049
(0.000) (0.059) (0.004) (0.133) (0.820) (0.583)
ag 5.744  -13.466 3.731 6.769  42.608 -20.923

(0.816) (0.257) (0.573) (0.772) (0.002)  (0.003)

Induspr;; & Yr FE Yes Yes Yes Yes Yes Yes
N 244 67 178 173 47 126
R’ 0.332 0.642 0.424 0.277 0.830 0.366
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Table 2.12: Acquired OC and post-acquisition asset turnover

This table presents the results from the estimation of the following OLS regressions:

SALEpt+1 _
TAg;

SALEpt+z _

TAp,t+1

OCrt—q1 0Cpt SALEg;
+ + ot + '
ap + By Thpy ﬁz ﬁs o P TAprs + TAres
OCrt—1 0Cp 41 1 SALEg 41
ay + B1 + B + B3 4
TAp 41 TAp 41 TAp 41 TAp,

* 100 + 1ndu5FF17 &YT FE + 83,t+1

* 100 + 1ndu5FF17 & YT' FE + 83,t+2

where SALE is sales and T4 is the book value of total assets. The sample consists of 271 and 193 completed M&A deals from 1990 to 2013 satisfying
the criteria in Table 2.1 for year #+/ and ¢+2, respectively. All the variables are as described in Appendix 2. Same- (Cross-) Industry are observations
where the bidder and the target do (not) share the same two-digit SIC codes. All dollar values are inflation-adjusted using July 2010 as the base year
and are in billions of dollars. All variables are trimmed at the top and bottom 1%. Residuals are clustered by the target Fama-French 17-Industry
classifications and p-values are in parentheses.

Model Asset Turnover,; Asset Turnover,
Full  Cross- Same- Full  Cross- Same- Full  Cross- Same- Full  Cross- Same-
Industry Industry Industry Industry Industry Industry Industry Industry
Bi 0.082 0.266 0.077 0.033 0.097 0.052
(0.002) (0.274) (0.002) (0.045) (0.075) (0.001)
B 0.023 0.068 0.025 0.009 0.039 0.008 0.013 0.052 0.034 0.004 0.022 0.017
(0.174)  (0.050) (0.481) (0.559) (0.448) (0.810) (0.658) (0.528) (0.070) (0.887) (0.774) (0.324)
Bs 0.006 0.029 -0.006 0.002 0.016 -0.010 0.005 -0.013 0.004 0.000  -0.034 0.001
(0.253) (0.133) (0.324) (0.737) (0.393) (0.190) (0.358) (0.644) (0.031) (0.884) (0.109) (0.513)
P4 0.829 0.902 0.787 0.840 0.938 0.795 0.927 0.816 0.886 0.927 0.865 0.886
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.001) (0.000) (0.000) (0.000) (0.000)
0o 0.386  -0.017 0.251 0.357 -0.100 0.236 0.167 0.433 0.030 0.166 0.338 0.031
(0.000) (0.941) (0.004) (0.000) (0.737) (0.006) (0.201) (0.187) (0.779) (0.204) (0.262) (0.772)
Indusrri7 & Yr FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
N 250 63 185 250 63 185 179 47 131 179 47 131
R’ 0.847 0.875 0.874 0.850 0.881 0.876 0.926 0.931 0.950 0.927 0.943 0.951
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Table 2.13: Acquired OCnet and post-acquisition asset turnover

This table presents the results from the estimation of the following OLS regressions:

SALBgers _ 5 OCnetr,y 5 OCnety, , 5 L, 5 SALEg, 100+ Ind S ¥y FE 4
TAg,  ° 0 1T T4, 2"TAp,  PTAp,  TAg,, +TAr,, MESEEy ST EB+1
SALEg 115 OCnety,_, OCnetg ;11 1 SALEg 144
_— = + . . + + . -100 + Ind &Yr FE +

Thper VP, VP, TPTa,L, TP Ta,, ESERLy &ITEE T Epee

where SALE is sales and T4 is the book value of total assets. The sample consists of 271 and 193 completed M&A deals from 1990 to 2013 satisfying
the criteria in Table 2.1 for year #+/ and ¢+2, respectively. All the variables are as described in Appendix 2. Same- (Cross-) Industry are observations
where the bidder and the target do (not) share the same two-digit SIC codes. All dollar values are inflation-adjusted using July 2010 as the base year
and are in billions of dollars. All variables are trimmed at the top and bottom 1%. Residuals are clustered by the target Fama-French 17-Industry
classifications and p-values are in parentheses.

Model Asset Turnover+; Asset Turnover;,
Full Cross- Same- Full Cross- Same-
Industry  Industry Industry  Industry
Bi 0.091 0.205 0.041 0.146 0.272 0.175
(0.083) (0.649) (0.548) (0.111) (0.048) (0.083)
B 0.004 0.043 0.009 -0.014 -0.006 -0.007
(0.856) (0.586) (0.843) (0.783) (0.951) (0.899)
Bs 0.004 0.008 -0.007 -0.004 -0.031 -0.002
(0.403) (0.724) (0.301) (0.234) (0.106) (0.333)
P 0.842 0.917 0.802 0.932 0914 0.887
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
0 0.355 -0.187 0.248 0.100 0.008 0.183

(0.000)  (0.240)  (0.004)  (0.542)  (0.957)  (0.097)

Indusrgr;; & Yr FE Yes Yes Yes Yes Yes Yes
N 249 63 183 180 44 128
R’ 0.850 0.875 0.876 0.915 0.922 0.936
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Figure 1: Timeline
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Chapter 3. The Cross-Industry Transferability of Organization Capital

3.1 Introduction

In the second chapter of this thesis, I use the M&A setting to study whether organization
capital is an asset that has a price and if it is transferable between firms within and across different
industries. I find evidence consistent with organization capital being an asset that has a price. |
further show a positive relation between acquired targets’ organization capital and post-acquisition
bidders’ return on assets in horizontal acquisitions, thus providing evidence that organization
capital is a transferable asset within industries. However, the small number of cross-industry
acquisitions in my sample did not allow me to make meaningful conclusions regarding the
transferability of OC between industries. Given the sheer importance of intangible assets (see, e.g.,
Peters and Taylor, 2017), determining whether these investments are able to transcend the
industries in which they are made is a worthwhile exercise. Ceteris paribus, an asset that is
transferable across different industries should be more valuable than one that is only transferable
within industry since it can be traded and potentially has a demand across different industries. I
thus extend the work of the previous chapter by investigating whether the organization capital of
a diversified firm, defined as one that operates in one or more business segment(s) in more than
one industry, is positively associated with that firm’s future profitability. If that is indeed the case,
then it is consistent with organization capital being productive and transferable across
segments/industries.

In order to test this relation, I use segment data from Compustat and employ a modified
version of the methodology used by Banker et al. (2011), who show that organization capital is
associated with higher profitability. Given that the segment data from Compustat is extensive, |

am able to overcome the small sample issue of the prior chapter, allowing me to now investigate
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whether diversified firms benefit from economies of scope from their organization capital. The
presence of economies of scope in the current context implies that diversified firms benefit from
employing their organization capital in their different industry segments. Showing that these
economies of scope exist suggests that organization capital is transferable across different
industries.

This study contributes to the organization capital literature by addressing the ongoing
debate about the transferability of organization capital. One school of thought argues that
organization capital is transferable at a cost (Atkeson and Kehoe, 2005; Prescott and Visscher,
1980; Eisfeldt and Papanikolaou, 2013). On the other hand, Lev and Radhakrishnan (2005) argue
that organization capital is very difficult to transfer.

This study also contributes to the conglomerate literature, which has concentrated primarily
on whether diversification creates or destroys value. For instance, John and Ofek (1995), Servaes
(1996), and Denis et al. (1997), among others, show support for a diversification discount, whereby
firms operating across different segments and industries have lower values than do their single-
industry counterparts. Others such as Schipper and Thompson (1983), Matsusaka (1993), and
Hubbard and Palia (2002) show support for a diversification premium, whereby operating across
different segments and industries increases the value of the firm relative to those operating in a
single industry. Taking a different approach, Morck and Yeung (2002) show that cross-industry
diversification creates value in the presence of information-based assets. Their rationale is that
once information-based assets are developed, they can be simultaneously applied to multiple
segments. Defining research and development (R&D) and advertising expenses as investments in
information-based assets, they study the relation between Tobin’s Q and investment in their

information-based asset measures for diversified and non-diversified firms. I use a similar
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approach in this chapter to examine the productivity and efficiency of investments in OC for
diversified and non-diversified firms.

In this chapter, I hypothesize that organization capital is a transferable asset across different
industries. I test this hypothesis by studying the relation between return on assets and the
interaction of each of two organization capital measures with measures of diversification. I expect
the coefficient estimate on each of the two interaction terms to be positive and significant,
consistent with organization capital being transferable. I also study the relation between sales
growth (asset turnover ratio) and each of the two interaction terms. A positive and significant
coefficient estimate on each of these two variables implies that organization capital is positively
associated with sales growth (asset efficiency).

Using a sample of Compustat segment data from 1976 to 2014, I find results consistent
with diversified firms benefitting more from their organization capital than do non-diversified
firms when studying the relation between organization capital and each of return on assets, sales
growth and asset turnover ratio. These findings support the transferability of organization capital
across industries and thus suggest that investments in OC can transcend the industries in which
they are made. My findings suggest that greater recognition of this intangible asset should be given
on the balance sheet (see Banker, Huang, and Natarajan , 2011; Hulten and Hao, 2008; and Enache
and Srivastava, 2018, among others).

The remainder of the paper is organized as follows: I summarize the related literature and
develop the hypotheses in the next section. Section 3.3 describes the construction of the dataset

and sample. Section 3.4 presents the results and Section 3.5 concludes.
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3.2 Research Background and Hypothesis Development

3.2.1 Diversification and Intangible Assets

There is a vast literature on diversification addressing a variety of research questions.
Comment and Jarrell (1995) note that firms diversify to reap potential benefits from managerial
economies of scale, economies of scope, and financial synergies. However, they find empirically
that, as diversification increases, stock returns decrease. In theoretical models, Stein (1997)
focuses on the financial benefits of diversified firms and shows that diversified firms can be
shareholder-value maximizers. On the other hand, Scharfstein and Stein (2000) show how rent-
seeking behavior can mitigate the benefits of internal capital markets. Meyer et al. (1992) show
how failing segments can benefit from cross-subsidies in diversified firms.

There is an ongoing debate in the empirical literature on whether diversification destroys
value (e.g. Comment and Jarrell, 1995; John and Ofek, 1995; Servaes, 1996; Denis et al. 1997); or
creates it (e.g. Schipper and Thompson, 1983; Matsusaka, 1993; Hubbard and Palia, 2002). For
instance, Lang and Stulz (1994) and Berger and Ofek (1995) argue that the diversification discount
could be due to cross-subsidization. The findings of Hyun-Han and Stulz (1998) and Rajan et al.
(2000) suggest that internal capital markets do not allocate resources efficiently. Using value
weighting on diversified firms, Hund et al. (2012) find that these firms exhibit a diversification
premium, not discount. Custédio (2014) employs merger accounting to explain part of the
diversification discount of diversified firms.

In studies more closely related to this chapter (in addition to that of Morck and Yeung,

2002 described earlier), some researchers have linked diversification with intangible assets.

Chatterjee and Wernerfelt (1991) find that diversified firms with more intangible assets have more

33 While I include several studies here, the mentioned papers are by no means an exhaustive list. I invite the reader to
refer to Maksimovic and Phillips (2013) for a comprehensive literature review.
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related diversification. In their model, Maksimovic and Phillips (2002) show that diversified firms
can benefit from managerial talent. Hoberg and Phillips (2017) find that most diversified firms are
not truly diversified in the sense that they are connected by a common language that makes them

more related and actually complementary to each other.

3.2.2 Hypothesis Development and Variable Definition
My measures of organization capital (OC) are OC and OCret, which I describe in Chapter
2. Following Comment and Jarrell (1995), I use two sets of diversification (Diver) measures. The
first set is based on the number of business/operating segments (a count measure) reported by firms
and these measures are as follows:
- U4: the number of unique four-digit SIC code segments reported minus one. When U4 is
equal to zero, the firm is considered non-diversified and it operates in a single four-digit
SIC code industry. A firm with U4 of zero can still have multiple segments but all the
segments are in the same four-digit SIC code. A non-zero U4 means that the firm operates
in multiple four-digit SIC code industry segments.
- U2: the number of unique two-digit SIC code segments reported minus one. When U2 is
equal to zero, the firm is considered non-diversified and it operates in a unique two-digit
SIC code industry. A firm with U2 of zero can still have multiple segments but all the
segments are in the same two-digit SIC code. A non-zero U2 means that the firm operates
in multiple two-digit SIC code industry segments.
- DU4: A dummy variable which takes the value of 1 when the number of
business/operation segments reported is in more than one four-digit SIC code (U4>0) and

zero otherwise.
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- D-U2: A dummy variable which takes the value of 1 when the number of
business/operation segments reported is in more than one two-digit SIC code (U2>0) and
zero otherwise.>*

The second set of diversification measures involve a sales-based Herfindahl index (//H) where

HH is computed as follows:

2

HH;: = Z?’itl (Sjit/ Z?’itl Sjit)
where N;; is the number of reported segments for firm 7 in fiscal year ¢, S; is sales of segment ;.
When HH is equal to one, then the firm is non-diversified and reports only one segment. As HH
decreases, the firm is considered more diversified. Note that John and Ofek (1995) use this measure
and find that sales of assets in diversified firms are associated with better future operating
performance. To make this HH measure compatible with the first set of measures, I use the inverse

of HH minus one as follows:

When H is zero (the minimum), then the firm is non-diversified and A increases as the firm
becomes more diversified. The different measures are as follows:

- H'4: ' where segments are first aggregated into four-digit SIC codes and therefore each
segment represents a unique four-digit SIC code industry. When H'4 is zero, the firm is
not diversified.

- H'2: H" where segments are first aggregated into two-digit SIC codes and therefore each
segment represents a unique two-digit SIC code industry. When H2 is zero, the firm is

not diversified.

3 Note that since my focus is on the cross-industry effect of OC, I do not include the number of reported segments as
a measure of diversification by itself as this measure includes firms with different segments in the same industry.
However, my results are robust to including this measure.
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- D-H'4: A dummy variable which takes the value of 1 when H-/4 is non-zero and zero when

H'4 is zero.

- D-H'2: A dummy variable which takes the value of 1 when /2 is non-zero and zero when

H7'2 is zero.

I apply the methodology used in studying the productivity of acquired OC in Chapter 2 to
study whether OC is a transferable asset across different industries. My first hypothesis addresses
the productivity of OC in diversified firms. I examine the ROA-OC relation between standalone
and diversified firms. If OC is transferable across different industries, then I expect OC to be at
least as productive in diversified firms as in non-diversified firms. My hypothesis is:

HI: The operating return-OC relation between diversified and non-diversified

firms is non-negative.

I use regression analysis with ROA as the dependent variable and the interaction of Scaled
OC (hereafter OC) (and Scaled OCnet, hereafter OCnet) and a diversified firm variable (Diver) as

the variable of interest to study this relationship as follows:

OIBDP;; 100 = q + OCi,t—l_I_ Diver + 0Cit—1 Diver +
Ty, 0= Gt by T B Dlver e By e Dver B
+ Bs - ST 100 + Indusppy, - Yr & Firm FE + &, 3.1)
it—2

where OIBDP;;+; is operating income before depreciation; OC;.; is OC, T4 is total assets, Diver
is a diversified firm measure which represents one of the eight measures described above, Indusrri7
- Yr & Firm FE are industry-by-year (where the Fama-French 17-industry classification is used)

and firm fixed effects, respectively. The dependent variable is ROA and the variable of interest is
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the interaction term. In all regressions, standard errors are clustered by firm. All variables are as
described in Appendix 2.

I expect the coefficient estimate of OC to be positive, implying that OC is productive and
is positively associated with future operating returns. If diversified firms generate more (less)
operating income than do standalone firms, then I expect the coefficient estimate of Diver to be
positive (negative). A negative coefficient estimate on the interaction term implies that the OC of
diversified firms is less productive than that of non-diversified firms, suggesting that OC is not
transferable between industries. An insignificant (positive significant) coefficient estimate on the
interaction term implies that the productivity of OC is equivalent between (higher in) diversified
and (than) non-diversified firms, which is consistent with OC being transferable across industries.

My second hypothesis studies whether the observed relation between ROA and OC arises

via sales growth. I alter Eq. (3.1) with sales to investigate this relation as follows:

SALE;, — SALE;; 4 100 = a. + 0Cit—1 + B, - Diver + 0Ci—1 Di
SALE,,, =@t b gy, P Diver & fy o Diver
1 . SALE;t_1—SALEt_»

+ ﬁ4 . SALE ;s + BS ‘ 100 + IndusFF17 * YT&Fle FE + ei,t (3.2)

SALE;¢—»
where SALE is sales and all the other variables are as described earlier and in Appendix 2. The
dependent variable is Sales Growth and the variable of interest is the interaction of OC scaled by
lagged sales and Diver.

I expect the coefficient estimate of f; to be positive, implying that OC is positively
associated with sales growth. I expect the coefficient estimate of . to be positive (negative) if
diversified firms create more (less) sales growth than do standalone firms. The coefficient estimate
of the interaction term has the same interpretation as in Eq. (3.1) except with sales growth. If this

coefficient is non-negative, it is consistent with OC being transferable between industries.
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Lastly, I study the relation between asset turnover and acquired target OC by modifying

Eq. (3.1) as follows:*

OClt 1 1 SALEi,t—l

S 100 = ag + By - =+ B, Diver + By - 2= Diver + By - o+ B

TAjt-1 it—1 Ajt—1 TAjt—>

-100 +

Indusgp,; - Yr&Firm FE + &; ¢ (3.3)
where SALE is sales and T4 is the book value of total assets. All the other variables are as described
earlier and in Appendix 2. The dependent variable is bidders’ Asset Turnover.

I expect the coefficient estimate of OC to be positive, implying that OC is positively
associated with Asset Turnover, an asset efficiency measure. If the coefficient estimate on Diver
is positive (negative), diversified firms are associated with higher (lower) Asset Turnover than are
standalone firms. A negative coefficient estimate on the interaction term implies that the OC of

diversified firms is less efficient than for non-diversified firms.

3.3 Data and Sample Description

The segment data are obtained from the Compustat database for the years 1976 to 2014.
All dollar values are inflation-adjusted using July 2010 as the base year. I exclude firms in the
financial (SIC codes 6000 to 6999) and public utility (SIC codes 4900 to 4999) sectors. I exclude
segments with missing or non-positive sales. I use the universe of Compustat firms to compute the
measures of OC and OCnet, and this methodology is described in Chapter 2. Given that the
universe of Compustat firms includes many very small firms, these too would be included in my
sample. However, to make the sample more meaningful, I exclude firms below the fifth percentile

of total assets of the Compustat universe. I also exclude firms with ROA greater (less) than or

35 Note that asset turnover is a component of ROA in DuPont analysis.
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equal to 100% (-100%), and firms with either negative scaled SG&A (%) or scaled SG&A

greater than one. Table 3.1 provides a summary of the construction of the sample.

3.4 Results

3.4.1 Summary Statistics

In Panel A of Table 3.2, I present the summary statistics of the variables used in this
chapter. The mean and median of return on assets (ROA) are 13.29% and 13.17%, respectively.
The mean (median) of Sales Growth is 5.81% (4.14%). The mean (median) of Asset Turnover is
1.39 (1.25). On average, these firms are profitable, have positive sales growth, and are using their
assets efficiently to generate sales. The main independent variables in this study, Scaled OC and
Scaled OCnet, have means (medians) of 1.49 (1.23) and 1.32 (1.06), respectively. The median
level of Scaled OC in this sample is comparable to those in the third quintile (Table III) of Eisfeldt
and Papanikolaou (2013), suggesting that the firms in this sample are, on average, medium-OC
firms.

The mean of U4 (U2) is 0.64 (0.48), indicating that when grouping segments by four- (two-
) digit SIC code, firms operate, on average, in 1.64 (1.48) segments. However, the median of U4
(U2) is zero, thus at least 50% of the companies operate as stand-alone firms in this sample. The
mean of D-U4 is 0.38 implying that 38% of the firms operate in multiple four-digit SIC code
segments and the remaining 62% of firms are non-diversified. The mean and median of D-U2 are
similar to those of D-U4 when examining segments by two-digit SIC codes.

The mean of H'4 (H'2) is 0.327 (0.219), implying that when grouping segments on four-
(two-) digit SIC code, the average sales-based Herfindahl index is 0.75 (0.82) and at least 50% of

the firms reported sales in only one four- (two-) digit SIC code industry. The mean of D-H'4 is
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0.38 implying that, 38% of the firms report sales in multiple four-digit SIC code segments, and
62% of the firms report sales in only one four-digit SIC code industry. These figures using two-
digit SIC code are 32% and 68%, respectively. The mean (median) of lagged total assets (74) is
$1.35 (80.237) billion. The mean (median) of lagged total sales (SALE) is $1.47 ($0.275) billion.

In Panel B of Table 3.2, I present the means (medians) of the main variables separately for
diversified and non-diversified firms, using the count dummies. Using the dummies based on the
Herfindahl index produces similar results. The means of ROA are significantly higher for the
diversified than non-diversified firms. Sales growth and asset turnover are significantly higher in
non-diversified than diversified firms, on average. Compared to diversified firms, non-diversified
firms spend more on OC (OCnet), holding their size constant.

From the correlation matrix in Panel C, I find that both OC and OCnet are negatively
correlated with ROA and positively correlated with Asset Turnover. These suggest that OC is
negatively related to profitability and positively associated with asset efficiency. Moreover, all the
diversification measures are positively correlated with ROA, while most are negatively correlated

with Asset Turnover. 1 find all the variables are negatively correlated with Sales Growth.

3.4.2 The ROA-OC Relation

I show the results of Eq. (3.1) in Table 3.3. In the first four columns, I present the results
where the diversification measures are based on the number of segments, while in the last four
columns, the diversification measures use the sales-based Herfindahl index. First, I find that the
coefficient estimates of OC are positive and statistically significant in all columns. This result
implies that OC is positively related to future operating income and is consistent with OC being
an asset. Second, the coefficient estimates of the different diversification measures are negative

and significant in all columns, indicating that diversified firms have lower ROA4 compared to non-
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diversified firms, consistent with a diversification discount. This result contradicts the observations
made from Panel B of Table 3.2, where the means of ROA are higher in the diversified samples,
and is due to the firm fixed effects.

Third, the coefficient estimates on the interaction term are positive and significant in all
columns. This is consistent with diversified firms benefiting more from their OC than do non-
diversified firms. Given that in Panel B of Table 3.2 that diversified firms spend less on OC
compared to non-diversified firms, these results suggest that diversified firms spend less on OC
yet benefit more from these investments. Holding all else constant, (1) an increase in scaled OC
benefits diversified firms more than non-diversified firms and (2) the more widely the firms are
diversified, the more they benefit from their OC. Similar conclusions are made when I use the
sales-based Herfindahl index to classify firms into diversified and non-diversified. These findings
are consistent with OC being a transferable asset across industries.

Since both R&D and advertising expenses are included in SG&A expenses (the input into
my measure of OC), it is natural to ask whether these results are being driven by these potentially-
significant expense amounts. To address this issue, I use an alternative measure of OC where |
capitalize SG&A net of both R&D and advertising expenses, defined earlier as OCnet. I then
replicate Table 3.3 using OCret instead of OC and present the results in Table 3.4. If R&D or
advertising expenses do indeed drive the results shown in Table 3.3, then the coefficient estimate
of OCnet should be statistically insignificant in Table 3.4. However, replacing OC with OCnet
does not change the conclusions reached above. OCret is positively related to future operating
income, diversified firms benefit more from their OCret when compared to non-diversified firms,
and the evidence still suggests that diversified firms spend less on OCret but are able to benefit

more from their OCnet. Similar findings are also made when using the sales-based Herfindahl
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index to classify firms into diversified and non-diversified. Thus, R&D and advertising expenses
do not drive the results in Table 3.3.

The takeaway from this section is that compared to non-diversified firms, the results are
consistent with diversified firms spending less on their OC and OCret, and benefitting more from
these investments in terms of operating income. This result is in line with Morck and Yeung
(2002), who find that cross-industry diversification increases firm value (Tobin’s Q) in the
presence of intangible assets. Overall, my findings are consistent with the notion of OC being a

transferable asset between different industries.

3.4.3 The Sales Growth-OC Relation

In this section, I study whether the observed relation in Tables 3.3 and 3.4 arises via sales
growth using Eq. (3.2), the results of which are presented in Tables 3.5 and 3.6, respectively. In
the first four columns of Table 3.5, I present the results where the diversification measures are
based on the number of segments, and in the last four columns, the diversification measures use
the sales-based Herfindahl index. Similar to the previous tables, I find that the coefficient estimates
of OC are positive and significant in all columns, indicating that OC is positively related to future
sales growth. This result contradicts the negative correlation coefficient observed in Panel B of
Table 3.2 and is due to the inclusion firm fixed effects. The coefficient estimates of the different
measures of diversification are positive in all columns but mostly significant only when using the
number of segments to classify firms. These results provide some evidence that diversified firms,
on average, have higher sales growth than non-diversified firms.

In this table, the coefficient estimates of the interaction term are positive and significant in
all columns, again indicating that diversified firms benefit more than non-diversified firms from

their OC. Again, incorporating the evidence from Panel B of Table 3.2, on average, diversified
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firms spend less on OC yet benefit more from these investments. Similar observations are made
when using the sales-based Herfindahl index to classify firms into diversified and non-diversified.
In Table 3.6, I present the results using OCnet and find them to be qualitatively similar to those
using OC. Overall, there is evidence that cross industry diversification increases future sales
growth in the presence of OC and this is consistent with OC being transferable across industries.
Moreover, the positive relation between ROA and OC observed earlier arises from higher sales

growth.

3.4.4 The Asset Turnover-OC Relation

In this section, I study the relation between OC and asset turnover, a measure of efficiency
indicating the value of sales a company’s assets is generating. | study the relation using Eq. (3.3)
and present the results in Table 3.7. In the first four columns, I present the results where the
diversification measures are based on the number of segments, while in the last four columns, the
diversification measures use the sales-based Herfindahl index. First, I find that the coefficient
estimates of OC are positive and statistically significant in all columns implying that, on average,
OC is positively related to future asset turnover ratio, indicating a positive association between OC
and asset efficiency. Second, the coefficient estimates of the different measures of diversification
are positive and significant in all columns. Thus, diversified firms have higher asset turnover ratios,
on average, when compared to non-diversified firms. This finding contradicts (at least in part) the

diversification discount.>®

36 In Table 3.3, I find evidence supporting the diversification discount but not in Table 3.5 or Table 3.7. This suggest
that if T use a regression with profit margin as the dependent variable, most likely, the results will support the
diversification discount due to the DuPont analysis.
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Next, the coefficient estimates of the interaction term are positive and significant in all
columns save those using the dummy version of the classification variables. Since the marginal
effect of OC on asset turnover is larger for diversified firms, these firms benefit more from their
OC than do non-diversified counterparts. These results are not dependent on how diversification
is measured.

In Table 3.8, I present the results of Eq. (3.3) using OCnet and find them to be qualitatively
similar to those using OC. Thus, in this section, I show that in the presence of OC, an intangible
asset, cross-industry diversification increases the asset turnover ratio. These results also imply that
the higher ROA observed earlier is attributable to using assets more efficiently.

A concern with the measures of OC (OCnet) is that the initial value, OC;p (OCnet,y),
depends significantly on the first available data on SG&A and this may influence the results.
Following Eisfeldt and Papanikolaou (2013) and Li et al. (2018), I drop observations where OC
(OCret) is in the first five years of the measured OC (OCnet) to reduce the impact of the initial
OC. While I do not report the results, they are economically and statistically similar.?” These results
are also robust to using industry fixed effects based on four-digit (two-digit) SIC code (instead of

Fama-French 17-industry classification), year (instead of industry-by-year) and firm fixed effects.

3.5 Concluding Remarks

In this study, I examine whether OC is transferable between industries using Compustat
segment data. I first show evidence that OC is positively associated with ROA, sales growth, and
asset turnover ratios. Second, I show that diversified firms benefit more from their OC than do

their non-diversified counterparts. The findings that, in the presence of OC, diversification across

37 Results are available upon request.
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industries increases return on assets, sales growth, and asset efficiency, is consistent with OC being
a transferable asset between industries and nicely complements the finding of within-industry

transferability in the previous chapter.
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Table 3.1: Sample construction

Selection Criteria

Compustat segment data from 1976 to 2014
Exclude segments with missing or non-positive sales
Exclude firms in:
Financial sector (SIC 6000-6999)
Public utilities (SIC 4900-4999)
ROA is within = 100% exclusively
SG&A scaled by total assets is positive and less than 1.

Drop firms below the 5™ percentile of total assets in July 2010 dollars.
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Table 3.2: Summary statistics and correlation coefficients

The sample consists of all of Compustat segment data from 1976 to 2014 satisfying the criteria in Table 3.1
and all the variables are as described in Appendix 2. All dollar values are inflation-adjusted using July 2010
as the base year, and are in billions of dollars. All variables are trimmed at the top and bottom 1%. Panel A
shows the summary statistics of the variables use in this study. Panel B shows the mean (median) and the
difference in mean of the main variables for diversified and non-diversified firms. Panel C shows the
pairwise correlation of some key variables. Superscripts x, y, and z represent the statistical significance at
the 1, 5, and 10% levels, respectively.

Panel A: Summary Statistics

Variables N Mean Median
Dependent Variables

ROA 105,018 13.290 13.168
Sales Growth 102,752 5.815 4.141
Asset Turnover 105,018 1.390 1.251
Variables of Interest

Scaled OC 105,018 1.485 1.231
Scaled OCnet 105,018 1.315 1.062
OC..1/SALE; 104,955 1.253 1.041
OChnet..;//SALE, 104,954 1.051 0.895
U4 103,102 0.638 0.000
U2 103,728 0.481 0.000
D-U4 103,102 0.380 0.000
D-U2 103,728 0.320 0.000
H'4 103,024 0.327 0.000
H2 103,024 0.219 0.000
D-H'4 103,024 0.380 0.000
D-H'2 103,024 0.316 0.000
Control Variables

AT 105,018 1.352 0.237
SALE,; 104,955 1.470 0.275
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Panel B: Summary Statistics by diversifying

Variables D-U4=1 D-U4=0 Diff D-U2=1 D-U2=0 Diff

ROA 13.554 13.098 -0.456* 13.469 13.193 -0.276*
(13.443) (12.931) (13.401) (13.041)

Sales Growth 4.444 6.522 2.077* 4322 6.379 2.058*
(3.253) (4.653) (3.166) (4.550)

Asset Turnover 1.379 1.405 0.026* 1.397 1.393 -0.004
(1.257) (1.255) (1.275) (1.245)

Scaled OC 1.382 1.558 0.176* 1.372 1.543 0.171*
(1.140) (1.306) (1.130) (1.292)

Scaled OCnet 1.220 1.318 0.098* 1.220 1.306 0.086*
(1.001) (1.072) (0.996) (1.063)

OC.1/SALE.; 1.132 1.327 0.194* 1.108 1.318 0.209%
(0.954) (1.102) (0.940) (1.095)

OChnet,.;//SALE, 0.985 1.091* 0.106* 0.970 1.086 0.116*
(0.843) (0.931) (0.833) (0.926)
N 39,179 63,923 33,193 70,535

Panel C: Pairwise Pearson Correlation Coefficients

Variables ROA Sales Growth Asset Turnover
Scaled OC -0.059* - 0.349%
Scaled OCnet -0.044* - 0.403*
OC..1/SALE,; - -0.036* -
OChnety.1/SALE: 1 - -0.049* -
U4 0.030% -0.051*% -0.015*%
U2 0.017% -0.046* 0.001
D-U4 0.020* -0.050% -0.016*
D-U2 0.012% -0.048* 0.003
H'4 0.028* -0.054*% -0.032*%
H2 0.013* -0.047* -0.017%
D-H'4 0.019* -0.049*% -0.015*%
D-H'2 0.010* -0.046* 0.003
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Table 3.3: The relation between ROA and OC

This table presents the results from the estimation of the following OLS regression:

OIBDP,,

100=a0+ﬂ1

0C;,_
L=l + 3, - Diver + 5 -
TAprq TAjrq

+ Indusgpy; - Yr&Firm FE + &;,

it—1

Citr

0
TA

- Diver + f3, - TA
it-1

OIBDP,,_,
TAi;—

5

100

where OIBDP is operating income before depreciation and 74 is total assets. Diver is a diversification
measure, which represents one of the eight measures. The sample consists of all of Compustat segment data
from 1976 to 2014 satistying the criteria in Table 3.1 and all the variables are as described in the Appendix
2. All dollar values are inflation-adjusted using July 2010 as the base year, and are in billions of dollars.
All variables are trimmed at the top and bottom 1%. Residuals are clustered by firm and p-values are in

parentheses.
Diversification yeasure U4 U2 D-U4 D-U2 H'4 H'2 DH'4 DH"2
b 0.969 1.004 0.951 0.987 0.980 0.997 0.952 0.993
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
)iz, -0.223 -0.122 -0.438 -0.340 -0.454 -0.512 -0.431 -0.344
(0.005) (0.189) (0.010) (0.050) (0.000) (0.003) (0.012) (0.048)
Bs 0.137 0.098 0.261 0.190 0.210 0.251 0.259 0.191
(0.006) (0.098) (0.006) (0.050) (0.011) (0.022) (0.007) (0.051)
ir 0.113 0.113 0.113 0.113 0.113 0.113 0.113 0.113
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
Bs 0.494 0.495 0.494 0.494 0.494 0.494 0.494 0.494
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
0 7.276 7.140 7.296 7.207 7.346 7.285 7.338 7.278
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
Induspr;7 Yr&Firm FE Yes Yes Yes Yes Yes Yes Yes Yes
N 96,145 96,681 96,145 96,681 96,075 95,999 96,075 95,999
R’ 0.658 0.658 0.658 0.658 0.658 0.658 0.658 0.658
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Table 3.4: The relation between ROA and OCnet

This table presents the results from the estimation of the following OLS regression:

OIBDP, | o . OCmetyy . . . . OCmely . L, OIBDP,
TA [00= Gt P =+ o Diver + fig - = Diver + By = B T

- 100 + Induspgy; - Yr&Firm FE + ¢;,

where OIBDP is operating income before depreciation and 74 is total assets. Diver is a diversification
measure, which represents one of the eight measures. The sample consists of all of Compustat segment data
from 1976 to 2014 satistying the criteria in Table 3.1 and all the variables are as described in the Appendix
2. All dollar values are inflation-adjusted using July 2010 as the base year, and are in billions of dollars.
All variables are trimmed at the top and bottom 1%. Residuals are clustered by firm and p-values are in

parentheses.
Diversification yeasure U4 U2 D-U4 D-U2 H'4 H'2 DH'4 DH"2
b 1.097 1.132 1.077 1.115 1.108 1.121 1.078 1.123
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
)iz, -0.228 -0.140 -0.443 -0.353 -0.478 -0.579 -0.438 -0.358
(0.004) (0.132) (0.009) (0.039) (0.000) (0.001) (0.010) (0.038)
Bs 0.158 0.127 0.296 0.224 0.254 0.338 0.295 0.225
(0.005) (0.056) (0.006) (0.039) -0.008 (0.006) (0.006) (0.039)
ir 0.115 0.114 0.114 0.114 0.114 0.114 0.114 0.114
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
Bs 0.492 0.492 0.492 0.492 0.492 0.492 0.492 0.492
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
0 7.214 7.085 7.239 7.155 7.285 7.227 7.284 7.228
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
Induspr;7 Yr&Firm FE Yes Yes Yes Yes Yes Yes Yes Yes
N 96,105 96,640 96,105 96,640 96,035 95,958 96,035 95,958
R’ 0.657 0.657 0.657 0.657 0.657 0.657 0.657 0.657
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Table 3.5: The relation between sales growth and OC

This table presents the results from the estimation of the following OLS regression:
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where SALE is sales. Diver is a diversification measure, which represents one of the eight measures. The
sample consists of all of Compustat segment data from 1976 to 2014 satisfying the criteria in Table 3.1 and
all the variables are as described in the Appendix 2. All dollar values are inflation-adjusted using July 2010
as the base year, and are in billions of dollars. All variables are trimmed at the top and bottom 1%. Residuals
are clustered by firm and p-values are in parentheses.

Diversification yieasure U4 U2 D-U4 D-U2 H'4 H'2 D-H'4 D-H?
B 1.392 1.408 1.377 1.372 1.365 1.409 1.383 1.385
(0.000)  (0.000)  (0.000)  (0.000)  (0.000) (0.000)  (0.000)  (0.000)
B> 0.599 0.598 1.047 0.750 0.551 0.776 1.044 0.762
(0.007)  (0.022)  (0.021)  (0.108)  (0.141)  (0.130)  (0.022)  (0.106)
B3 0.410 0.501 0.528 0.635 0.746 0.826 0.540 0.628
(0.016)  (0.017)  (0.080)  (0.052)  (0.011)  (0.041)  (0.073)  (0.056)
B4 0.391 0.390 0.390 0.390 0.391 0.391 0.390 0.391
(0.000)  (0.000)  (0.000)  (0.000)  (0.000)  (0.000)  (0.000)  (0.000)
Bs 0.156 0.156 0.156 0.156 0.156 0.156 0.156 0.156
(0.000)  (0.000)  (0.000)  (0.000)  (0.000)  (0.000)  (0.000)  (0.000)
o 3.488 3.523 3.638 3.817 4.035 4.102 3.747 3.981
(0.179)  (0.156)  (0.160)  (0.123)  (0.112)  (0.110)  (0.137)  (0.117)
Indusrri7Yr&Firm FE Yes Yes Yes Yes Yes Yes Yes Yes
N 91,776 92,309 91,776 92,309 91,665 91,618 91,665 91,618
R’ 0.339 0.338 0.339 0.338 0.338 0.339 0.338 0.339
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Table 3.6: The relation between sales growth and OCnet

This table presents the results from the estimation of the following OLS regression:
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where SALE is sales. Diver is a diversification measure, which represents one of the eight measures. The
sample consists of all of Compustat segment data from 1976 to 2014 satisfying the criteria in Table 3.1 and
all the variables are as described in the Appendix 2. All dollar values are inflation-adjusted using July 2010
as the base year, and are in billions of dollars. All variables are trimmed at the top and bottom 1%. Residuals
are clustered by firm and p-values are in parentheses.

Diversification yieasure U4 U2 D-U4 D-U2 H'4 H'2 D-H'4 D-H?
B 1.643 1.692 1.603 1.646 1.610 1.699 1.609 1.671
(0.000)  (0.000)  (0.000)  (0.000)  (0.000) (0.000)  (0.000)  (0.000)
B> 0.510 0.541 0.844 0.654 0.376 0.583 0.838 0.652
(0.028)  (0.048)  (0.071)  (0.175)  (0.341)  (0.288)  (0.074)  (0.181)
B3 0.555 0.618 0.804 0.813 1.035 1.135 0.822 0.817
(0.009)  (0.018)  (0.031)  (0.043)  (0.006)  (0.028)  (0.028)  (0.044)
B4 0.392 0.391 0.391 0.390 0.392 0.391 0.391 0.391
(0.000)  (0.000)  (0.000)  (0.000)  (0.000)  (0.000)  (0.000)  (0.000)
Bs 0.156 0.156 0.156 0.156 0.156 0.156 0.156 0.156
(0.000)  (0.000)  (0.000)  (0.000)  (0.000)  (0.000)  (0.000)  (0.000)
o 3.237 3.232 3.423 3.546 3.796 3.799 3.539 3.695
(0.211)  (0.192)  (0.185)  (0.150)  (0.135)  (0.138)  (0.160)  (0.145)
Indusrri7Yr&Firm FE Yes Yes Yes Yes Yes Yes Yes Yes
N 91,771 92,300 91,771 92,300 91,659 91,611 91,659 91,611
R’ 0.339 0.339 0.339 0.338 0.339 0.340 0.339 0.339
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Table 3.7: The relation between asset turnover and OC

This table presents the results from the estimation of the following OLS regression:

Ciuon 1 SALE s
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where SALE is sales and 74 is total assets. Diver is a diversification measure, which represents one of the
eight measures. The sample consists of all of Compustat segment data from 1976 to 2014 satisfying the
criteria in Table 3.1 and all the variables are as described in Appendix 2. All dollar values are inflation-
adjusted using July 2010 as the base year, and are in billions of dollars. All variables are trimmed at the top
and bottom 1%. Residuals are clustered by firm and p-values are in parentheses.

Diversification yeasure U4 U2 D-U4 D-U2 H'4 H'2 D-H'4 DH"?2

B

0.144  0.145  0.146  0.146  0.145  0.145  0.146  0.146
(0.000)  (0.000)  (0.000)  (0.000)  (0.000)  (0.000)  (0.000)  (0.000)

)iz, 0.017 0.022 0.039 0.040 0.017 0.020 0.039 0.039
(0.001) (0.000) (0.000) (0.000) (0.039) (0.067) (0.000) (0.000)
Bs 0.010 0.011 0.008 0.007 0.013 0.016 0.009 0.007
(0.002) (0.004) (0.128) (0.232) (0.010) (0.020) (0.121) (0.203)
P4 0.007 0.007 0.007 0.007 0.007 0.007 0.007 0.007
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
Bs 0.495 0.496 0.495 0.496 0.496 0.495 0.496 0.495
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
0 0.837 0.826 0.838 0.832 0.842 0.855 0.833 0.846
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
Indusgr;7"Yr&Firm FE Yes Yes Yes Yes Yes Yes Yes Yes
N 96,587 97,121 96,587 97,121 96,512 96,435 96,512 96,435
R’ 0.860 0.860 0.860 0.860 0.860 0.860 0.860 0.860
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Table 3.8: The relation between asset turnover and OCnet

This table presents the results from the estimation of the following OLS regression:

SALE;, OCnet; ¢4 . OCnet;y . 1 SALE;,_,
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where SALE is sales and 74 is total assets. Diver is a diversification measure, which represents one of the
eight measures. The sample consists of all of Compustat segment data from 1976 to 2014 satisfying the
criteria in Table 3.1 and all the variables are as described in the Appendix 2. All dollar values are inflation-
adjusted using July 2010 as the base year, and are in billions of dollars. All variables are trimmed at the top
and bottom 1%. Residuals are clustered by firm and p-values are in parentheses.

Diversification weasure U4 U2 D-U4 D-U2 H'4 H'2 DH'4 DH2
b 0.168 0.169 0.170 0.170 0.169 0.169 0.170 0.170
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
)iz, 0.019 0.024 0.043 0.043 0.020 0.024 0.043 0.041
(0.000) (0.000) (0.000) (0.000) (0.012) (0.029) (0.000) (0.000)
Bs 0.009 0.011 0.006 0.005 0.012 0.015 0.006 0.006
(0.014) (0.010) (0.329) (0.410) (0.052) (0.050) (0.314) (0.361)
P4 0.007 0.007 0.007 0.007 0.007 0.007 0.007 0.007
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
Bs 0.492 0.493 0.492 0.493 0.493 0.493 0.493 0.492
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
0 0.827 0.817 0.828 0.823 0.832 0.846 0.823 0.837
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
Indusgr;7"Yr&Firm FE Yes Yes Yes Yes Yes Yes Yes Yes
N 96,578 97,111 96,578 97,111 96,503 96,425 96,503 96,425
R’ 0.860 0.860 0.860 0.860 0.860 0.860 0.860 0.860
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Chapter 4. The Transferability of Corporate Social Responsibility

4.1 Introduction

In this chapter, I shift focus from organization capital (OC) to another intangible asset —
corporate social responsibility (CSR). A general indication of the extent of recent investments
made in CSR is provided by a Financial Times article published on October 12, 2014, “U.S. and
UK companies in the Fortune Global 500 spend $15.2bn a year on corporate social
responsibility.”*® At the firm level, firms’ investments in CSR are increasing in both importance
and magnitude (Deng, Kang, and Low, 2013). Many corporations report their CSR activities in
their annual reports, on their websites, and publicize through the media.

Given the size and importance of these investments, a natural question is whether corporate
reputation, measured using data from the MSCI ESG KLD Stats dataset (KLD), is an asset.
According to Deng et al. (2013), there are two contrasting views in the literature about CSR
investments. First, there is the stakeholder value maximizing view where investments in CSR have
a positive effect on shareholder wealth. Under this view, CSR 1is an asset and it creates value for
shareholders. Second, there is the shareholder expense view where the CSR benefits stakeholders
at the expense of shareholders. In this case, CSR is not an asset but is instead a cost to shareholders.
While there are many research studies on this topic (see Griffin and Mahon 1997, Margolis and
Walsh 2003, Margolis, Elfenbein and Walsh, 2009 for literature reviews), the conclusions therein
are mixed. However, Margolis et al. (2009) conclude that, overall, there is a positive but small

effect on firm value from investments in CSR.

38 https://www.ft.com/content/95239a6e-4fe0-11e4-a0a4-00144feab7de
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In this study, instead of investigating directly whether CSR creates value for firms, I take
a different approach and contribute to this literature by examining whether CSR is an asset that is
transferable between firms at some price. To do so, I follow Servaes and Tamaro (2013) by
computing a CSR index that is commonly used in this literature (see, e.g., Deng et al., 2013,
Cheung, 2016; Amiraslani et al., 2017). As in Chapter 2, I exploit the accounting for M&A to
perform this study. Recall that in M&A deals, the bidders record the fair market value of net
identifiable tangible assets acquired, identifiable intangible assets acquired, and goodwill.
Moreover, goodwill represents the future economic benefit from acquired non-identifiable
intangible assets. If CSR is a non-identifiable intangible asset that bidders are paying for, then it
should be done through goodwill. If, on the other hand, target CSR represents a liability — in this
instance, then it should negatively affect goodwill. Therefore, under the joint hypothesis that CSR
is a transferable asset (liability) that has a price (cost), I argue that the value of acquired goodwill
— a non-identifiable intangible asset — captures the value of CSR. In short, I use the same
methodology used in Chapter 2 and I now control for organization capital. To the best of my
knowledge, this is the first paper to show evidence on whether CSR is a transferable asset or
liability in the context of M&A.

I first test the hypothesis that the CSR of the target firm is a transferable asset (liability)
and has a market price (cost). Since CSR is non-identifiable, it would be natural to use scaled
goodwill, which captures the value of non-identifiable assets, as the dependent variable. However,
the CSR index consists of components that relate to both identifiable and non-identifiable
intangible assets. Therefore, the dependent variable employed should include both identifiable and
non-identifiable intangible assets. Thus, I use the four different measures of scaled acquired

intangibles used in Chapter 2 as dependent variables. A positive and significant coefficient on the
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CSR measure implies that CSR 1is a transferable asset that has a price, while a negative significant
coefficient implies that CSR is a liability that has a cost.

Second, I test the effect of target CSR on bidders’ post-acquisition return on assets. A
positive relation implies that bidders benefit from their acquired target CSR and confirms that CSR
is a transferable asset. A negative relation implies that target CSR is a transferable liability since
it adversely affects the bidders’ return on assets following the completion of the deal, thereby
indicating that CSR is value decreasing in this specific context.

Using a sample of 333 completed U.S. M&A deals from 1991 to 2013, I find a negative
relation between the acquired targets’ CSR index and scaled intangible assets booked by bidders
in same-industry deals. This relation signifies that the higher is the target CSR measure, the lower
is the value of scaled intangible assets booked by bidders when acquiring a target. Alternatively,
for a given level of book value of total assets, as target CSR increases, less intangible capital is
recorded, on average, in M&A transactions. This finding suggests that, in this context, target CSR
is value decreasing and is in fact a liability. I additionally find a negative relation between acquired
targets’ CSR index and bidders’ post-acquisition return on assets, further confirming that target
CSR does not create value and is thus a liability. Finally, I find that acquired targets’ CSR is
positively related to changes in bidders’ CSR from pre- to post-acquisition. This paper contributes
to the CSR literature by showing empirical evidence that in the specific context of M&A, target
CSR is a liability to the target firm and an expense to the bidder.** However, it is important to note

that outside the context of M&A, CSR can be a valuable asset for firms.

3 This evidence contradicts the finding of a positive relation between targets’ socially responsible investments (SRI)
and the cross-country announcement effects of M&A in Aktas, de Bodt and Cousin (2011), who conclude that targets’
SRI create value for the shareholders in M&A.
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The remainder of the paper is organized as follows: I summarize the related literature and
develop the hypotheses in the next section. Section 4.3 describes the construction of the dataset

and sample. Section 4.4 presents the results and section 4.5 concludes.

4.2 Research Background and Hypothesis Development
4.2.1 Corporate Social Responsibility

Given the magnitude of investments made in CSR, one would expect that these investments
would have a positive impact on firm value. Indeed, in their theoretical model, Fatemi, Fooladi,
and Tehranian (2015) find that CSR creates value. Empirically, Jiao (2010) finds a positive
association between stakeholder welfare score and Tobin’s Q. Tsoutsoura (2004) finds that CSR
measures are positively related to return on assets, return on equity, and return on sales. In their
review of the CSR literature on firm value creation, Griffin and Mahon (1997) find that the
relations are positive, negative, or inconclusive, though they also note some methodological
inconsistencies. Of the 127 studies reviewed by Margolis and Walsh (2003), 109 use CSR as the
independent variable and 54 (7) of these find a positive (negative) relation with financial
performance. A later review by Margolis, Elfenbein, and Walsh (2009) finds that the overall CSR-
firm value effect is positive but small.

Other researchers have studied the relation between CSR and firm value under specific
conditions. For example, Servaes and Tamayo (2013) find the positive association between CSR
and firm value applies to firms with high customer awareness (as proxied by advertising intensity).
Lins, Servaes and Tamayo (2017) find that, during the recent financial crisis, high CSR firms had
higher stock returns when compared to low CSR firms. This result implies that investments in CSR

are more beneficial when they are most needed. El Ghoul et al. (2011) study the relation between
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CSR and equity financing and find that high CSR firms benefit from cheaper equity financing.
Amiraslani et al. (2017) examine the relation between debt financing and CSR. They find that
while high CSR firms do not benefit from debt financing under normal conditions, in difficult
economic times, these firms are able to raise more debt at lower cost and of longer maturity. Goss
and Roberts (2011) apply principal component analysis to CSR data and find that bank loans are
more expensive for firms with more negative CSR.

Some studies more related to that in this chapter have linked CSR to M&A. For instance,
Deng et al. (2013) study whether CSR creates value for bidders in M&A deals and find that high
CSR bidders have higher announcement returns, realize positive long-term stock returns, and have
larger increases in post-acquisition long-term operating performance, among others. Thus, in their
study, high CSR bidders make better acquisitions than low CSR bidders. These findings support
the view that CSR has a positive effect on shareholder wealth. Aktas et al. (2011) find that socially
responsible investing (SRI) by target firms is positively associated with the cumulative abnormal
return around acquisition announcement. Using CSR as a proxy for cultural similarity, Bereskin
et al. (2018) find that firms with similar CSR scores exhibit superior performance following merger

completion.

4.2.2 Hypothesis Development and Variable Definition

In order to investigate whether CSR is a transferable asset (liability) that has a price (cost)
and that bidders acquire CSR in an M&A, I compute a CSR index, following Servaes and Tamaro
(2013), using the CSR rating data from the MSCI ESG KLD Stats dataset (KLD). The KLD dataset
contains yearly CSR ratings of large public firms and has been used by Jiao (2010), Goss and
Roberts (2011), Deng et al. (2013), Servaes and Tamayo (2013), Cheung (2016), Amiraslani et al.

(2017), Lins et al. (2017) and Prakash et al. (2017), among others. KLLD evaluates companies on
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13 categories, seven of which are related to social performance. Each category is associated with
strength (positive) and concern (negative) indicators. Following Servaes and Tamayo (2013) and
Amiraslani et al. (2017), I consider the following five categories: community, diversity,
employment, environment, and human rights. I do not consider the corporate governance and
product categories because these are not considered as being related to CSR. For instance, Servaes
and Tamayo (2013) argue that the product category focuses on product quality and thus including
this category in the CSR measure results in firms of high product quality being considered as high
CSR firms. They also reason that corporate governance is a tool for shareholders to reward and
control managers while CSR deals with stakeholders and social objectives other than shareholders.

To create the CSR index, for each of the five categories, I sum the number of strengths
(concerns) for each firm year. Then, for each of the five categories, I divide the aggregate number
of strengths (concerns) by the maximum possible number of strengths (concerns) in that year.
Doing so provides a scaled strengths (concerns) number for each of the five categories for each
firm year. Next, for each category, I subtract the scaled concerns number from the scaled strengths
number, resulting in five indices, each ranging from -1 to +1, for each firm year. Finally, I
aggregate the five indices for each firm year to obtain the CSR index. The CSR index ranges from
-5 to +5. Similar measures are used by Deng et al. (2013), Amiraslani et al. (2017), Cheung (2016),
and Lins et al. (2017), among others.

Since this CSR index consists of components that relate to both identifiable and non-
identifiable intangible assets, the measure of acquired intangible assets employed should include
identifiable intangible assets in addition to goodwill (GDWL). I therefore use the following four
acquired intangibles measures: Acglntanl, Acqlntan2, Acqlntan3, and GDWL as described in

Chapter 2 and Appendix 2. Since the methodology and majority of variables used in this chapter
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are identical to those used earlier in Chapter 2, to avoid undue repetition, I do not again discuss
the full details here.
My first hypothesis is as follows:
HI1: CSR is an asset (liability) that has a price (cost).

I use the following deal-level regression to test the above hypothesis:

OCTt—1

Y1t _ @y + B1CSR indexy 1 + f,CSR indexp ;1 + B3 TAT,t-1

TAT -1

+B,CASH + BsCARp +

PePREMIUM + Yr FE + egr: 4.1)
where Y is AcgIntanl, Acqlntan2, Acqintan3, or GDWL. The subscript B is for the bidder, T is for
the target, and time ¢ is the fiscal year during which the transaction was completed. The dependent
variable is Scaled AcqIntanl, Scaled Acqlntan2, Scaled Acqintan3, or Scaled GDWL and the
variable of interest is CSR indexr.;. Yr FE are year fixed effects. CSR Index is as described above
and all other variables are as described earlier in Chapter 2 and in Appendix 2. In the regression
analysis, standard errors are clustered by industry.*® If target CSR is an asset (liability), I expect
the coefficient estimate of the variable of interest, CSR indexr:1, to be positive (negative) and
capture the price (cost) associated with a change in the target CSR index by 1 unit holding target
total assets constant.

My second hypothesis addresses an alternative approach to investigating whether CSR is
transferable by examining the relation between target CSR and bidders’ future ROA. My second
hypothesis is thus:

H2: There is a positive (negative) relation between acquired targets’ CSR and

bidders’ future operating returns if target CSR is a transferable asset (liability).

40 Since CSR has a strong industry effect, I follow Petersen (2009) and cluster standard errors at the industry level.
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I use regression analysis with ROA as the dependent variable and acquired target CSR as

the variable of interest to study this relation as follows:

OIBDPp t+1 OCTt 1

— -100 = ay + B,CSR indexy 1 + [,CSR indexp, + ,83 + ,B — +
Bt
OIBDPp;
ﬁ5 m 100 + Yr FE + eB,t+1 (42)

where OIBDP is the operating income before depreciation, CSR Index is the CSR measure as
described above and all other variables are as described earlier in Chapter 2 and in Appendix 2.
The dependent variable is bidders’ ROA and the variable of interest is the target CSR, CSR Indexr;-
1.4 Note that OIBDP at time ¢ is reported by the bidder but includes operating income for both
target and bidder. To address this issue, I scale this operating income using the total assets of both
bidder and target firms at time ¢-1/.

If acquired target CSR is a transferable asset (liability), I expect the coefficient estimate of
CSR indexr.; to be positive (negative), implying that acquired target CSR is positively
(negatively) associated with post-acquisition operating income. Additionally of note, £; in Egs.
(4.1) and (4.2) are independent of each other and thus they need not be similar. For instance, it is
possible that bidders do pay for CSR in M&A deals, meaning CSR has a price and f; is positive
in Eq. (4.1), but this CSR is not transferable and £; is not significant in Eq. (4.2).

Lastly, I study the impact of target CSR on bidder CSR in both the acquisition completion
year and the subsequent year. My third hypothesis is:

H3: There is a positive relation between acquired targets’ CSR and bidders’ future CSR if

the former is added to the latter at the completion of the acquisition.

41T drop observations where ROA and lagged ROA are not within 100%.
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I use regression analysis with the change in bidders’ CSR as the dependent variable and
acquired targets’ CSR as the variable of interest to study this relation as follows:

CSR indexp s — CSR indexg,_1 = ag + f1CSR indexr ¢y + f2TAr -1 + B3TAp—1 +

Yr FE + g1, (4.3)

CSR indexp¢1q — CSR indexg,—y = ag + 1CSR indexy 1 + BoTAr 1 + f3TAp -1 +

Yr FE + ey (4.4)

where CSR index is the CSR measure as described above and all other variables are as described

earlier and in Appendix 2. I expect the coefficient estimate of CSR indexr,; to be positive,

implying that acquired targets’ CSR is added to bidders” CSR.

4.3 Data and Sample Description

The M&A data used in this chapter is obtained from the Thomson Reuters Securities Data
Company (SDC), the accounting data is from Compustat, and stock price data is from the Center
for Research in Security Prices (CRSP) database. In the first part of this study, I use deal-level
goodwill data, a subset of that used in Chapter 2. I start with a sample of 999 M&A transactions
with hand-collected goodwill from 1990 to 2013. The CSR measure is computed using the KLD
dataset, and this dataset begins coverage in 1991. From the M&A sample, I am able to identify
with certainty target CSR measures for only 333 observations.

In the second part of this chapter, I investigate the relation between the target CSR index
and bidders’ post-acquisition profitability, ROA. As mentioned in the previous chapter, ROA is
measured at the bidder level and, unlike goodwill, cannot be disaggregated to transaction level.
Aggregating acquired targets’ CSR is problematic when the bidder makes acquisitions of private

targets and would thus lead to an error in independent variable problem and violate the zero-

89



conditional mean assumption of OLS, resulting in a biased and inconsistent OLS estimator. I
address this issue by using deals where the bidder made only one acquisition in a given fiscal year
and the target is a public firm. Doing so results in a sample of 131 observations. To ensure that the
ROA of the bidders are not contaminated by other acquisitions, I drop observations where the
bidder made any acquisition(s) in the fiscal year following the completion of the deal in question.
This removal of confounding events leads to a sample of size of 94 observations in year ¢+ /. Table

4.1 provides a summary of the construction of the sample.

4.4 Results

4.4.1 Summary Statistics

In Panel A1 of Table 4.2, I present the summary statistics of the main variable of interest,
the unscaled versions of the booked intangible capital, which are the main dependent variables,
along with some reference variables. The summary statistics of the unscaled and reference
variables gives the reader a better view of the meaning of the results and provide some statistics
about the recorded dollar amount of intangible capital in M&A deals. I present the statistics for
the Full sample first, followed by the Cross- and Same-Industry samples, respectively. The Same-
(Cross-) Industry sample consists of observations where the bidder and target (do not) share the
same two-digit SIC codes.

The targets’ CSR index (hereafter CSR) has a mean (median) of -0.152 (-0.125) while the
bidders” CSR has a mean (median) of 0.073 (0.000).*> On average, targets’ CSR is poor as the

negative sign indicates that the concern factors outweigh the strength factors. As well, targets’

42 The CSR can take a minimum of value of -5 and a maximum of +5. However, CSRy varies between -0.962 and +1,
and CSRp varies between -0.983 and +2.119 in my sample.
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CSR is significantly lower than bidders’ CSR. I can conclude that, in this sample, the bidders are
more socially responsible than the target firms, on average. Both target and bidder CSR indices in
this sample are larger in magnitude than those in Deng et al. (2013) and Lins et al. (2017).

In the Full sample, Acglntanl, Acqintan2, Acqintan3, and GDWL have means (medians)
of $2.68 ($1.17), $2.33 ($0.97), $1.76 ($0.79), and $1.71 ($0.77) billion, respectively. These
statistics are comparable to those in the two subsamples, and show that, on average, a sizeable
dollar amount is being recorded as intangible assets acquired in an M&A deal.* Additionally, these
statistics are larger in magnitude than those in Panel A1 of Table 2.2 because the current sample
uses CSR data that are biased toward larger public U.S. firms. This is confirmed by the average
market value of equity (MFE) and book value of total assets (74) of the targets and bidders,
measured at the most recent pre-acquisition fiscal year-end. As expected, the bidders are larger
firms than the targets, on average. Moreover, bidders in the Cross-Industry sample are larger than
those in the Same-Industry sample.

The summary statistics of the above intangible asset variables scaled by targets’ total assets
measured at the last fiscal year end prior to the completion of the acquisition are shown in Panel
A2. The mean (median) of Scaled Acqintanl is 2.20 (1.51) in the Full sample, indicating that the
average amount attributed to intangible assets in a transaction is more than double that of the
targets’ TA. Similarly, the means (medians) of Scaled AcqIntan2 and Scaled Acqlntan3 are 1.71
(1.28) and 1.31 (0.91), respectively. The mean (median) of Scaled GDWL is 1.29 (0.91) in the Full
sample. Thus, the average amount of goodwill recorded in a transaction in this sample is about

129% of the TA of the target. Similar statistics are observed in the two subsamples, with the

43 Note that in 191 observations, the bidder recorded in-process R&D and patents (Acglntanl — Acqlntan2) with a
combined mean of $0.6 billion. In 263 observations, the bidder recorded advertising-related intangible assets
(AcqIntan2 - Acqintan3) with a mean of $0.6 billion. In 32 observations, the bidder recorded workforce and non-
compete agreements (Acqlntan3 - GDWL) with a combined mean of $0.3 billion.
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exception of Scaled Acqlntan? where the mean is significantly higher in the Cross-Industry than
in the Same-Industry sample.

In terms of control variables, the mean (median) of Scaled OC is 1.39 (1.11) and about
50% of the deals are financed solely with cash across all samples. Similar statistics are observed
in the two subsamples. The mean of CAR3,; is -1.49% for the Full, -2.82% for the Cross-Industry
and -0.82% for Same-Industry samples. The average PREMIUM that the bidder paid in a
transaction in this sample is 42% (41%) in the Full (Same-Industry) sample. These statistics are
consistent with Betton et al. (2008).

Recall that in the second part of this chapter, I study the relation between post-acquisition
return on assets (ROA) and acquired target CSR. The mean (median) of post-acquisition ROA is
10% (11%) and 12.24% (11.09%) in the Full and Same-Industry samples, respectively. The mean
(median) of acquired target CSR is -0.175 (-0.138) and bidders’ CSR is -0.065 (-0.092) in the Full
sample. Similar statistics are observed in the Same-Industry sample. The mean (median) of the
control variable acquired targets’ OC scaled by bidders’ total assets in the acquisition completion
year is about 0.38 (0.18) in Full and Same-Industry samples.**

Lastly, I study the relation between acquired targets’ CSR and changes in bidders’ CSR in
the year of and that subsequent to the completion of acquisitions. The mean (median) of the change
in bidders CSR from the year before to the acquisition completion year, ACSR3;, is 0.01 (0.00) in
the Full sample and -0.028 (0.00) in the Same-Industry sample. The mean (median) of the change
in bidders’ CSR from the year before to the year after acquisition completion, ACSRp+1, is 0.08

(0.00) and 0.03 (0.00) in the Full and Same-Industry samples, respectively.

4 Since the Cross-Industry sample in this section has too few observations for meaningful inference, I present the
corresponding statistics merely for completeness.
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Panel B1 of Table 4.2 presents the correlation matrix for the variables used in the first part
of this chapter. As expected, the different measures of scaled intangibles have positive and
significant correlation coefficients. I find no significant correlation between the different measures
of scaled intangible assets and target CSR. These correlation coefficients are negative in the Same-
Industry sample and mostly positive in the Full sample. All the different measures of acquired
scaled intangible assets have positive and significant correlation with the bidders’ CSR. The
correlation coefficients of the control variables are similar to those in Panels B1 and B2 of Table
2.2.

In Panel B2, the correlation between acquired targets’ CSR and post-acquisition ROA4 is
insignificant. Nevertheless, the post-acquisition ROA is positively correlated with bidders’ CSR, a
control variable. In Panel B3, acquired targets’ CSR, is positively correlated with ACSR3, in the
Full sample. From the different correlation matrices, I find that acquired targets’ CSR has a positive

and significant relation with changes in post-acquisition bidders’ CSR.

4.4.2 The Price (Cost) of CSR

I present the results of Eq. (4.1) in Table 4.3, starting with the regression of Scaled
Acqlntanl on CSRr on a deal-level basis in the first three columns and end with Scaled GDWL as
the dependent variable in the last three columns. I start with the aggregate of all acquired intangible
assets booked in an M&A transaction, then remove the identifiable intangible assets, and then use
the non-identifiable intangible assets, GDWL.

First, I find that the coefficient estimates of CSR index are negative in all models and all
samples, and significant in the Same-Industry sample.*” The negative coefficient estimate of CSRr

implies that the higher is the targets’ CSR, the lower is the amount of scaled intangible assets

4 Note that in the last three models, the difference in the coefficient estimates of CSR index between the Cross- and
Same-Industry sample are insignificant.
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booked by bidders when acquiring the targets. Using Scaled Acqlntanl as the dependent variable,
an increase in target CSR by 1-standard-deviation is associated with a 0.252 decrease in Scaled
Acglntanl, on average, in the Same-Industry sample.*® Since the mean of Scaled Acglntanl is 2,
this implies a decrease of 1/8 in Scaled AcqIntanl at the mean. Alternatively, for a given level of
book value of total assets, as target CSR increases, less intangible capital is recorded, on average,
in M&A transactions. Using the first model, holding target total assets constant, an increase in
target CSR index by 1 unit is associated with a decrease of $708 million of acquired intangible
assets, on average, in the Same-Industry sample.

In the next model, a 1-standard-deviation increase in target CSR is associated with a
decrease of 0.116 in Scaled Acqlntan2, on average, in the Same-Industry sample. In the last two
models, a 1-standard-deviation increase in target CSR is associated with a decrease of 0.103 in
either dependent variable, on average, in the Same-Industry sample. Since both of these variables
have the same mean, this implies a decrease of 0.09 at their respective mean. Alternatively, holding
target total assets constant, an increase in target CSR index by 1 unit is associated with a decrease
of $290 million of booked goodwill, on average, in the Same-Industry sample. These results imply
that target CSR is a liability to the target firms in this M&A context because of the negative relation
between recorded intangible assets and target CSR. These results are consistent with the
observations from the correlation matrix.

Second, the coefficient estimates of CSR indexs, are positive and significant in two out of
three samples when using Scaled Acqlntanl as dependent variable. These results imply that the
higher is the bidders’ CSR, the more scaled intangible assets they record in an acquisition. As

expected, the coefficient estimate of Scaled OC is positive in all samples and significant in the Full

46 The standard deviation of target CSR is 0.356.
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and Same-Industry samples in all models. The coefficient estimates of the control variables are
similar to those in Table 2.3 of Chapter 2. The coefficient estimate of CASH is positive in all
samples but not always significant. The coefficient estimate of CARp, is negative in all samples
and significant mostly in the Full and Same-Industry samples. These results imply that there is a
negative relation between bidder’s stock price reaction and the amount of scaled intangible assets
booked in a transaction. The coefficient estimate of PREMIUM, fs, is positive and significant in
all samples. The negative coefficient of CARp and the positive coefficient of PREMIUM can be
interpreted as a proxy for managerial hubris, a component of goodwill (Roll, 1986).

The magnitude of the coefficient estimates of CSRr in the different models suggests that
acquired targets’ CSR is related to the identifiable as well as the unidentifiable intangible assets.
From this table, I can make two conclusions: first, acquired targets’ CSR reduces the amount of
intangible assets recorded in M&A deals, suggesting that target CSR is a liability. Note that while
target CSR can be a valuable asset to the target, in this specific context, it is a liability from the
bidder’s perspective. Second, there is the puzzling result that bidders’ CSR is positively associated
with the amount of intangible assets that they book in M&A deals.

It should be noted that the dependent variables in Eq. (4.1) are censored from below since
recorded intangible assets do not take negative values in this sample. As a result, the Tobit model
is more appropriate than the traditional OLS regression. In untabulated results, I find that the Tobit
model produces results that are quite comparable to those using the OLS regressions and, thus, for

ease of exposition, I present only the output from the OLS regressions.*”**

47 The results of the Tobit model are available upon request.

48 Due to the small sample size, these models do not include industry fixed effects. When using industry fixed effects,
the p-values increase to about 0.15 in the Same-Industry sample but the sign of the coefficient of the variable of
interest does not change and its magnitude is comparable to those presented. Note that the presence of fixed effects
potentially removes significant valuable variation in the data (see Gormley and Matsa, 2014).
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In the next section, I analyze the relation between the bidders’ post-acquisition ROA and
acquired targets” CSR using deals where the bidders’ sole acquisition in a fiscal year is a public
target. Before doing so, however, I verify whether the results just described hold similarly for
bidders who made a single public acquisition in a fiscal year. Ex ante, there is no reason to expect
the results to be different for this subsample. I replicate Tables 4.3 using this subsample and show
the results in Tables 4.4.%

In Table 4.4, I find that the coefficient estimates of CSRr are negative and significant in all
models using the Same-Industry sample, except when using Scaled Acqlntanl as the dependent
variable. Where significant, the coefficient estimates of CSRr are also of the same magnitude,
indicating that an increase in target CSR index by I-standard-deviation is associated with a
decrease of 0.235, on average, in Scaled Acqlntan2, Scaled Acqlntan3, or Scaled GDWL in the
Same-Industry sample.”® Alternatively, for a given level of book value of total assets, an increase
in target CSR by 1 unit is associated with an average decrease of $656 million in booked goodwill.

The coefficient estimate of £ is still positive and significant. The coefficient estimate of
Scaled OC is positive and significant the Sample-Industry sample. The coefficient estimate of
CASH and PREMIUM are insignificant. The coefficient estimate of CARg is still negative, and
insignificant in the Same-Industry sample in the last two models. The takeaway from this table is
that in Same-Industry deals, targets’ CSR is negatively associated with booked intangible capital

in acquisitions, thereby implying that target CSR is a liability and not creating value for the bidder.

41 do not report the results for the Cross-Industry sample since this sample is limited to only 25 observations.
30 The standard deviation of target CSR is 0.361 in this subsample.
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4.4.3 ROA and CSR

I present the results of Eq. (4.2) in Table 4.5. In the first column, I present the results for
the Full sample and the Same-Industry sample in the second column. None of the CSR variables
has significant coefficient estimates in the Full sample. In the Same-Industry sample, the
coefficient estimate of acquired targets’ CSR is negative and significant, implying that acquired
target CSR is negatively associated with post-acquisition ROA. A 1-standard-deviation increase
in acquired target CSR is associated with a decrease of 1.16 percentage points in post-acquisition
ROA. Since the mean of post-acquisition ROA is 12.24%, the impact of 1-standard deviation
increase in acquired targets CSR leads to an approximate 9.5% reduction in ROA. I also find that
the coefficient estimates of bidders’ CSR are positive but not significant.

The results from this table are consistent with the results in Tables 4.3 and 4.4 since these
results further imply that acquired targets” CSR is a liability in the context of M&A as it is
negatively associated with both booked intangible assets in M&A deals and with post-acquisition
ROA.’! Targets’ CSR does not appear to create value for the bidders in this specific setting.

4.4.4 Changes in Post-Acquisition Bidders’ CSR

I present the results of Egs. (4.3) and (4.4) in Table 4.6. I find that the coefficient estimates
of CSRr are positive and significant in all specifications except in the Full sample for ACSRp /1.
These results imply that acquired target CSR is positively associated with the change in bidders’
CSR index pre- to post-acquisition completion. For instance, a 1-standard deviation increase in
acquired target CSR is associated with an increase of 0.09 and 0.10, on average, in ACSRp; and

ACSRp+1, respectively, in the Same-Industry sample. These results are consistent with the

3! Similar to the approach in Chapter 2, I also estimate the regressions of both sales growth and asset turnover as the
dependent variable and acquired targets’ CSR as the variable of interest. I find a negative relation between the target
CSR and the two other variables. However, these coefficient estimates are statistically insignificant. Thus, I do not
report them.

97



observations made in the correlation matrix in Panel B3 of Table 4.2. The results in this subsection
are not surprising, since post-acquisition, bidders would be associated not only with their own CSR

but also that of their target firms.

4.5 Concluding Remarks

In this chapter, I explore whether the CSR of target firms is transferrable in mergers and
acquisitions. Overall, I find that acquired targets’ CSR has a negative association with both the
booked scaled intangible capital in M&A deals and bidders’ post-acquisition ROA. The former
finding is consistent with target CSR lowering net acquired intangible assets, and the latter
indicates that target CSR is not creating value for bidders. Taken together, these results suggest
that acquired targets’ CSR is a liability, in this specific instance, and provide some evidence in
contrast to the findings of studies in the literature that document CSR as a valuable asset. I also
find the puzzling positive association between bidders’ CSR and booked scaled intangible capital.
Furthermore, I find acquired targets’ CSR is positively related to bidders’ changes in CSR

following the completion of the acquisitions.
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Table 4.1: Sample construction

Selection Criteria No. of transactions
Completed acquisitions by U.S public acquirers®? (1990-2013) 87,297
Matched acquirers’ PERMNO and GVKEY 63,878
Public targets 6,814
U.S targets 5,571
Exclude transactions in:
Financial sector (SIC 6000-6999) 3,331
Public utilities (SIC 4900-4999)
SDC transaction value greater than $1m (July 2010 dollars) 3,093
Acquirers’ ownership of targets:
Prior to the announcement date: less than 50% 2,409
After the completion: 100%
Matched targets’ PERMNO and GVKEY 1,986

Transaction value greater than 1% of bidder’s market value of equity

. 1,804
11 days prior to announcement date
Target’s delisting code in CRSP is in the 200s 1,768
Transactions with hand-collected goodwill 999
Observations with target CSR Index 333
Subsample for productivity test
Single transaction in a fiscal year 131
Excluding confounding events in year ¢+/ 94

52 Excluding repurchases and self-tenders.
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Table 4.2: Summary statistics and correlation coefficients

The sample consists of 333 completed M&A deals from 1990 to 2013 satisfying the criteria in Table 4.1 and all the variables are as described in
Appendix 2. Same- (Cross-) Industry are observations where the bidder and the target (do not) share the same two-digit SIC codes. All dollar values
are inflation-adjusted using July 2010 as the base year, and are in billions of dollars. All the variables are trimmed at the top and bottom 1%. Panel
A1 shows the summary statistics of some reference and unscaled variables. Panel A2 shows the summary statistics of the other variables used in this
study. Panel B1 to B3 show the pairwise correlation of the variables. Superscripts X, y, and z represent the statistical significance at the 1, 5, and
10% levels, respectively. Superscripts a, b, and c represent the statistical significance at the 1, 5, and 10% levels, respectively, between the Cross-
and Same-Industry.

Panel A1: Summary Statistics of Reference & Unscaled Variables

Full Cross-Industry Same-Industry
Variables N Mean Median N Mean Median N Mean Median
CSRr.; 329 -0.152 -0.125 113 -0.144 -0.075 216 -0.156 -0.155
CSR3.; 305 0.073 0.000 101 0.173 0.107 204 0.023° 0.000
Acqlntanl 327 2.681 1.174 113 2.289 1.398 214 2.888 0.989
Acqlntan2 326 2.333 0.969 112 2.007 1.200 214 2.505 0.884
Acqlntan3 326 1.757 0.790 112 1.570 0.979 214 1.855 0.728
GDWL 330 1.710 0.769 113 1.482 0.978 217 1.828 0.670
MET.; 321 2.661 0.932 108 2.780 0.944 213 2.600 0.906
MEg ., 320 23.436 5.339 106 32.384 12.190 214 19.003? 4.141
TAz4 321 2.385 0.706 108 2.628 0.681 213 2.262 0.745
TAg i 319 17.768 4.772 105 22.715 10.430 214 15.340° 3.590
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Panel A2: Summary Statistics of Variables used in this chapter

Full Cross-Industry Same-Industry
Variables N Mean Median N Mean Median N Mean Median
Dependent Variable related to the acquisition of CSR
Scaled Acqlntanl 322 2.204 1.507 107 2.414 1.663 215 2.099 1.336
Scaled Acqlntan2 321 1.713 1.277 107 1.932 1.553 214 1.603° 1.101
Scaled Acqlntan3 321 1.307 0.912 106 1.472 1.150 215 1.225 0.837
Scaled GDWL 325 1.285 0.903 108 1.434 1.094 217 1.210 0.836
Control Variables
Scaled OC 302 1.391 1.110 88 1.420 1.045 214 1.380 1.125
CASH 333 0.465 0.000 114 0.482 0.000 219 0.457 0.000
CARp 323 -1.491* -0.990 109 -2.816* -1.899 214 -0.816% -0.594
PREMIUM 327 42.278 37.751 111 43.933% 35240 216 41.427* 38.379
Variable related to the productivity of acquired of CSR
ROA+; 94  10.302* 10.919 24 4.650 10.486 70 12.239% 11.089
CSRr.1 94 -0.175 -0.138 24 -0.122 -0.104 70 -0.193 -0.155
CSRs, 88 -0.065 -0.092 21 0.157 0.098 67 -0.134 -0.2
OCr,.1/TAp, 94 0.381 0.181 24 0.409 0.164 70 0.372 0.186
Variable related to Bidders post-acquisition CSR
A CSRp 87 0.010 0.000 21 0.130 0.000 66 -0.028 0.000
A CSRp, 1+1 86 0.078 0.000 21 0.242 0.042 65 0.025 0.000
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Panel Bl: Pairwise Pearson Correlation Coefficients for variables related to the acquisition of CSR

SAME-INDUSTRY

1 2 3 4 5 6 7 8 9 10
| | Scaled Acqlntan] 1 0851F 0.851% 0.852° 0052 0236° 0.181% 0.189% -0.102 0.247
2 | Scaled AcgIntan2? ~ 0.830* 1 0.953* 0954 -0.033 0208 0.196° 0.181* -0.102 0.204%
F |3 | Scaled Acqlntan3 ~ 0.836*  0.952 10999 -0.041 0.180° 0.136* 0.139¥ -0.095 0.209*
U |4 | Scaled GDWL 0.836*  0.952%  0.999% 1 -0.042 0.189% 0.141Y 0.144° -0.090 0.210
L |5 | CSRr 0.012 0017 0012  0.008 1 0205 0080 -0.046 -0.108 -0.112
L |6 | CSRs 0239 0207 0.188* 0.195° 0.230% 1 0.088 0.198° -0.025 0.155¥
7 | Scaled OC 0212 0223 0.179* 0.191* 0.107  0.087 1 0193 0.105 0.098
8 | CASH 0211  0.186° 0.162* 0.173* -0.026 0.264* 0.189" 10194 0.126"
9 | CARs 0.040  -0.034 -0.047 -0.037 -0.102° -0.026 0.073  0.229* 1 0.098
10 | PREMIUM 0.157*  0.089 0.113 0.120° -0.062 0.188* 0.170* 0.132Y  0.077 1

Panel B2: Pairwise Pearson Correlation Coefficients for variables related to ROA

SAME-INDUSTRY

1 2 3 4
F 1 | ROA 1 0.046  0.305Y 0.075
U 2 | CSRr1 -0.021 1 0.048  0.320*
L 3 | CSRs, 0.267” 0.148 1 -0.086
L 4 | OCr.i/TAp, -0.011  0.233¥  -0.033 1

Panel B3: Pairwise Pearson Correlation Coefficients for variables related to post acquisition CSR

SAME-INDUSTRY

K 1 2 3
U 1 | ACSRs, 1 0.646 0.184
L 2 | A CSRp i1 0.595* 1 0.041
L 3 | CSRres 0.211*  -0.012 1
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Table 4.3: The price of acquired target CSR

This table presents the results from the estimation of the following OLS regression:

Yot OCri—q
+£,CASH + BsCARp + SoPREMIUM + Y1 FE + eg 7,
TA7 ;4 TATt-1 .

= ao + ,81CSR indexT,t_l + ﬁzCSR indexB’t_l + ﬁ3

where Y = Acqlntanl, Acqlntan2, Acqlntan3, GDWL. Acqlntanl is transacted goodwill plus all other acquired intangible assets. Acqlntan2 is
Acglntanl less both in-process R&D and patents. Acglntan3 is transacted goodwill plus work force and non-compete agreements. GDWL is the
transacted goodwill. 74 is book value of total assets. The sample consists of 333 completed M&A deals from 1990 to 2013 satisfying the criteria in
Table 4.1 and all the variables are as described in Appendix 2. Same- (Cross-) Industry are observations where the bidder and the target (do not)
share the same two-digit SIC codes. All dollar values are inflation-adjusted using July 2010 as the base year. All the variables are trimmed at the top
and bottom 1%. Residuals are clustered by the target Fama-French 17-Industry classification and p-values are in parentheses.

Model Scaled Acqlntanl Scaled Acqlntan2 Scaled Acqlntan3 Scaled GDWL
Full  Cross- Same- Full  Cross- Same- Full  Cross- Same- Full  Cross- Same-
Industry Industry Industry Industry Industry Industry Industry Industry
Bi -0.513  -0.075  -0.708 -0.277  -0.231 -0.327 -0.207  -0.127  -0.291 -0.215 -0.178  -0.290
(0.225) (0.885) (0.088) (0.100) (0.686) (0.064) (0.111) (0.711) (0.045) (0.094) (0.636) (0.046)
B2 0.750 0.760 0.712  0.542 0.889 0.358  0.403 0.617 0.259  0.408 0.633 0.265
(0.036) (0.000) (0.123) (0.000) (0.000) (0.016) (0.000) (0.000) (0.027) (0.001) (0.000) (0.031)
Bs 0.288 0.256 0.321  0.206 0.223 0.216  0.130 0.123 0.145  0.132 0.139 0.142
(0.012) (0.184) (0.031) (0.042) (0.231) (0.027) (0.094) (0.453) (0.067) (0.096) (0.415) (0.071)
P 0.453 0.427 0.633  0.324 0.420 0366  0.210 0.377 0.210  0.216 0.405 0.210
(0.002)  (0.230) (0.000) (0.078) (0.191) (0.056) (0.137) (0.115) (0.206) (0.145) (0.073) (0.209)
Bs -0.054  -0.016  -0.080 -0.031 -0.004  -0.046 -0.024  -0.002  -0.036 -0.023 -0.002  -0.034
(0.027)  (0.522)  (0.003) (0.136) (0.859) (0.008) (0.071) (0.885) (0.002) (0.100) (0.931) (0.006)
Bs 0.016 0.010 0.020  0.008 0.012 0.010  0.008 0.010 0.010  0.008 0.010 0.009
(0.018) (0.014) (0.058) (0.080) (0.013) (0.097) (0.031) (0.010) (0.059) (0.035) (0.011) (0.065)
o -1.040  -0.253 0.493 -0.200 1.228 0.868 -0.131 -0.255 0.880 -0.124  -0.340 0.880

(0.210)  (0.698) (0.469) (0.559) (0.082) (0.022) (0.630) (0.669) (0.008) (0.649) (0.605) (0.008)

Yr FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
N 260 73 187 260 72 187 260 73 187 262 73 189
R’ 0.190 0.264 0.251 0.180 0.289 0.247 0.178 0.288 0.226 0.182 0.289 0.229
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Table 4.4: The price of acquired target CSR for firms that made single transaction in a fiscal year

This table present the results from the estimation of the following OLS regression:
0Crt—1
TAr—1

YB,T,t
TAri—1

where Y = Acqlntanl, Acqlntan2, Acqilntan3, GDWL. Acqlntanl is transacted goodwill plus all other acquired intangible assets. Acqlntan2 is
Acglntanl less both in-process R&D and patents. Acglntan3 is transacted goodwill plus work force and non-compete agreements. GDWL is the
transacted goodwill. 74 is book value of total assets. The sample consists of 131 completed M&A deals from 1990 to 2013 satisfying the criteria in
Table 4.1 and all the variables are as described in Appendix 2. Same- (Cross-) Industry are observations where the bidder and the target (do not)
share the same two-digit SIC codes. All dollar values are inflation-adjusted using July 2010 as the base year. All the variables are trimmed at the top

= ao + ,81CSR indexT,t_l + ﬁzCSR indexB’t_l + ﬁ3

+B4CASH + BsCARy + BePREMIUM + Yr FE + e 1,

and bottom 1%. Residuals are clustered by the target Fama-French 17-Industry classification and p-values are in parentheses.

Model Scaled Acqlntanl Scaled Acqlntan2 Scaled Acqlntan3 Scaled GDWL
Full Same- Full Same- Full Same- Full Same-
Industry Industry Industry Industry
Bi -0.488 -1.153 -0.185 -0.646 -0.189 -0.654 -0.189 -0.656
(0.541) (0.174) (0.640) (0.057) (0.612) (0.085) (0.614) (0.086)
B2 1.255 1.276 0.734 0.700 0.605 0.589 0.604 0.589
(0.008) (0.031) (0.000) (0.001) (0.000) (0.000) (0.000) (0.000)
Bs 0.273 0.522 0.188 0.388 0.156 0.327 0.156 0.327
(0.277) (0.086) (0.233) (0.027) (0.267) (0.080) (0.268) (0.081)
B4 0.270 -0.035 0.308 -0.082 0.155 -0.197 0.155 -0.198
(0.297) (0.905) (0.158) (0.759) (0.406) (0.501) (0.409) (0.503)
Bs -0.038 -0.075 -0.032 -0.061 -0.025 -0.050 -0.025 -0.050
(0.022) (0.059) (0.016) (0.041) (0.010) (0.110) (0.010) (0.112)
Bs 0.000 0.005 0.003 0.004 0.004 0.005 0.004 0.005
(0.950) (0.474) (0.552) (0.520) (0.435) (0.411) (0.441) (0.415)
o 0.000 -0.254 -0.044 -0.033 0.069 0.063 0.069 0.063
(0.999) (0.732) (0.918) (0.941) (0.851) (0.881) (0.851) (0.882)
Yr FE Yes Yes Yes Yes Yes Yes Yes Yes
N 102 77 102 77 102 77 103 78
R’ 0.203 0.312 0.201 0.297 0.192 0.277 0.198 0.283
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Table 4.5: Target CSR and profitability in the 1% fiscal year post-acquisition

This table presents the results from the estimation of the following OLS regressions:

OIBDPp,+4 . . 0Cr,—1 1
TB'LL -100 = ay + B1CSR lndexm_l + ,BZCSR mdexB,t + ﬁ3 TB”: + ﬁ4, TAB’t
OIBDPy

+p
; TAgt—1 +TA7 1

- 100 + Y7 FE + €544

OIBDP is operating income before depreciation and 74 is total assets. The sample consists of 94 completed
M&A deals from 1990 to 2013 satisfying the criteria in Table 4.1. All the variables are as described in
Appendix 2. Same-Industry are observations where the bidder and the target share the same two-digit SIC
codes. All dollar values are inflation-adjusted using July 2010 as the base year and are in billions of dollars.
All variables are trimmed at the top and bottom 1%. Residuals are clustered by the target Fama-French 17-

Industry classification and p-values are in parentheses.

Model ROAw
Full Same-
Industry
Bi 1.212 -2.765
(0.699)  (0.009)
B 2.019 2.163
(0.382)  (0.287)
B3 1.094 4.462
(0.555)  (0.012)
B4 0.147 -1.366
(0.884)  (0.114)
B;s 0.406 0.584
(0.027)  (0.000)
ao 7.127 2.466

(0.068)  (0.051)

Yr FE Yes Yes
N 86 65
R’ 0.481 0.743
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Table 4.6: The effect of target CSR on bidders’ CSR following acquisition

This table presents the results from the estimation of the following OLS regressions:
CSR indexg; — CSR indexg 1 = ag + f1CSR indexy 1 + foTAr -1 + P3TAp -1

+YrFE + e
CSR indexg ¢y — CSR indexpg 1 = ag + f1CSR indexr 1 + PoTAr -1 + B3TAp 1
+YrFE + &g

where CSRjp is the CSR index for the bidder. The sample consists of 94 completed M&A deals from 1990
to 2013 satisfying the criteria in Table 4.1. All the variables are as described in Appendix 2. Same-Industry
are observations where the bidder and the target share the same two-digit SIC codes. All dollar values are
inflation-adjusted using July 2010 as the base year and are in billions of dollars. All variables are trimmed
at the top and bottom 1%. Residuals are clustered by the target Fama-French 17-Industry classification and
p-values are in parentheses.

Model ACSRg ACSRB+1
Full Same- Full Same-
Industry Industry
Bi 0.220 0.236 0.164 0.287
(0.003)  (0.023)  (0.199)  (0.031)
B2 0.002 0.006 -0.005 0.011
(0.652)  (0.065)  (0.524) (0.077)
B3 -0.003 -0.002 0.003 -0.008
(0.130)  (0.365)  (0.560)  (0.039)
o 0.091 0.078 0.046 0.122

(0.004)  (0.068)  (0.443)  (0.016)

Yr FE Yes Yes Yes Yes
N 84 64 83 63
R’ 0.379 0.383 0.310 0.467

106



References

Aktas, N., E. de Bodt, and J. Cousin, 2011. Do financial markets care about SRI? Evidence from
mergers and acquisitions. Journal of Banking & Finance 35(7), 1753-1761.

Amiraslani, H., K. V. Lins, H. Servaes, and A. Tamayo, 2017. A matter of trust? The bond market
benefits of Corporate social capital. ECGI Working Paper Series in Finance wp535/2017.

Arrow, K.J., 1962. The economic implications of learning by doing. The Review of Economic
Studies 29(3), 155-173.

Atkeson, A., and P.J. Kehoe, 2005. Modeling and measuring organization capital. Journal of
Political Economy 113(5), 1026-1053.

Bahk, B., and M. Gort, 1993. Decomposing learning by doing in new plants. Journal of Political
Economy 101(4), 561-583.

Banker, R.D., R. Huang, and R. Natarajan, 2011. Equity incentives and long-term value created
by SG&A expenditure. Contemporary Accounting Research 28(3), 794-830.

Bens, D.A., W. Heltzer, and B. Segal, 2011. The information content of goodwill impairments and
SFAS 142. Journal of Accounting, Auditing & Finance 26(3), 527-555.

Bereskin F., S.K. Byun, M.S. Officer, and J. Oh, 2018. The effect of cultural similarity on mergers
and acquisitions: evidence from corporate social responsibility. Journal of Financial and
Quantitative Analysis 53(5), 1995-2039.

Berger P.G., and E. Ofek, 1995. Diversification’s effect on firm value. Journal of Financial
Economics 37(1), 39-65.

Betton, S., and B.E. Eckbo, 2000. Toeholds, bid jumps, and expected payoffs in Takeovers. Review

of Financial Studies, 13(4), 841-882

107



Betton, S., B.E. Eckbo, and K. Thorburn, 2008. Corporate takeovers, in B. E. Eckbo (ed).
Handbook of Corporate Finance: Empirical Corporate Finance, Vol. II, Amsterdam:
Elsevier/North-Holland, 291-429.

Black, S.E., and L.M. Lynch, 2005. Measuring organizational capital in the new economy, in C.
Corrado, J. Haltiwanger and D. Sichel (eds). Measuring Capital in a New Economy,
National Bureau of Economic Research and University of Chicago Press.

Cai, J., M.H. Song, and R.A. Walkling, 2011. Anticipation, acquisitions, and bidder returns:
industry shocks and the transfer of information across rivals. Review of Financial Studies
24(7), 2242-2285.

Carlin, B.L., B. Chowdhry, and M.J. Garmaise, 2012. Investment in organization capital. Journal
of Financial Intermediation 21(2), 268-286.

Chatterjee, S., and B. Wernerfelt, 1991. The link between resources and type of diversification:
Theory and evidence. Strategic Management Journal 12(1), 33-48.

Chauvin, K.W., and M. Hirschey, 1994. Goodwill, profitability, and the market value of the firm.
Journal of Accounting and Public Policy 13(2), 159-180.

Cheung, A., 2016. Corporate social responsibility and corporate cash holdings. Journal of
Corporate Finance 37. 412-430.

Coff, R.W., 2002. Human capital, shared expertise, and the likelihood of impasse in corporate
acquisitions. Journal of Management 28(1), 107-128.

Comment, R., and G.A. Jarrell, 1995. Corporate focus and stock returns. Journal of Financial
Economics 37(1), 67-87.

Copeland, T.E., and J.F. Weston, 1988. Financial theory and corporate finance. Reading: Addison

Wesley.

108



Corrado, C.A., and C.R. Hulten, 2010. How do you measure a “technological revolution”?
American Economic Review: Papers & Proceedings 100(2), 99-104.

Corrado, C., C. Hulten, and D. Sichel, 2005. Measuring capital and technology: an expanded
framework, in C. Corrado, J. Haltiwanger and D. Sichel (eds). Measuring Capital in the
New Economy, National Bureau of Economic Research and University of Chicago Press.

Corrado, C., C. Hulten, and D. Sichel, 2009. Intangible capital and U.S. economic growth. Review
of Income and Wealth 55(3), 661-685.

Custodio, C., 2014. Mergers and acquisitions accounting and the diversification discount. The
Journal of Finance 69(1), 219-240.

De, S., and D. Dutta, 2007. Impact of intangible capital on productivity and growth: lessons from
the Indian information technology software industry. The Economic Record 83, S73-S86.

Deng, X., J. Kang, and B.S. Low, 2013. Corporate social responsibility and stakeholder value
maximization: Evidence from mergers. Journal of Financial Economics 110(1), 87-109.

Denis, D.J., D.K. Denis, and A. Sarin, 1997. Agency problems, equity ownership, and corporate
diversification. The Journal of Finance 52(1), 135-160.

Eisfeldt, A. L., and D. Papanikolaou, 2013. Organization capital and the cross-section of expected
returns, The Journal of Finance 68(4), 1365-1406.

Eisfeldt, A.L., and D. Papanikolaou, 2014. The value and ownership of intangible capital.
American Economic Review: Papers & Proceedings 104(5), 189-194.

El Ghoul S., O. Guedhami, C.C.Y. Kwork, and D.R. Mishra, 2011. Does corporate social

responsibility affect the cost of capital? Journal of Banking & Finance 35(9), 2388-2406.

109



Enache, L., and A. Srivastava, 2018. Should intangible investments be reported separately or
commingled with operating expenses? New evidence. Management Science 64(7), 3446-
34609.

Falk, H., and L.A. Gordon, 1977. Imperfect markets and the nature of goodwill. Journal of
Business Finance & Accounting 4(4), 443-462.

Fama, E.F., and K.R. French, 1997. Industry costs of equity. Journal of Financial Economics
43(2), 153-193.

Faria, A.L., 2008. Mergers and the market for organization capital. Journal of Economic Theory
138(1), 71-100.

Fatemi A., I. Fooladi, and H. Tehranian, 2015. Valuation effects of corporate social responsibility.
Journal of Banking & Finance 59, 182-192.

Fuller, K., J. Netter, and M. Stegemoller, 2002. What do Returns to Acquiring Firms Tell Us?
Evidence from firms That Make Many Acquisitions. Journal of Finance 57(4), 1763-1793.

Gormley, T.A., and D.A. Matsa, 2014. Common errors: How to (and not to) control for unobserved
heterogeneity. Review of Financial Studies 27(2), 617-661.

Goss A., and G.S. Roberts, 2011. The impact of corporate social responsibility on the cost of bank
loans. Journal of Banking & Finance 35(7), 1794-1810.

Griffin J.J., and J.F. Mahon, 1997. The corporate social performance and the corporate financial
performance debate, Twenty-five years of incomparable research. Business & Society,
36(1), 5-31.

Hoberg, G., and G. Phillips, 2017. Conglomerate industry choice and product language.

Management Science 64(8), 1-21.

110



Hubbard, R.G., and D. Palia, 2002. A reexamination of the conglomerate merger wave in the
1960s: an internal capital markets view. The Journal of Finance 54(3), 1131-1152.
Hulten, C.R., and X. Hao, 2008. What is a company really worth? Intangible capital and the

“market to book value” puzzle. NBER Working Paper Series

Hund, J., D. Monk, and S. Tice, 2012. Apples to apples: the economic benefit of corporate
diversification. SSRN Working Paper 2023786.

Hyun-Han, S., and R. M. Stulz, 1998. Are internal capital markets efficient? The Quarterly Journal
of Economics 113(2), 531-552.

Jiao, Y., 2010. Stakeholder welfare and firm value. Journal of Banking & Finance 34(10), 2549-
2561.

John, K., and E. Ofek, 1995. Asset sales and increase in focus. Journal of Financial Economics
37(1), 105-126.

Lang, L.H.P., and R.M. Stulz, 1994. Tobin’s q, corporate diversification, and firm performance.
Journal of Political Economy 102(6), 1248-1280.

Lev, B., and S. Radhakrishnan, 2003. The measurement of firm-specific organization capital.
National Bureau of Economic Research WP 9581.

Lev, B., and S. Radhakrishnan, 2005. The valuation of organization capital, in C. Corrado, J.
Haltiwanger and D. Sichel (eds). Measuring Capital in a New Economy, National Bureau
of Economic Research and University of Chicago Press.

Lev, B., S. Radhakrishnan, and W. Zhang, 2009. Organization capital. Abacus 45(3), 275-298.

Li, K., B. Qiu, and R. Shen, 2018. Organization capital and mergers and acquisitions. Journal of

Financial and Quantitative Analysis 53(4), 1871-19009.

111



Lins, K.V., H. Servaes, and A. Tamayo, 2017. Social capital, trust, and firm performance: The
value of Corporate social responsibility during the financial crisis. The Journal of finance
72(4), 1785-1824.

Lustig, H., C. Syverson, and S. Van Nieuwerburgh, 2011. Technological change and the growing
inequality in managerial compensation. Journal of Financial Economics 99(3), 601-627.

Maksimovic, V., and G.M Phillips, 2002. Do conglomerate firms allocate resources inefficiently
across industries? Theory and evidence. The Journal of Financial 57(2), 721-767.

Maksimovic, V., and G.M. Phillips, 2013. Conglomerate firms, internal capital markets, and the
theory of firm. The Annual Review of Financial Economics 5(1), 225-244.

Margolis, J.D., H.A. Elfenbein, and J.P. Walsh, 2009. Does it pay to be good...and does it matter?
A meta-analysis of the relationship between corporate social and financial performance.
Harvard University Working paper.

Margolis, J.D., and J.P. Walsh, 2003. Misery Loves Companies: Rethinking Social Initiatives by
Business. Administrative Science Quarterly 48(2), 268-305.

Marshall, A., 1920. Principles of Economics: An Introductory Volume, 8" ed., London:
Macmillan.

Masulis, R.W., C. Wang, and F. Xie, 2007. Corporate Governance and Acquirer Returns. The
Journal of Finance 62(4), 1851-1889.

Matsusaka, J.G., 1993. Takeover motives during the conglomerate merger wave. The RAND
Journal of Economics 24(3), 357-379.

McGrattan, E.R., and E.C. Prescott, 2010. Technological capital and the US current Account.

American Economic Review 100, 1493-1522.

112



Meyer, M., P. Milgrom, and J. Roberts, 1992. Organizational prospects, influence costs and
ownership changes. Journal of Economics & Management Strategy 1(1), 9-35.

Morck, R., and B. Yeung, 2002. Why firms diversify: internalization vs. agency behavior, in Hand,
John and B. Lev (eds). Intangible Assets, Oxford Management Reader Series, Oxford
University Press.

Nelson, R.H., 1953. The momentum theory of goodwill. The Accounting Review 28(4), 491-499.

Peters, R.H., and L.A. Taylor, 2017. Intangible capital and the investment-q relation. Journal of
Financial Economics 123(2), 251-272.

Petersen, M.A., 2009. Estimating standard errors in finance panel data sets: comparing approaches.
The Review of Financial Studies 22(1), 435-480.

Prakash, R., R. Ravi, and R. Zhao, 2017. The anatomy of a socially responsible corporation.
Financial Management 46(1), 33-58.

Prescott, E.C., and M. Visscher, 1980. Organization capital. Journal of Political Economy 88(3),
446-461.

Rajan, R.G., H. Servaes and L. Zingales, 2000. The cost of diversity: the diversification discount
and inefficient investment. The Journal of Finance 55(1), 35-80.

Ranft, A.L., and M.D. Lord, 2000. Acquiring new knowledge: the role of retaining human capital
in acquisitions of high-tech firms. The Journal of High Technology Management Research
11(2), 295-319.

Roll, R., 1986. The hubris hypothesis of corporate takeovers. Journal of Business 2(1), 197-216.

Rosen, S., 1972. Learning by experience as joint production. The Quarterly Journal of Economics

86(3), 366-382.

113



Scharfstein, D.S., and J.C. Stein, 2000. The dark side of internal capital markets: divisional rent-
seeking and inefficient investment. The Journal of Finance 55(6), 2537-2564.

Schipper, K., and R. Thompson, 1983. Evidence on the capitalized value of merger activity for
acquiring firms. Journal of Financial Economics 11, 85-119.

Servaes, H., 1996. The value of diversification during the conglomerate wave. The Journal of
Finance 51(4), 1201-1225.

Servaes, H., and A. Tamayo, 2013. The impact of corporate social responsibility on firm value:
the role of customer awareness. Management Science, 59(5), 1045-1061.

Smith, A., 2014. Fortune 500 companies spend more than $15bn on corporate responsibility.

Retrived from https://www.ft.com/content/95239a6e-4fe0-11e4-a0a4-

00144feab7de?ftcamp=published links/rss/home_uk/feed//product

Stein, J.C., 1997. Internal capital markets and the competition for corporate resources. The Journal
of Finance 52(1), 111-133.

Tronconi, C., and G. Vittucci Marzetti, 2011. Organization capital and firm performance.
Empirical evidence for European firms. Economics Letters 112, 141-143.

Tsoutsoura M., 2004. Corporate social responsibility and financial performance. UC Berkeley
working paper series.

Weston, J., M.L. Mitchell, and J.H. Mulherin, 2003. Takeovers, Restructuring, and Corporate
Governance 4" Edition. Pearson Prentice Hall.

Wooldridge, J.M., 2003. Introductory Econometrics A Modern Approach 2E. Thompson South-

Western.

114


https://www.ft.com/content/95239a6e-4fe0-11e4-a0a4-00144feab7de?ftcamp=published_links/rss/home_uk/feed//product
https://www.ft.com/content/95239a6e-4fe0-11e4-a0a4-00144feab7de?ftcamp=published_links/rss/home_uk/feed//product

Appendix 1. Econometric Appendix

In this section, I show the econometric rationale for hand-collecting goodwill from annual
reports. The econometric approach is based on the Measurement Error in an Explanatory Variable
in Chapter Nine of Wooldridge (2003). Please refer to Wooldridge (2003) for further details about
measurement error in an explanatory variable.

One of the objectives of this paper is to study whether bidders pay for target OC in M&A
deals. I do this by regressing the goodwill paid to targets’ shareholders on acquired targets’ OC
(both of which are scaled by total assets) and including control variables. Goodwill, an item on the
balance sheet, is available from the Compustat database. Since goodwill is reported once per year,
I compute the change in goodwill from one fiscal year to the subsequent fiscal year to determine
the flow of goodwill. This change in goodwill represents the aggregate goodwill, net of
impairment, acquired by the bidder in that fiscal year. If I add impairment (also available on
Compustat) back to the change in goodwill, I obtain the gross aggregate goodwill acquired. I use
the term aggregate since bidders may make multiple acquisitions in a fiscal year. Thus, the gross
aggregate change in goodwill is the sum of all acquired goodwill during that fiscal year. For each
bidder, I can use the following regression, ignoring scaling and the control variables for simplicity,

to perform this study:

AGDWLB,LL = afo + ﬁl - A,gg_OCB,t + SB,t (Al)

where AGDWLg,1s the gross aggregate change in goodwill for bidder B, in the fiscal year ¢. Since
the dependent variable is an aggregated variable, I should aggregate the OC of all targets acquired
by the bidder in that particular fiscal year. Hence, Agg_OCg; is the sum of all acquired targets’

OC by bidder B during that fiscal year .
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Agg OCg; = XT=1 OCrt—q (A2)

In the above equation, OCr _; is the OC of target T prior to the acquisition made by bidder
B in year t. I can assume that A1 satisfies the traditional Gauss-Markov assumptions, meaning that
OLS produces unbiased and consistent estimators. OCr;_; can be from a public target (OCr pypiic)
or a private target (OCr pripate), and Agg_OCg, can be any combination of OCr pypiic—1 and

OC7 private,t—1- Thus, A2 can be written as:

Agg—OCB,t = 25"120 OCT,public,t—l + ZTleo OCT,private,t—l (A3)

While I can compute the OC of public targets, I cannot do so for private targets since the
data is not publicly available. As a result, I cannot compute Agg_OCp + because I cannot compute

OCr private- Substituting A3 into Al generates the following:

AGDWLB,t = Qy + Bl ’ [Z?zo OCT,public,t—l + 2?20 OCT,private,t—l] + Ept (A4)
A4 is equivalent to:

AGDWLg: = apg+ By [Zrleo OCj,public,t—l] + Uup: (A5)

where Up: = p1- [Z;"lzo OCT,private,t—l] + Ept (A6)

If T use AS instead of Al, there will be an error in independent variable issue whenever a
bidder makes acquisitions of private targets. The error would result from using only the observed
portion of the independent variable (X7 OCr pupiic,c—1) and excluding the unobserved portion of
the independent variable (X750 OCr privatet—1)- Usually, in the case of error in independent

variable, the assumption is that the expected value of the difference between the observed

independent variable and the unobserved independent variable is zero. In the current situation, this
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difference is Y.7>0 OCr private,c—1 and cannot be assumed to be zero since public bidders do acquire
private targets and private targets do have OC.

Earlier, I assumed that ¢p satisfies the zero-mean condition assumption of OLS. However,
I cannot make the same assumption for up, since I do not know the correlation between
2720 OCr puptict—1 and X750 OCr private,—1- Based on the above arguments, the expected value

of up conditional on the independent variable is:
E[UB|Z¥20 OCT,public,t—l] =E[(es + Z?zo OCT,private,t—1)| Z?zo OCT,public,t—l] (AT)
Since E[e] = 0 and it satisfies the zero-conditional mean assumption, A7 becomes:
E[X720 OCrprivate,t—112720 OCr pubtic,t-11 # 0 (A8)

This is a violation of the zero-conditional mean assumption, meaning the estimated £; from AS is
a biased estimator of f; from A1l. Moreover, if [ use A5, I can show that the estimated coefficient

is not equal the true coefficient as follows:

,é _ ﬁ + ,B . Covarianw(?.?zo OCT publict-1 +2¥20 OCT,private,t—l) (A9)
1= P1 1 ;
Variance (z#zo OCT.public,t—l)

where f,is the estimated coefficient from A5 and f; is the true coefficient from Al. Therefore,
using A5 leads to a biased and inconsistent OLS estimator. I can also show that the variance of u
is larger than the variance of ¢.

One way of solving this issue is to use observations where the bidder made only public
acquisition(s) in any particular fiscal year. Doing so eliminates the unobserved portion of the
independent variable. Alternatively, I can limit the sample to observations where the bidder made
only one acquisition in a fiscal year and this target is a public company, thereby enabling me to

use deal-level regressions instead of bidder-level regressions. While doing so leads to a smaller
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sample, it also leads to a more meaningful coefficient of OC in the regression for the following
reasons: (1) it preserves the variation in the data since I can use all the data points from each
transaction and I do not have to aggregate OC, and (2) it allows for differentiation between within-
industry and cross-industry transactions. A third approach to solve the error-in-independent
variable problem is to use deal-level regressions and hand-collect the amount of goodwill paid by
the bidder for each public target from the annual report. Under this scenario, the dependent variable
is the goodwill paid to the target shareholders and the variable of interest is the OC of that particular
target. This third approach is superior relative to the other two methods and thus is the approach

employed in this study.
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Appendix 2. Variable Definitions

All dollar values are inflation-adjusted using July 2010 as the base year, and are in billions of dollars. All
variables are trimmed at the top and bottom 1%. Subscript B is for the bidder, T is for the target, and time ¢
is the fiscal year during which the transaction was completed. #-/ is the fiscal year prior to the completion
of the transaction, ¢+ is the fiscal year following the completion of the transaction, and #+2 is the second
fiscal year following the completion of the transaction.

Variable Definition Data Source(s)
Acqlntanlpr; Acquired goodwill (GDWLgr,) plus all acquired Hand-collected from
intangibles assets recorded in the M&A deal such as annual reports
other intangibles, in-process R&D, work force,
trademark, etc.
Acqlntan2p 1, Acqlntanlpr, less both in-process R&D and patents. Hand-collected from
Acqlntan? is acquired intangible assets not related to annual reports
R&D expenses.
Acqlntan3p 1, Acquired goodwill (GDWLg 1) plus work force and Hand-collected from

Asset Turnovers,

CARp

CASH

CSR index

D-H'4

D-H'2

non-compete agreements. Acglntan3 1is acquired
intangibles assets related to human capital.

SALEB,[/TAB,[.I

Cumulative announcement abnormal return (CAR) of
the bidder, in percentage, for the three days around the
acquisition announcement date. The market model is
use to estimate the abnormal stock return. The equally-
weighted CRSP market return is used to estimate alpha
and beta of the market model.

A dummy variable which takes the value of 1 for 100%
cash-financed deals and 0 otherwise.

The CSR index is made using data from the following
five categories: community, diversity, employment,
environment, and human rights. For each category, I
aggregate the number of strengths (concerns) then I
divide the aggregated number by the maximum
possible number of strengths (concerns). Next, I
subtract the scaled concerns number from the scaled
strengths number and this results in five indices. The
CSR index is the sum of each of the five indices.

A dummy variable which takes the value of 0 when H
'4 is zero and 1 otherwise (diversified).

A dummy variable which takes the value of 0 when H
!2is zero and 1 otherwise (diversified).

annual reports

Compustat

A7)

CRSP and SDC

(Sale,

SDC

KLD dataset

Compustat Segment
Data

Compustat Segment
Data
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D-U4

D-U2

GDWLg 1

H'4

[ndustn & Yr FE

Indusgri7Yr &firm FE

ME

OCsm),

A dummy variable which takes the value of 1 when the
number of unique four-digit SIC code segments
reported is more than one (U4>0) and zero otherwise.

A dummy variable which takes the value of 1 when the
number of unique two-digit SIC code segments
reported is more than one (U2>0) and zero otherwise.

Goodwill paid and recorded by bidder B to acquire
target T for the deal completed in year ¢ as per the
bidder’s annual report.

The reciprocal of the ratio of segment sales based
Herfindahl minus one, except that segment sales are
first aggregated into four-digit SIC code and therefore
each segment sales represents a unique four-digit SIC
code industry. When H'4 is zero, the firm reported
sales are from a single four-digit SIC code industry and
is therefore non-diversifying. As H'4 increases, the
firm becomes more diversifying and has sales in
multiple four-digit SIC code industry.

The reciprocal of the ratio of segment sales based
Herfindahl minus one, except that segment sales are
first aggregated into two-digit SIC code and therefore
each segment represents a unique two-digit SIC code
industry. When /2 is zero, the firm reported sales are
from a single two-digit SIC code industry and is
considered non-diversifying. As H'2 increases, the
firm becomes more diversifying and has sales in
multiple two-digit SIC code industry.

Fama-French 17-Industry classification and year fixed
effects (FE).

Fama-French 17-Industry classification by year and
firm fixed effects (FE).

Market value of equity at the end of fiscal year:
CSHO*prcc_f

1 SG&Ap(TY
0Cg(r)t = (1 — Deproc)OCpry -1 + iy and
SG&A _

O0Cp(ry,0 = W_TI;(TT:;, where SG&Ap )1 1s the firm’s
first positive SG&A expenses. Depr,. is OC

depreciation rate set to 15%, and g is the average real
growth rate set to 10% following Eisfeldt and
Papanikolaou (2013).

Compustat Segment
Data

Compustat Segment
Data

Hand-collected from
annual reports

Compustat Segment
Data

Compustat Segment
Data

Kenneth French Data
Library and CRSP

Kenneth French Data
Library and CRSP

CRSP
prce_f)

(CSHO,

Compustat (XSGA);
CPI from Federal
Reserve Bank of St
Louis website
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OChnetr,

OIBDP

PREMIUM

ROAp;

Sale

Sales Growthsm,
Scaled GDWL
Scaled AcqIntanl
Scaled AcqIntan?2
Scaled Acqlntan3
Scaled OC
Scaled Bidder OC
Scaled OCnet
SG&A

T4

U4

U2

Same as OCr; above except that I replace SG&Ar; by
SG&A[; — R&D]j; *Adverll.Sl'f’lgT,t.

Operating income before depreciation

[(Initial offer price/target stock price 60 days prior to
announcement) - 1]x100

(OIBDPB,t/TAB,t.d x100

Sales

[(Salepr) — Salepm),r-1))/Salesr),.1] X100
GDWLp1/TAr-1

Acqlntanlpr/TAt:-1

Acqlntan2p 1./TAr-1

Acqlntan3pr/TAt-1

OCT,t-[/TAT,t-I

OCB, t-I/TAB,z-I

OCnetr,H/TAr,t_;

Selling, general, and administrative expenses

Book value of total assets

The number of unique four-digit SIC code segments
reported minus one. When U4 is zero, the firm operates
in a single four-digit SIC code industry and is defined
as non-diversified. When U4 is zero the firm can still
operates multiple segments but all the segments are in
the same four-digit SIC code industry.

The number of unique two-digit SIC code segments
reported minus one. When U2 is zero, the firm operates
in a unique two-digit SIC code industry and is defined
as non-diversified. When U2 is zero the firm can still

operates in multiple segments but all the segments are
in the same two-digit SIC code industry.

Compustat (XSGA,
XRD, XA4D), CPI
from Federal

Reserve Bank of St
Louis website

Compustat (OIBDP)
SDC and CRSP
Compustat (OIBDP,
AT)

Compustat (SALE)

Compustat (SALE)

Compustat (XSGA)
Compustat (47)

Compustat Segment
Data

Compustat Segment
Data
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